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Abstract

The main subject of this thesis is to analyse various discretisations schemes for the stochastic
Navier-Stokes equations on bounded two and three dimensional domains.

The motivation for this numerical analysis is twofold: First this is an important model
problem which combines algebraic constraints, non-Lipschitz nonlinearity, and stochastic forcing.
The methods developed for this model problem may be applied to a wide range of nonlinear
stochastic partial differential equations driven by a Wiener noise.

Second, these methods may be used in applications. Such a system has been introduced
to better understand turbulence phenomena, well posedness of the deterministic problem and
random fluctuations in hydrodynamic models. It may be used to model relevant physical phe-
nomena, such as turbulence.

In the first part of this thesis, we address the finite element based approximation of weak
martingale solutions in two and three dimensions, i.e., a system consisting of a filtered probability
space, a Wiener process on it, and a solution to the equations. The discretisation is conceived
such that all the elements of the system are constructed using continuous perturbations of the
discrete iterates, and convergence without rates for subsequences of approximating solutions is
proved. Moreover we show the same convergence properties for a scheme which uses general
random variables to approximate the time increments of the stochastic forcing. In the two-
dimensional case, thanks to a local monotonicity argument, the same scheme with Wiener process
increments is shown to produce iterates that converge towards the unique strong solution.

In the second part of this thesis, we study the convergence properties of projection based
splitting schemes applied to the unsteady stochastic Stokes equations. In this simplified setting,
we observe that the Lagrange multiplier affects the convergence behavior of the scheme, due to
its irregularity This motivates the introduction of a new discretisation scheme, which is stable
under this irregularity. Finite element discretisations are also considered, and their convergence
proved.

In the third part of the thesis, we consider implicit Euler based approximation schemes for
the two-dimensional stochastic Navier-Stokes equations with periodic boundary conditions, and
study convergence with rates. Due to the non-Lipschitz character of the nonlinearity, we prove
convergence only on a set with probability arbitrarily close to one for the proposed schemes in
a general setting. However, for additive noise we show convergence on the whole realisation
space for the time discretisation. Finite element approximations for the corresponding time
discretisations are considered, and convergence analysed.

All the parts are concluded with simulations to illustrate the convergence results, and com-
pare the efficiency of the different discretisations.
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Zusammenfassung

Die Zielsetzung dieser Arbeit ist die Analyse von Diskretisierungen der stochastischen Navier-
Stokes Gleichungen auf beschrankten, zwei- und dreidimensionalen Gebieten.

Die Motivation fiir diese numerische Analysis ist zweifach: Zum einen sind die Gleichun-
gen ein wichtiges Modellproblem, das algebraische Nebenbedingungen mit einer stochastischen
Kraft und einer Nichtlinearitét, die nicht Lipschitz ist, kombiniert. Die hier entwickelten Meth-
oden konnen auf andere dhnliche nichtlineare stochastische Partielle Differentialgleichungen
angewandt werden. Zum anderen sind diese Methoden fiir praktische Anwendungen wichtig.
Die hier betrachteten Gleichungen dienen Dazu, turbulente Stromungen, Wohlgestelltheit des
entsprechenden deterministischen Problems und zuféllige Schwankungen in hydrodynamischen
Modellen besser zu verstehen.

Im ersten Teil der Arbeit wird die auf finiten Elemente basierte Approximation schwacher
Martingallésungen in drei Dimensionen betrachtet. Dies sind Systeme, die aus drei Bestandteilen
bestehen: einem filtrierten Wahrscheinlichkeitsraum, einem Wienerprozess und einer Losung der
Gleichungen. Die Diskretisierung ist so konstruiert, dass alle Elemente des Losungssystems unter
Anwendung stetiger Stérungen der diskreten Iterationen konstruiert werden kénnen. Konver-
genz ohne Raten wird hierfiir gezeigt. Zusétzlich werden fiir dieses Schema mittels allgemeiner
Zufallsvariablen, die die Zeitinkremente der stochastischen Kraft approximieren, dhnliche Kon-
vergenzeigenschaften gezeigt. Fiir zweidimensionale Gebiete konvergiert dasselbe Schema gegen
die eindeutige starke Losung, was unter Verwendung lokaler Monotonie gezeigt wird.

Im zweiten Teil werden Konvergenzeigenschaften von Projektionsverfahren studiert, die auf
die instationdren stochastischen Stokes Gleichungen angewandt werden. In diesem vereinfachten
Zusammenhang wird untersucht, welchen Einfluss die Irregularitdt des Lagrange Multiplikator
auf die Konvergenz hat. Hierzu wird auch die Konvergenz der finite Elemente Diskretisierung
gezeigt.

Im dritten Teil der Arbeit werden Schemata fiir die zweidimensionale Navier-Stokes Gle-
ichungen mit periodischen Randbedingungen untersucht, die auf finiten Elementen und dem im-
pliziten Eulerverfahren basieren, und eine Konvergenzanalyse mit Raten durchgefiihrt. Da die
Nichtlinearitdt nicht Lipschitz ist, kann Konvergenz im Allgemeinen nur bis auf eine Menge mit
beliebig kleiner Wahrscheinlichkeit gezeigt werden. Im Falle additiven Rauschens wird dennoch
Konvergenz auf dem ganzen Realisierungsraum fiir die Zeitdiskretisierung gezeigt. Dazu wird
auch die finite Elemente Approximation betrachtet, und die Konvergenzanalyse fiir verschiedene
Fille durchgefiihrt.

In den jeweils anschliessenden Simulationen wird das Konvergenzverhalten der vorgestellten
Algorithmen gezeigt und deren Leistungen verglichen.
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Chapter 1

Introduction

1.1 Stochastic Navier-Stokes Equations

We consider the system of equations describing the motion of incompressible fluids subject to
a random force in a bounded polygonal domain D C R? d = 2,3. Let P = (Q, F,F,P)
be a stochastic basis, i.e., a complete probability space (£, F,P), together with a filtration
F = {F}i>0 satisfying the usual assumptions, and F; C F for all ¢ > 0. We assume that
W ={W(t); t € [0,T]} is a Wiener process that takes values in a suitable Hilbert space. Then
we look for a random velocity vector field u : Dy x @ — R? and a random pressure scalar field
7 : Dy x 0 — R such that

(L.11) - vAu+[u-Vlju+Vr=f+guW inDrxQ,
o divau=0 in Dp x Q,

where Dy := (0,7) x D, and the dot above u and W indicates the distributional derivative with

respect to the variable ¢. This equations are supplemented with the initial condition

(1.1.2) u(0,:) =up in D,

and with homogeneous Dirichlet or periodic boundary conditions. Depending on the type of
initial condition (random variable or deterministic function), we will specify in each situation
studied later in which sense equality (1.1.2) has to be understood. Here, f : Dy — R? is
an external force, and g is a strongly continuous operator valued map with linear growth. Its
additional properties will be specified later, depending on the kind of problem we are considering.
The above equations are known as the stochastic Navier-Stokes equations (briefly SNSEs), and
may also be given in differential notation

du+ (—vAu+[u-Vlu+Vr)dt = fdt+g(u)dW,
divudt = 0.

Setting g = 0, we obtain the deterministic Navier-Stokes equations (NSEs), which are used
to describe the motion of an incompressible fluid in the domain D subject to the external force f.
This model was introduced by the French physicist C.LL.M.H. Navier in 1822 and by the British
mathematician G.G. Stokes in 1845 independently (it is worth noticing that also Poisson in
1830 and Saint-Vénant in 1843 derived these equations). The first proofs of the well-posedness
of the problem appeared in the works of Odqvist [105] and of Leray [94, 95|, while Hopf was
the first to give a probabilistic description of fluid flows, obtaining in [73| the equation for the
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characteristic functional of the statistical solution®. Since then, the problem has been widely

studied from both, the physical and mathematical point of view, and despite these efforts, there
are still many open question of mathematical and physical nature. Actually, the most important
problem is the question about the uniqueness of a weak solution in three space dimensions
and the existence of global smooth solutions. Other open questions regard e.g. the analysis of
singularities that may arise, or the full understanding of turbulent phenomena. Beyond the
analytical studies, the development of computational methods for the NSEs has become another
focus of the highest priority for the application of the mathematical theory. In particular, one
of the main challenges is the efficient simulation of flows in turbulent regimes, which is crucially
connected with the full understanding of turbulent phenomena. In this context, the introduction
of a stochastic forcing (g # 0) in (1.1.1) is an extension of the original model, and is meant to
be a complementatory model to the NSEs, which may represent a helpful tool in the statistical
description of turbulence, thanks to some additional properties of the corresponding solutions.
For example, the two-dimensional SNSEs have a unique invariant measure, hence exhibit ergodic
behavior in the sense that the time average of a solution is equal to the average over all possible
initial data: see [47]. Despite continuing efforts of many scientists during the last three decades,
such a property, which could lead to profound understanding of the nature of turbulence, has
not yet been proved for the deterministic equations.

From a mathematical point of view, the introduction of the noise is intended to recover
properties that are not valid for the corresponding deterministic problem. In this direction, an
important tool arising from the stochastic model (1.1.1) is that of stationary solution, namely
a solution that is a stationary process, and thus its joint distribution is independent of the
time. In general, the concept of stationary solution is useful for the quantitative knowledge of
the statistics of the stationary regime of a turbulent flow, see [44, Remark 3.4|. In the specific
case of the SNSEs, it is possible to show the existence of stationary solutions ug, see e.g. [46,
Section 4| that satisfy an energy inequality in a mean sense. As a consequence of the stationarity,
the expectation of the solution is independent of the time, hence there holds

E [/ ‘Vusmt(t,x)fdx < 00
D
for all £ > 0. This implies that

/ ‘Vusmt(t,xﬂ2 dx < o0
D

for all £ > 0 and for almost every realisation of the noise. A corresponding property for the
three-dimensional deterministic problem, where it would imply uniqueness, does not hold.

Another fact that makes SNSEs interesting, is that in general a stochastically forced model
may lead to uniqueness results which are not available for the deterministic case at the moment.
To support this opinion, we recall that there exist examples of ordinary differential equations
which lack of uniqueness, e.g.,

du(t) = /|u(t)|dt, u(0)=0,

but the same equation perturbed by a real-valued Wiener process W

du(t) = /[u®)|dt + dW(t), w(0) =0,

!The functional is given by
®:[y] = (expli(u(t),y)])
where (-,-) denotes the L? scalar product, u is the velocity vector field, and (-) denotes the average over all
possible initial data. This functional is a tool to conveniently describe the probability distribution of u and its
correlation moments (the latter by means of variational derivatives of the functional).
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has a unique solution for almost every realisation of the noise. A similar remarkable result, but
more related to stochastic hydrodynamics is obtained in [4] for the dyadic model

AdXn () = (kn1 X7 1 (t) — kn Xy () Xna1(t)) dt >0,

(1.1.3) X0 s

for n > 1 with &k, > 0, Xo = 9 = 0 and {2, }n>1 square summable. This model shares some
properties with the stochastic Euler equations (v = 0 in (1.1.1)), like the quadratic nonlinearity,
and the fact that the energy is (formally) constant, namely

Y XAt)=C>0.
n=1

It is known, see [5], that for this model there are initial conditions such that there exist at least
two solutions with continuous components on some interval [0,T]. Let {W,,}5°; be a family of
independent i.i.d. real valued Wiener processes, and o denotes the Stratonovich noise; see the
(1.2.2) for its meaning. If stochastic perturbation of the form

Ukn_an_l(t) 9} de_l(t) — Ukn+1Xn+1(t) o) de(t) g 7& 0,

is added to problem (1.1.3), uniqueness in law of the solution on the space C([0, T]; R)N can be
shown for every initial data.

It is worth noticing that in [10]|, the author derives a model for turbulence driven by a
fast unidirectional flow. The most important properties for this model are the existence and
uniqueness of an invariant measure, which is then used to prove the scaling laws conjectured by
Kolmogorov in [82], proved under the assumption of additive noise as external body force.

Turning to a physical point of view, the idea to study NSEs using additional stochastic terms
mainly originates from the modeling of small fluctuations. This idea appears in [91, Chapter 17],
where the authors consider the classical balance laws for mass, energy and momentum forced
by a random noise, to describe the fluctuations, in particular local stresses and temperature,
which are not related to the gradient of the corresponding quantities. The authors then derive
correlations for the random forcing by following the general theory of fluctuations; see [90,
Chapter 12|. In a different framework, Kolmogorov conjectures the use of randomly forced
equations for turbulent flows, see [83|, and since then, lots of model involving the Navier-Stokes
equations and a stochastic forcing have been introduced and studied. A first method to justify
the noise in the SNSEs is to consider the randomly forced NSEs as Langevin equations as in
the classical theory of noises; see [127]. In fact, the random force method in the Lagrangian
description (when the motion of a system of fixed liquid particles is traced) of turbulence was
proposed in [103] to statistically describe the motion of fluid particles in turbulent flows. More
precisely, Langevin stochastic equations, because of the analogies that the author finds between
turbulence and molecular statistics, see [93, 107, 108], are used to describe the (relative) motions
{u;}i>1 of the fluid particles, i.e.,

uz(t) = —)\ui(t) + Zi(t) ,

where z; is the random force (gaussian white noise) and A > 0. This method is then naturally
generalised in [104] to the Euler description of turbulence, i.e. a description of the velocity field
u(t, x), leading to the NSEs with a random forcing term like in (1.1.1).

A second way to justify the random forcing is the Markovian random coupling model intro-
duced in [49], which is a slight modification of the stochastic model introduced by Kraichnan in
[87] for the random oscillator. The main idea from [49] consists in considering, instead of a single
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set of Navier-Stokes equations, a family of N sets of equations for N turbulent flows {Vj}j—V: 1
that are coupled through the nonlinear terms [vj ~V] v;. It is assumed that the quadratic terms
fluctuate around their means p; = E [[vj . V] Vj] as follows

N
1
Vi VIvi=mi+ 5 > vmlve-Vivi,
k=1

where the coupling coefficients {fyjkl(t)}éyk 1= are independent, identically distributed, centered
gaussian white noises symmetric with respect to j, k and [. Thus we get the system

N
1
dvj + (= vAV) +py + V) dt + > (Vi VIvi) o dzjry = Q/2dW,
k=1

diVVj = 0,

supplied with some initial condition, with i.i.d. central white noises {dzjkl}gm:l and a Wiener

process W. The random forcing Q'/2dW is needed to ensure the existence of stationary solu-
tions. Note that the system is “doubly” stochastic, in the sense that additionally to the stochastic
forcing Q'/2dW there are the random coupling coefficients {dzjkl(t)}é\,[k,lzl' This model is the
motivation for the first rigorous analytical study of the SNSEs by Bensoussan and Temam in
[8]. This model is also studied in [34, Section 4], but from the point of view of the characteristic
functional.

1.2 Derivation of the model and existence results

To end the discussion about the modeling aspects related to the equations studied in the present
work, we consider a general model for turbulence rigorously derived in [99, 100] and reported
here for the sake of completeness. Let 3 := (Q, F ,IF,IP’) be a stochastic basis. We assume that
all the random fields are regular enough to justify the manipulations below, and we work with
scalar valued Wiener processes, to simplify the mathematical setting. We assume that the fluid
we are dealing with is newtonian. Similarly to the random force method introduced in [103], for
a real valued Wiener process W1 on 8 we assume that the fluid particle motion is described by
the Stratonovich stochastic equation

(1.2.1) dn(t,x) = u(t,n(t,x)) dt + o (t,n(t,x)) o dWy, n0(0,x)=x¢€ R?,

where u : [0, T] x R? x Q — R? is an unknown random field, o : [0, T] x R? x © — R? is a given
non-random function. The idea of decomposing the velocity into a slow and a fast oscillating
part has often been used in the study of turbulent flows. The interest in flows of the form (1.2.1)
originates from recent developments in modeling a turbulent flow by a generalised Gaussian
random field with zero mean and a special covariance function, see [100, Introduction]|, following
the seminal work of Kraichnan on turbulent transport [88], and then developed in [55, 51]. We
assume that for every fixed t > 0 the map n(t, -) : R? — R% is a diffeomorphism; see [116, Section
5.2] for the necessary assumptions. Here is

(12:2) olt,n(t, ) o AWy = Jfo(t.n(t, ) - Vo(t.n(t, )t + a(t,n(t, ) W1

Let W5 be another real valued Wiener process on 3, independent of Wi, and assume that the
random field u has the following form

(1.2.3) du(t,) = a(t, ) dt + B¢, -) AWy +(t,) AWz,



1.2. DERIVATION OF THE MODEL AND EXISTENCE RESULTS 5

where a : [0,7] x R x Q — R% B:[0,7] x R x Q@ — R% and 7 : [0,T] x R? x Q — R are
unknown random fields adapted to the filtration generated by the processes Wi and Wsy. To
have the incompressibility of the fluid characterised by (1.2.1), we need that n(t,-) : R* — R? is
volume preserving for every ¢ € [0, 7]. This holds if and only if

(1.2.4) divu(t,-) =divy(t,-) =0 (t>0),

together with the assumption of Stratonovich noise in (1.2.1); see [100, Remark 1]. To see this
it is necessary to derive an equation for the Jacobian of i, and adapt the computations from
[33, Section 1.1] to the stochastic setting. Now, to derive the equations for the velocity field u
we apply Newtonian mechanics to the velocity field

U(t,) =u(t,-)dt +a(t,) odW,

in order to find the equations for the balance of momentum and mass. Consequently, because of
the Newton second law together with (1.2.1), for the total force F(¢,n(t,-)) applied to the fluid
particle with trajectory n(t,-) there holds

(1.2.5) d(dn)(t,-) =F(t,n(t,)),

where we assumed that the mass density is 1. This implies

T T
/0 S(OF(t,n(t, ) dt = — /0 d(D)a(t,n(t, ) o Wy (t / é(t) du(t,n(t, )

for all smooth functions ¢ with compact support on R. By the It6-Wentzell formula [116,
Theorem 1.4.9] together with (1.2.2)

d
du(t,n(t, ) = ([ultn(t)- VIu( 3 it o ()

+ 3 [lot.n(t. ) - Vios (Lt s, (0, )] )dt
j=1

+a(ta(t, )t + (lo(tn(t, ) - VIultn(t,) + BEn(t, ) dIv;
+’Y(t’n(tv )) dWs + [U(t’n(tv ) ’ v]ﬂ(tvn(t’ )) de.

We assume that there exist given random fields d, f, q and h, from [0, 7] x R? x Q to R?, such
that

T T T
/ SR, )dl = — / S()d(t,-) o AW + / 6(8) (E(t,) dt + q(t, ) AW, + h(t,-) dWy).
0 0 0

The random fields d, f, q and h will be specified below. We use the invertibility of 9(t, -), and
matching the similar terms we arrive at

d
du(t,) = ([u(t,")V 2 e, (12 ) (£, 0( )
j=1

+a(t,)dt + ([o(t, ) - V]u(t, )+ B(t, -)) AWy + (¢, ) dWs .
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First, we observe that for A; ;(t,-) := o4(t,-)o;(t, ) we have

d n

d
Z (Aid (t )ul’z Z uwﬂy )Uj(tv ) + Z [[O'(t, ) ’ V]Uj(ta ‘)uxj (tv )] )

j=1
since u is divergence-free. After some algebraic manipulations, we get

'Y(t7 ) = h(t7 ) ’ ﬁ(t, ) = _[0(t7 ) ’ V]u(t, ) + q(t7 ) )

a(t,)) = [o(t,-)-VIB(t,-) —[u(t,-) - V]u(t,-) +div (A(t,)Vu(t, ) + £, ),
which results in the equations

d

du(t,) =( Y (At )us (1), — [ult,) - Viu(t,) + o) - Viatt,) ) de
(1.2.6) ij=1
Now, we precise the random fields f, q and h. We assume that the fluid is viscous, and following
the derivation of the Navier-Stokes equations in [33, Section 1.3|, we note that (1.2.1) corresponds

to the velocity field U(¢,-). Consequently, by the usual assumptions on the stress tensor for
Newtonian flows, see 33, Page 32|, we obtain that the stress tensor has the form

(1.2.7) T(t,) = 5 (VUL ) + [VU)]T)

with the kinematic viscosity v > 0. Hence, for a surface S in the fluid, the total force exerted
across the surface S per unit area at x € S at time ¢ is given by

—7(t,x)In(x) + [T(t,x) + G(t,x)|n(x),

where G is the external body force, 7 is the pressure, n(x) is the outer normal at the point
x € 0S8 and I € R¥? is the identity matrix. By the divergence theorem we obtain that the total
force is given by

—Vr(t,-) +div [T(t,) + G(t,")] .

We decompose the pressure 7 and the force div G following the structure of du obtaining

m(t,) = w(t,-)dt + 79, ) AWy 4+ 7(t,-) dWs,
divG(t,") = f(t,-)dt+q(t,-)dW; + h(t,-) dWy,

for given random fields f, q and h. Thus, noting the Stratonovich noise in (1.2.1), on any piece
of fluid material we have that the force per unit volume is given by

f(t,-)dt + q(t,-) dW; + h(t, ) dWs

with
V2 d ~
f = vAu(t, )+2;A0i(t, JAG,, (t,-) — Val(t, ) +£(t,),
q = (i(ta )_VWq(ta )+VAG(t, )
h = h(t-)— V()
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Putting all together, and dropping the arguments below, we arrive at the following Navier-Stokes
equations

du :( [u- Vu—i-z ]ugclgC —|—VAu—i-—Z:AoZ Ao, (t, ))dt

4,7=1 =1

(1.2.8) [o-V](a—Vri+rvAo) — wa+f')dt

/_\/\

q+vAo — Vi —[o- V]u) dwy + (B . vwh) dWWs,
divu=0.

As we see, this model is more general than equations (1.1.1), as it includes a noise which depends
on the gradient of the velocity, a general diffusion term arising from the Lagrange formulation
with Stratonovich noise, and some other (deterministic) forcing terms. It is clear, that if we set
o = B =7 = 0, we obtain the deterministic NSEs. Otherwise, by setting ¢ = 8 = 0 we obtain
the following SNSEs

du+ (vAu+[u-Viu+Vrh)dt = £+ (h—Vah)diWs,
divadt = 0,

which can be identified with (1.1.1), if we use an operator valued random field h, an Hilbert
space valued Wiener process Wo, and define 7 = #f dt + 7P dWs. If we are interested in an
infinite dimensional forcing, we observe that we may have considered a field u of the form

(1.2.9) du(t,-) = dt+Zﬂz dW1+Z'y] N dwd
j=1

for suitable families of random fields {8;}5°,, {7:}5°; and independent families of scalar Wiener
processes {WJZ 1, J = 1,2. This would imply a more general model, leaving unchanged the
considerations of the present section. A comparable derivation of the SNSEs is given in [17],
where the authors consider equation (1.2.1) with a deterministic velocity field u and It6 noise.
However, the SNSEs derived in that paper may be considered as a special case of the equations
(1.2.8). Another derivation of the SNSEs model can be found in [86], where the SNSEs are
obtained analysing a stochastic microscopic model underlying the two-dimensional NSEs for the
vorticity of a viscous incompressible flows; see also |7, Sections 2.1 and 2.2| for a simplified
derivation.

The first mathematically rigorous approach to the SNSEs is given in [8], where the authors
study the SNSEs with constant diffusion coefficient g and one-dimensional Wiener process.
There, a solution is defined as a random variable with values in a suitable Banach space, sat-
isfying the (deterministic) NSEs for almost every realisation of the noise. Then, by means of a
theorem on measurable sections, the existence is shown, and an energy inequality in the mean
sense is also given, but the question of the uniqueness is left open, due to the interplay of nonlin-
earity and stochastics. Since then, this problem has been widely studied and several approaches
have been proposed. The main problem in getting existence results for the SNSEs, is given by
the difficulty, in most cases, to apply the tools that are used in the deterministic theory. As an
example, in the deterministic case a compactness theorem is needed to show that there exists
a strongly convergent subsequence in the set of solutions to the approximating problems. This
argument requires uniform bounds for the time derivative of the approximating sequence, which
are not available for the SNSEs due to the irregularity in time of the driving Wiener process.
Thus, to prove existence, non-trivial estimates on the modulus of continuity of the approximat-
ing solutions, see e.g. [129] or the factorisation method for stochastic integrals, see e.g. [37],
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are needed. An important tool to get compactness in the stochastic case is given by the em-
bedding theorems for fractional Sobolev spaces proved in [46, Section 2|, see also Section 3.2.3.
This theorems allow a treatment of the SNSEs that is similar to the one of the corresponding
deterministic equations, and is easier than the estimation of the modulus of continuity of the
approximating solutions.

Another question related to the SNSEs is the uniqueness of the solutions. In fact, the
uniqueness is proved only for the two dimensional case in [120]. In the stochastic setting, again,
it is not possible to apply the uniqueness proof from the deterministic theory, due to the the
energy estimate, which holds only in a mean sense. As a consequence, to obtain uniqueness it is
necessary to multiply the equation for the difference of two solutions with a positive integrating
factor, which compensates the effects caused by the interplay of nonlinearity and stochastics.
Even though the uniqueness of a solution to the three-dimensional problem is still an open
problem, a striking result has been obtained in [36], where the existence of a measurable selection
of solutions that depend continuously on the initial condition is proved. There is no equivalent
result for the deterministic problem, and this represents an important step towards the proof of
the uniqueness.

Let us cite some existence results that are methodologically connected with the present work.
The existence of global weak martingale solutions of (1.1.1) which satisfy an energy inequality
is shown in [46] in the case of a bounded domain and a noise which depends on the solution.
For the proof a Faedo-Galerkin method is used together a compactness argument. In [101] the
same is proved for the general model (1.2.8) in an unbounded domain using a regularisation
procedure, and the result is extended to prove existence and uniqueness of a strong solution in
the two-dimensional case. Since the domain is unbounded, the compactness argument has to
be appropriately modified. Another existence proof, limited to the two-dimensional case can
be found in [98], where a local monotonicity method is used to obtain existence only by weak
convergence, and thus without any compactness theorem. The argument is then applied also in
[97|, where the same method is applied to the SNSEs with artificial compressibility.

Other existence proofs include [18, 7, 11, 22, 23, 24, 25, 26, 115, 119, 84, 129|, and the
methods used are, among others, semigroup theory, nonstandard analysis or the application of
the Yamada-Watanabe theorem from [114].

1.3 Numerical Schemes for the SNSEs

Stochastic partial differential equations (SPDESs) are motivated, beyond stochastic hydrodynam-
ics, by such phenomena as wave propagation in random media, nonlinear optics, phase separation
models, neurophysiology and population biology. Thus, also the interest in the discretisation
of such equations has grown in the last two decades, giving rise to a rich literature about the
numerical analysis of SPDEs.

The first steps towards a suitable discretisation arise by using practical methods in an ab-
stract setting. In fact, Rothe’s method is considered in [57] for linear equations, in [77, 13| for
equations with maximal monotone operators, and in [96] for an equation involving monotone
operators, but in all papers it is used to show existence of a solution. To our knowledge, the
numerical analysis of SPDES started with the paper [9], where a splitting method suggested by
the Lie-Trotter product formulas for SPDEs is used. This method decomposes the SPDEs in a
deterministic PDEs, and a stochastic equation not involving a differential operator, which are
simpler for numerical computations, and are solved successively. Convergence (without rate) is
proved, and an estimate of the approximation error is given for a particular case.

The global discretisation error is estimated first in [55], for a class of SPDEs on smooth do-
mains with strongly monotone operator with positive eigenvalues in its drift, and scalar-valued



1.3. NUMERICAL SCHEMES FOR THE SNSES 9

Wiener process. Using the spectral decomposition, a set of ordinary stochastic differential equa-
tions is recovered, and this is then discretised in time by a strong Ito-Taylor method, see [81].
The derived error estimate depends on the time-step and on the biggest eigenvalue considered in
the spectral decomposition, and evidences a coupling between the time and the space discreti-
sation parameters. This work was preceded by [65], where the one-dimensional heat equation
with a nonlinear measurable term with linear growth, and an additive space-time white noise
is studied. The authors consider only time discretistion of the corresponding solution by an
implicit Rothe’s method. Using the spectral decomposition of the Laplace operator on the unit
interval, uniform Hoélder continuity of the piecewise affine interpolation of the discrete solution
is proved. This leads, using tightness of the laws of the corresponding discrete solutions, to
the uniform convergence in probability of the solutions to the discretisation scheme. The re-
sult was then generalised in [66], where the authors consider a nonlinear Lipschitz continuous
term in the drift and multiplicative noise with Lipschitz coefficient. Strong LP-convergence with
rates is obtained getting advantage of an estimate for the LP-norm of the discrete solution,
which is proved by Malliavin calculus. By relaxing the conditions on the nonlinear coefficients,
convergence in probability is proved, extending the result of [65] to multiplicative noise. The
space-time discretisation of the same problem is then considered in [60, 61|, where a finite dif-
ference scheme for the space discretisation is considered, and both, implicit and explicit schemes
are used. Under various assumptions on the nonlinear coefficients corresponding convergence
types are proved. E.g., for Lipschitz continuous coefficients, strong LP-convergence with rate
is proved, while under the assumptions of measurability and local boundedness convergence in
probability without rates holds. The proof relies on LP-estimates for the Green function related
to the Laplace operator, and on estimates for the corresponding convolutions.

An important generalisation of these results is given in [111], where the time discretisation
of SPDEs under very general assumptions is considered. The equation is assumed to have a drift
consisting of a linear operator, which generates an analytic semigroup, and a nonlinear term,
together with a Lipschitz continuous diffusion term. First, the author considers a Lipschitz
continuous nonlinearity to prove strong convergence in LP with rates using tools from semigroup
theory, and energy estimates for solutions. Then, the corresponding problem with a locally
Lipschitz nonlinearity is studied. In this case only convergence in probability with rates can be
shown. The proof relies on the Lipschitz truncation of the nonlinearity, in order to get advantage
of the strong convergence. Then, the distance between the solution of the truncated problem
and the original one is estimated using regularity properties of corresponding solutions. Despite
the generality of the tools used in the proof, it is worth noticing that the methods used in the
proof are specialised on the case of the one-dimensional Burgers equation, and thus if we want
to apply the same tools, we need analogous properties for the solution of the problem we are
studying. Another general discretisation procedure is given in [69], where general semilinear
SPDEs with Lipschitz coeffcients are studied. The explicit Euler, the implicit Euler, and the
Cranck-Nicholson scheme are investigated together with a spatial discretisation based on finite
differences, spectral decomposition or wavelet approximation. Strong convergence with rates is
proved under general assumptions on the related linear and nonlinear operators, obtaining a
flexible discretisation which can be applied to a wide range of equations. This approach is then
extended to SPDEs driven by a Banach space valued Wiener process in [68|.

As regards the finite element method, we may cite the paper [1]. There, the discretisation of
elliptic and parabolic SPDEs is studied by means of finite element and finite difference methods.
Using the weak formulation of the problem, and the corresponding formulation obtained with
the Green function, the authors show strong convergence with rates in L?. A key tool in the
proof is also an appropriate treatment of the Wiener process, whose approximation is taken
to be piecewise constant in time and space on the discretisation intervals. Another important
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paper which studies the finite element discretisation is [132], where a numerical scheme based
on piecewise affine finite elements and implicit Euler is studied for the stochastic heat equation
with both, additive and multiplicative noise. The author derives new error estimates for the
corresponding deterministic problem using semigroup theory, and deriving regularity estimates
for the exact solution, optimal error estimates are proved. This result also includes the case
where the equation is driven by an additive space-time white noise, and gives an error estimate
for the error induced by the truncation in the series representation of the Wiener process.

Another series of papers which considers the discretisation of SPDEs is [62, 63, 64], where
the authors study the convergence properties of discretisation schemes applied to SPDEs with
strongly monotone coefficients. The considered noise is finite dimensional, but can be easily
extended to an infinite dimensional one, if a Hilbert-Schmidt integrand is considered. In [62],
implicit and explicit time discretisation schemes together with a general space discretisation
are considered for equations with strongly monotone operators satisfying a polynomial growth
condition, framework which includes, e.g., the p-Laplacian in the drift. Under some consistency
assumptions which specify approximation properties for corresponding discrete operators and
coefficients, the weak L?-convergence without rates towards the unique solution is proved using
variational methods. In [63] the time discretisation is applied to equations with monotone
operators, but linear growth. Again, assuming appropriate approximation properties for the
discrete versions of the corresponding operators and coefficients, strong convergence with rates
is proved. The strong convergence with rates is then proved for space-time approximation in
[64], for implicit and explicit schemes, and including space discretisations like finite differences,
wavelets and finite elements.

Focusing on more general equations, which do not fit into the setting of equations with
Lipschitz continuous coefficients or monotone operators, we can cite [80], where a finite element
discretisation of the Allen-Cahn equation is considered, and the techniques from [1] are applied
to the new problem setting to obtain numerical simulations. Another interesting example of
discretisation is given by [38|, where an implicit temporal discretisation is applied to the nonlinear
Schrédinger equation driven by a Stratonovich noise. The authors consider a non-monotone
nonlinearity with polynomial growth, and prove convergence in probability by a compactness
argument, which is related to that used in Chapter 3. For the approximation of problems with
coefficients which are not globally Lipschitz, we can also cite [78], where the order of convergence
is estimated for every fixed realisation of the solution. The methods used in the proof base on the
proof of strong convergence under the assumption of Lipschitz continuity, and then by applying
a localisation technique for one sample path on a bounded set.

The list of the works which have studied numerical approximations of SPDEs is far from
being exhaustive, but the works we cited here represent, to our opinion, some of the most
important steps in the understanding of numerical methods for SPDEs.

Despite the growing interest about the theory of SNSEs and the discretisation of SPDEs, the
question about numerical approximations of SNSEs is virtually untouched. For practical pur-
poses, e.g. weather prediction or climatology, approximation of solutions over long time periods
is crucial. It is believed that at large times the trajectories will typically stay on or near the
attracting sets, and their distributions are characterised by the invariant measures. Therefore,
the knowledge of the invariant measures and attractors as well as their numerical approximations
is very often essential for practical issues. However only few works which are related to some
type of approximation of (1.1.1) have been written, most of them not always in the framework
of an implementable discretisation. In our opinion, the most important is [48], where a time
discretisation of the SNSEs with additive noise is considered. Convergence in probability, in dis-
tribution and almost sure is proved for the implicit Euler method to approximate the solution
of the SNSEs, splitted in an Ornstein-Uhlenbeck equation and a two-dimensional Navier-Stokes
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with stochastic coefficients. Then in [56] is considered the approximation of the noise by smooth
functions, also called Wong-Zakai approximation, for the two-dimensional SNSEs, result which
is extended to the three-dimensional case in [130]. In [12]| the approximation of the SNSEs by
an abstract Galerkin method is considered, and mean square convergence to the strong solu-
tion is proved applying properties of stopping times and convergence principles from functional
analysis. A striking result has been obtained in [41], where convergence with rates for a weak
approximation of the SNSEs is studied for the two-dimensional equations on the torus. The
author uses a weighted space to obtain a generalised Feller condition, a spectral method for the
vorticity equation, together with a Strang splitting for the corresponding semigroup, and a cu-
bature method to approximate the stochastic integral. Weak convergence with rates is obtained
under a coupling of the discretisation parameters and numerical experiments are provided.

Because of the motivations listed above, we think that a study of the discretisation of the
SNSEs should be carried out. The objective of this work is twofold:

1. First, we provide a fully practical numerical discretisation of the equations (1.1.1), which
can be used to study physically relevant phenomena, like turbulence. Our studies may
provide tools for future studies of invariant measures to equations (1.1.1).

2. Second, for the discretisation of (1.1.1) we develop technical tools that may be applied
to a wide range of nonlinear SPDEs with non-Lipschitz nonlinearity, or problems which
possess only weak martingale solutions.

1. Construction of weak martingale solutions (Chapter 1). The first problem we
address is the approximation of the weakest concept of solution, since, in the three-dimensional
case, the only available concept of solution is that of weak martingale solution, which is a system
consisting of a stochastic basis, a Wiener process and a solution, both defined on the stochastic
basis. To construct a weak martingale solution we consider a pair of finite element spaces
(Hp, L) satisfying the discrete Ladyzhenskaya-Babuska-Brezzi (LBB) condition

(1.3.1) sup (div®, 1)

Ve S ol e
ocH, [Vl Il

with a constant C' > 0 independent of the mesh size h > 0. Then we fix a stochastic basis
P = (Q,F,F,P) with a Wiener process W on it. Let Iy := {t,,}}_, be an equi-distant mesh
of size k > 0 covering the time interval [0,T], where T' = t5;. Then define f := f(¢,,), and
ApW :=W(t,,) — W(ty,—1), for m > 1. We consider the following finite element scheme based
on the implicit Euler method.

Algorithm 1.1. Let U° € Hy, be given. For every m € {1,...., M} find an Hy, x Lp-valued
random variable (Um,Hm) such that for all (®,A) € Hy, x Ly,

(U™ —U™ 1 ®) + kv(VU™, V®) — k(II™,div®) + k([U™ - V]U™, ®)
(1.3.2) + g([div Um]Um,<I>> = k(F™, ®) + (g(U™ A, W, ®) ,
(divU™, A) = 0.

The existence of a sequence of random variables {U™}M_, is ensured by a variant of the
Browuer fixed point theorem, while the existence of {II™}M_, follows by the discrete LBB
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condition. The measurability of U™ with respect to F,, follows by applying the methods from
[38]. The next key tool are the following a priori estimates

E_K <M2||Um\|m+’wzIIVUmIIL2+ ZHUm U2, < o,
_ v e
(1.3.3) E| max [[U"|f; +ksule|Um|y?p VU] < ory,
M -
E[(k Y IVUTE) T ] <Oy
m=1

Since the problem is nonlinear, we need a compactness argument in order to pass to the limit.
This is accomplished in several steps. With the help of the a priori estimates, we prove the
following bounds:

M—¢
B[k 3 6/ 40m+ — U2, + U = U™y 00 ] < Orte,

m=0
(1.3.4) e

[k Z HUm—M UmH(Vmwz 2 ] < CT7pt§/2.

m=0

Thanks to the compact embeddings of Sobolev spaces of fractional order from [46, Section 2],
the inequalities (1.3.4) imply compactness of the piecewise affine interpolation of the iterates
{U™M_"in the space

L*(0,T;L*)nC([0,T],D(AT)), ~>1.

Now it is possible to apply the Skorokhod almost sure representation theorem, to extract an
a.s. convergent subsequence of approximating solutions on a new stochastic basis ’. Using
the energy estimates and the resulting uniform integrability, it is possible to show the strong
convergence of the subsequence on ', and thus the existence of a process u that solves the
SNSEs.

The last step in the construction of the weak martingale solution is the construction of
the Wiener process. This is accomplished using an almost sure representation theorem, which
allows to “transfer” the old Wiener process on the new stochastic basis. The identification of the
stochastic integral follows by using the related equation to express it by deterministic integrals
involving a continuous perturbation of the discrete solution. Using the convergence properties
of the approximating solutions is then possible to show that the limiting term corresponding
to the stochastic integral is a square integrable martingale with quadratic variation process R,
where

r- [ g(u(s)Qg"(u(s)) ds

The identification of the stochastic integral then follows by a representation theorem for mar-
tingales.

We introduce then a second method to construct weak martingale solutions. The main
difference with respect to the just enumerated procedure is the approximation of the Wiener
process. In fact, we replace the brownian increments by general random variables, for instance
bounded, whose first and second moments coincide with those of the Wiener process. Moreover,
we need that the estimates for higher moments of the increments are consistent with the ones of
the Wiener process. The method of construction is not very different as regards the construction
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of the process u, solution to the SNSEs, but in the identification of the stochastic integral more
work is needed. Since we approximate the (continuous) stochastic integral by a discrete time
(discontinuous) process, to show that the limiting object corresponding to the discrete time
process is a martingale with the desired quadratic variation, we can not use the techniques listed
above. To accomplish this task we get advantage of a general theorem about the convergence of
discrete time quadratic variation processes and corresponding martingales, which is proved in
Appendix B.

2. Construction of strong solutions (Chapter 1).

For the two-dimensional Navier-Stokes equations, we prove that Algorithm 1.1 produces the
approximation of a strong solution. To this end, we employ a local monotonicity argument
developed in the papers [98, 97|, where it is shown that

27r4

(1.3.5) (G@Q—G@%u—v>+§ﬁwu—W@2iHVW—VN@

i
2

for the nonlinear operator
1
G:u——rvAu+ (u-V+ idivu)u.

To get advantage of this result in the continuous setting, the solution of the Galerkin system
corresponding to the SNSEs is multiplied with an appropriate process, in order to handle the
second term on the left-hand side in (1.3.5) with It6’s formula, and use the Minty trick to identify
the limits in the nonlinear terms. The principal advantage of this approach is that it prevents
the need of strong convergence, and thus the use of compactness arguments.

First we consider the case of additive noise, in order to clarify the techniques. The local
monotonicity argument needs the It6 lemma to be properly applied in the continuous setting,
but in the discretisation we may only use piecewise constant approximations of the solution. Thus
the Itd lemma may not be applied as in the continuous case. To prove the desired convergence
properties, we apply the calculus rules for the discrete derivatives from Appendix A together
with a Taylor expansion. Then we have to carefully handle all the residual terms, show that
they vanish in the limit, and by the Minty trick we are able to identify the limit of the weakly
convergent sequence.

This arguments are then applied to the case of multiplicative noise, for a Lipschitz diffusion
coefficient, under a mild assumption on the Lipschitz constant.

3. Splitting schemes for the Stokes equations and roéle of Lagrange multiplier
(Chapter 2).

In this chapter we investigate the approximation properties of efficient splitting scheme aris-
ing from the deterministic theory; see [31, 125]. Their application to stochastic problems may
appear straightforward, but as we will explain, that is not the case. To better understand the
differences between the stochastic and deterministic case, let us explain the role of the pressure
in the context of SNSEs.

The pressure is defined as the Lagrange multiplier corresponding to the divergence-free con-
straint of the NSEs, which ensures that the resulting velocity field is incompressible. Despite its
importance in applications, in the usual existence proofs of deterministic NSEs, the pressure is
usually neglected by projecting the equations on the space of solenoidal vector fields using the
Leray-projection. Thus, the concept of weak solution to the NSEs does not include the pressure
explicitly, but it can be constructed as a distribution by means of the De Rahm theorem ; see e.g.
[126]. However, using potential theoretical methods it is possible to show that for the pressure
related to a weak solution the pressure possesses the regularity

m e L°3(Dy),
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for bounded and unbounded domains D C R3; see [123, Theorem 2.2].

For SNSEs the situation is slightly more complicated. Consider the equations (1.1.1). We
may notice, following to the derivation of the SNSE (1.2.8), that the pressure in (1.1.1) is written
as

(1.3.6) w(t,) =7t (t,-)dt + 78(t,-) AWy,

where 78 results from the random forcing term. This suggests us that the pressure is highly
irregular, since 78 dWy corresponds heuristically to the distributional derivative of the noise.
This observation is then confirmed by the proof of the high roughness of the pressure given in
[92], where it is proved that

(1.3.7) re L} (W‘l’o" (0, T Wl’Q(D)/R)) ,

if the noise takes values in 2. This roughness may cause drawbacks (and in fact it has) in both,
the theory and the computations of discrete solutions. Namely, in the deterministic case, see e.g.
[112, 113], higher regularity is needed to show optimal approximation properties for splitting
schemes. It is worth noticing, that for a solenoidal stochastic forcing, formal computations

motivates the estimate -
E [/ V)2, dt] <c.
0

Now that the subtle interplay of stochastics and Lagrange multiplier has been evidenced,
we may explain its influence on the convergence results for splitting schemes. We analyse the
Chorin scheme from [31] applied to the unsteady Stokes equations with homogeneous Dirichlet
boundary conditions. This is a method which splits the computation of velocity and pressure in
two subsequent iterations, and is based on the pressure stabilisation equation

divu—eAr =0 (¢>0),
to avoid the saddle point character of the problem. The algorithm is as follows:

Algorithm 1.2. 1. Let 1 < m < M. For given u™ ! € L?(Q,V) and u™ ! € L? (Q,W(l)’2(D)),
find U™ € L? (Q,W(l)’z(D)) such that

@™ —u" ") — kAT = kf" + g(ty—1, 0" )AW,, inD.
2. Compute u™ € L? (Q,V), and p™ € L? (Q, W1’2(D)/]R),

um —um 4+ kvpmtt = o0, divu™ =0 inD,
(u,n)=0 on 0D.
The last step may be reformulated as a Poisson problem for the approximating pressure,

in order to gain computational efficiency. To understand the structure of error, we reformu-
late the scheme as a pressure stabilisation scheme with semi-explicit treatment of the pressure

approximations
@™ - ) — kAT RV = kT 4 g1, UTTH)AW,, in D,
diva™ —kAp™ = 0 inD,
Onp™ = 0 on 0D,

and 1° = ug in D. This formulation may be seen as a perturbation of the implicit Euler scheme,
and allows to identify all the sources of the error, which are the pressure stabilisation constraint
(k > 0) and the explicit treatment of the pressure approximations.



1.3. NUMERICAL SCHEMES FOR THE SNSES 15

The error analysis uses the splitting of the error into every single contribution (pressure
stabilisation, semi-explicit treatment of the pressure) by introducing auxiliary approximation
schemes. Thus, by measuring the error between each subsequent scheme, we arrive at the final
error estimate, which quantifies all the sources contributing to the error between the solution
to the implicit Euler scheme for the unsteady stochastic Stokes equations, and the solution
to Algorithm 1.2. Due to the pressure stabilisation, the error equation contains the pressure
approximations, which then crucially affects the error estimates. In fact, to obtain the error
estimates we need that corresponding pressure approximation satisfy

M
E [kz IVp™ 172
i=1

uniformly in k£ > 0. This property is then transferred to the pressure iterates resulting from the
auxiliary problems by the corresponding error equations. As one can maybe note, due to the
decomposition (1.3.6) and the regularity property (1.3.7), the above bound is valid only if the
noise takes values in a space of divergence-free functions, leading to optimal convergence only for
such a stochastic perturbation. This result is then confirmed by the numerical computations,
where Algorithm 1.2 is applied to equations with both, solenoidal and non-solenoidal noise,
showing optimal convergence behavior for the former and suboptimal for the latter.

To obtain, independently of the type of noise, an optimal splitting-method from Algorithm
1.2 it is necessary to add an additional step which projects the noise increment onto a space
of solenoidal functions, preventing the pressure field to be too rough. Then, the other steps
of the algorithm remains unchanged, except for the calculation of the pressure approximation,
where the resulting Lagrange multiplier eliminated by the first projection step is summed to the
resulting pressure approximation. The resulting scheme is then called stochastic Chorin scheme,
and shows optimal convergence properties again.

In addition to the proposed splitting schemes, we study their finite elements approximation
by a general pair of approximation spaces. According to the deterministic theory, the finite
element space need not to be LBB-stable, because of the pressure stabilisation, which prevents
the divergence-free constraint. Thus, the choice of an unstable pairing is allowed, if the following
coupling of time and space discretisation parameters holds:

<C

k> Ch®.

Even if we are not able to prove any error bound for the pressure, in the numerical exper-
iments we observe that the expectation of the pressure error is subject to the phenomenon of
boundary layers, due to the unphysical boundary conditions from the second step of Algorithm
1.2. The results for the expectation are similar to the corresponding ones for the deterministic
problem.

The studies performed in this chapter shows that the application of deterministic methods
to stochastic problem has to be accomplished carefully, due to the roughness of the noise, and
its interplay with the Lagrange multiplier. This consideration becomes even more crucial in the
study of the next problem.

4. Discretisation of the stochastic Navier-Stokes equations (Chapter 3).

In this last part, we consider algorithms from the first two parts, applied to the two-
dimensional SNSEs with periodic boundary conditions and multiplicative noise, to obtain conver-
gence with rates. The results from this chapter show that, as in the study of splitting methods,
it is not possible just to apply the approximation methods from the deterministic theory, be-
cause of various effects caused by the subtle interplay of stochastic, nonlinearity and Lagrange
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multiplier. This problem is here amplified by the presence of the convection term, which, due to
its non-Lipschitz character, is responsible for the resulting error estimates, that are valid only
of a subset of the realisation set 2. Objective of this part is the study of Algorithms 1.1 and 1.2
applied to the two-dimensional SNSEs with periodic boundary conditions.

We start with a fully implicit Euler based time discretisation. In order to perform the error
analysis, we have to prove higher regularity properties of the exact solutions. This is possible
thanks to the particular problem setting, for which there holds

(1.3.8) ([u-V]u,Au) =0

for divergence-free u, where A is the Stokes operator. This property allows to get estimates
pointwise in time for the higher moments of the norm of the solution gradient

E | sup HVu(t‘)H’H’J2

T
o8| [Tl iau ) < o,
0<t<T 0

These estimates are then crucial to prove the Holder continuity in time of the solution and of
its gradient by semi-group theory, using the correspondence between mild and strong solutions
in this framework:

5 P 1
E [Hu(t) - u(s)Hg} <Clt—s|¥  Vo<n<g, pel200).
Once that these regularity properties has been proved, we may prove a priori estimates that
are the discrete counterpart of the estimates obtained for the exact solution. Moreover, we prove
stability estimates for the pressure depending on the type of noise, which reads

(1.3.9) E < Gy, 2k™!  for divergence-free noise,

M
ED VA2

m=1

while for divergence-free noise, we obtain a bound uniformly in & > 0. Then, subtracting
the corresponding equations, testing with the error, using the Holder continuity and the a
priori estimates, we are able to prove an error bound on a set £, C 2 with the property that
P[Q)] — 1 for vanishing parameter k£ > 0. This lack of a global estimate is due to the fact that
the a priori estimates only hold in a mean sense, while, to bound properly the terms resulting
from the non-Lipschitz nonlinearity, estimates independent of the stochastic parameter w € 2
are needed. These are then obtained by means of the Markov inequality on a set of measure
close to one, leading to the local error estimate. Unfortunately, the convergence behavior is
affected by the Holder exponent of the gradient, which is only 1/4, leading to the half of the
expected convergence order. We may increase the convergence order by considering weaker norm
for the error. That is, we test the corresponding error equation with A~! applied to the error.
In this way, we do not have to consider the difference of the gradients of the discretised and
of exact solution, which caused the suboptimal convergence, increasing the convergence rate to
optimal. As a consequence, we get convergence in probability with rates for the corresponding
approximations.

We then pass to the full discretisation based on the implicit Euler scheme together with a
stable finite element pairing, studying the error between the time and the full discretisation in the
case of general noise. First we derive an a priori estimate for the fully discrete solution. In this
framework we only obtain estimates like those from Chapter 3, i.e., no pointwise in time stability
for the gradient of the discrete solution is available because identity (1.3.8) does not hold any
more. As a consequence, when we try to estimate the error induced by the convection term, we
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need the inverse estimates to control the gradient of the fully discrete solution pointwise in time
on a set 2, C Q with probability close to one, leading to order limiting terms, arising from the
stabilisation of the nonlinear term. We started the analysis with a spatial discretisation which
does not deliver exactly divergence-free iterates. Thus, during the error analysis, the pressure
approximation from the time discrete scheme does not vanish. This causes a dependence of
the convergence rate on the estimate (1.3.9), which implies a coupling of the discretisation
parameters to get convergence on a set € C € with probability close to one.

A possibility to get better convergence behavior for general noise may be the choice of finite
element pairings which deliver exactly divergence-free iterates. An example of this is the Scott-
Vogelius element; see [121]. Because the iterates are pointwise divergence-free, the pressure
vanishes preventing that the order of convergence is affected on the type of noise. Moreover
the order of convergence is optimal (on €2), since other order limiting terms caused by the
stabilisation of the convection term are not necessary any more for the Scott-Vogelius element.

We observe that all the above convergence results hold on a set of probability close to one.
In this last part, we show that for additive noise, it is possible to show strong convergence on the
whole set €2 for the implicit time discretisation. The proof crucially depends on the exponential
estimates for the gradient of the exact solution, which allow to prevent the use of the Markov
inequality to obtain pathwise estimate on the set .
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Chapter 2

Stochastic integral in infinite
dimensions

Objective of this chapter is to give an introduction to the stochastic integral in infinite dimen-
sions, providing the essential tools that are necessary to understand the manipulations of the
stochastic integrals in the discrete setting. The presentation of the topic is essentially based on
the tools we use later. In fact we do not consider some of the more general aspects, like e.g. the
localisation procedure for integrands from [37].

2.1 Nuclear and Hilbert-Schmidt operators

In this section we give a short introduction to Nuclear and Hilbert-Schmidt operators, which
are crucial for the definition of the Wiener process. For more details we refer to [118, Section
3.7] and to [110, Appendix B|. For two vector spaces X and Y we denote by L£(X,Y) the
space of linear operators bounded with respect to the operator norm || - [|z(x,y). We use the
convention £(X) = £(X,X). The space X’ indicates the dual of the space X. Let (H,(-,-)n)
and (K, (-,-)k) be two separable Hilbert spaces, with norms |- i and |- |k respectively. The
operator A : K — H is called nuclear if it can be represented in the form

x> Az = Zai(bi,x)K ,
i=1

where {a;}i>1 and {b;};>1 are sequences in H and K respectively, with the property
o0
Z ]ai\H . ‘bz’K < 0.
i=1

The space of all nuclear operator nuclear operators from K to H is denoted by Z; (K, H), and
endowed with the norm

HAHL(K,H) ;= inf {Z |a’L|H . |bZ|K ) Al‘ — Zai(bi)x)K) S K} 3

i=1 i=1

it is a Banach space. An operator B : K — H is called Hilbert-Schmidt if

o0
Z |Beilg < 00,
i=1
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where {e;};>1 is an orthonormal basis of K. The space of all Hilbert-Schmidt operators from K
to H is denoted by Zo(K, H), and is a Hilbert space if endowed with the scalar product

(A, B)

oo
L = D (Aei,Beg) VA B € Iy(K, H).
i=1

For an operator C' € L(H) we define the trace

TrC = Z(C’ei, ei)H

i=1

if the series is convergent. All the above representations are independent of the choice of the
orthonormal basis {e;}i>1. An operator D € L(H) is called positive, respectively nonnegative,
if (Dx,z)g > 0, respectively (Dz,x)g > 0, for all z € H.

We enumerate some known facts about nuclear and Hilbert-Schmidt operators. For (i),
(ii) and (iii) we refer to [110, Remark B.0.9], [110, Proposition 2.3.4] and [110, Remark B.0.6]
respectively. For (iv), we refer to [118, Chapter 3, Section 7.1, Corollary 2|.

Proposition 2.1.1. (i) If an operator A € L(H) has finite trace, is self-adjoint and nonneg-
ative, then it is nuclear.

(i1) If an operator A € L(H) is nonnegative, symmetric and has finite trace, there exists a
unique element AY? € L(H) such that AY20AY? = A. Moreover there holds A'/? € Ty(H)
and \|A1/2|]%2(H) = Tr A.

(iii) The composition of a Hilbert-Schmidt and a bounded linear operator is a Hilbert-Schmidt
operator.

(iv) The composition of a nuclear and a bounded linear operator is a nuclear operator.

(v) For an operator A € Io(H, K), there holds ||Al|z,(a,x) = || A 7,(k 1), where A* denotes
the adjoint of A.

We use the conventions Z; (K) = 7, (K, K) and Zx(K) = I»( K, K).

2.2 Construction of the stochastic integral

In this section, we define the Hilbert space valued Wiener process and construct the stochastic
integral with respect to it. Let T > 0 and let P := (Q,]—",IF,IP’) be a stochastic basis, with
F={Fs;te[0,T]}. Let (K,(-,-)c) be a Hilbert space. By NV (m, Q) we denote the Gaussian
measure on K with expectation vector m € K and covariance operator Q € Z;(K). Analogously
to the real-valued case, we have the following definition.

Definition 2.2.1. A K-valued stochastic process W = {W (t);t € [0,T]} on P is called a
Q- Wiener process, if

1. W(0) =0
2. W as P-a.s. trajectories,
3. W has independent increments, i.e. the random variables
Wi(tn) = W(tp-1), W(tn-1) = W(tn-2),..., W(t1) — Wi(to)

are independent for any choice of the partition 0 <ty <t1 <...<t, <T,n €N.
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4. the increments have the following laws

W(t) — W(s) ~N(0,(t—s)Q) Vt,s€[0,T]

Let Q € Z;(K) be self-adjoint and positive definite, and {e;};>1 denotes an orthonormal
basis of K consisting of eigenfunctions of Q. Then the Q-Wiener process has the following
representation

(2.2.1) W(t) = i VG B (te;  Vtel[0,T],

j=1

where {g;};>1 C R are the corresponding eigenvalues of Q and {Bj(t); t e [O,T]}jeN, is a

sequence of independent R-valued Brownian motions on ; see e.g. [37, Chapter 4|. This series
converges in L?(2;C([0,T];K)). In particular, for any Q € Z;(K) there exists a Q-Wiener

process on K.

Remark 2.2.1. The series (2.2.1) is convergent in the space L*(£;C([0,T];K)) because the
embedding Ql/Q(IC) — K defines a Hilbert-Schmidt operator. If Q is not a trace-class operator,
it is always possible possible to construct a Hilbert space J such that the embedding R : J — K
is Hilbert-Schmidt; see [110, Remark 2.5.1]. Then, by defining Q = RR*, we may define a
Q- Wiener process which converges in the space L*(Q; C([0,T];J)).

Now we are in position to construct the integral with respect to the K-valued Wiener process,
and to define the class of processes for with the stochastic integral exists. For p > 1 and X being
a Banach space, consider the space MP? ([0, T,F; X ) of equivalence classes of all F-progressively
measurable processes u : [0,7] x © — X such that

(2.2.2) E UOT lu(t)|, dt} < o0,

Let (H, (-, )’H) be a Hilbert space. For any process ¢ € M?([0,T],F; L(K,H)) we define the
stochastic integral {f(f @(s)dW(s); t € [0,T]} by the following three steps.

(i) First we consider a step process defined by

(2.2.3) p(s) = Zﬂ[tm,tm+1)(3)‘Pm7
i=1

where the random variables ¢,, take only a finite number of values in £(K,H). Then
define the integral as the continuous H-valued F-martingale

t M
E(p) ::/0 P() AW (5) = 3 @ (Wt At) =Wt A1) Vie[0.7].
m=1

(ii) For any step process prove that there holds the It6 isometry

(224) E U/OTw(s) dW(s)‘jJ —E [/OT||‘P(S>°Q”2H§2<K,H> ds] .
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(iii) Let X := Ty (Q1/2 (K),H). The processes of the form (2.2.3) are dense in the Banach space
M 2([0, T,F; X ) Then there exists a unique linear bounded operator

E: M*([0,T),F;X) — L*(Q,F,P;H),

which is the extension to MQ([O, T],F; X) of the operator F, defined in (i) for all the step
processes.

Remark 2.2.2. In most of the paper we work with processes taking values in LK, H), which is
less general case since LK, H) C Ig((Ql/Q(IC),'H), because of Proposition 2.1.1, (iii).

Remark 2.2.3. It is possible to enlarge the class of integrands by using a localisation procedure,
which takes into account all progressively measurable processes @ such that

T
P\ [ lote) 0 QU s < 0| =1

Remark 2.2.4. For the case of a Q-Wiener process, where Q is not nuclear, e.g., Q is the
identity, because of (2.2.4), we need that ¢ takes values in the space of Hilbert-Schmidt operators.

For a detailed construction of the stochastic integral, we may refer to [37, 110| for Hilbert
space theory of stochastic integral, or to [16], for extensions to Banach space theory.

2.3 Properties of the stochastic integral

Here we list some properties of the stochastic integral that are use later in this work. The
stochastic integral satisfies the It6 isometry (see |37, Proposition 4.5]), i.e., for each ¢ €
M?((0,T);F; £(K. H))

31) g / / lo(s) 0 Q22,0 ds] Wt € 0,71,

and the Burkholder-Davis-Gundy inequality, see [16, Theorem 2.4] which holds for 1 < r < oo:

r t r/2
sup ‘ / (s) (/ lle(s) o QI/QH%Q(K,H) ds) ] vt e[0,T].
0<t<T 0

and the following special due to Davis

sup ‘ / (s)
0<t<T H

which can be found in [37, Theorem 3.14].

(2.3.2) < CE

(2.3.3) < 3E

t 1/2
</0 e(s) o Ql/QH%Q(/c,H) dS) ] Vtel0,T].

We recall that for a Q-Wiener process W, there holds the inequality
(2.3.4) E [|W(t) — W(s)\,%”] <Cp(t—9)"(TrQ)" VneN,

where for n = 1 we have equality and C,, = 1; see for instance [75, Corollary 1.1].
An important property for the stochastic integral is the It6 formula.
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Theorem 2.3.1. Let W be a K-valued Wiener process with covariance operator Q € Z;(K).
Assume that ® € MQ([O,T],F; E(IC,'H)), ¢ is a H-valued progressively measurable and Bochner
integrable process. Define the process

X(t):X0+/O ¢(s)ds+/0 B(s)dW

where Xg is a H-valued Fy -measurable random variable. Let F : [0,T] x H — R be a function

with deriwatives Fy, Fy, Fpy that are uniformly continuous on bounded subsets of [0,T] x H.
Then there holds

F(t,X(t)) :F(O,X(O))—i-/o (Fiu(s, X (s)), ®(s) dW)H—i-/O Fi(s,X(s))ds

[ {5, X905 )y 5T (oo, X(:))8Q2(@Q112) ] s,

The It6 formula holds only for deterministic functions F. For F that are stochastic processes,
the Itd6-Wentzell formula [116, Theorem 1.4.9] is a useful tool, which allows to consider F given
by Itd processes.
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Chapter 3

Construction of martingale and strong
solutions

3.1 Introduction

We consider the system of equations describing the motion of an incompressible fluid subjected
to a random force in a bounded polygonal domain D C R% d = 2,3. Let (Q, F,F,P) be a
complete, filtered probability space with a filtration F = {F;; ¢t € [0,7T]} satisfying the usual
assumptions, and W = {W(¢); t € [0,T]} be a K-valued Wiener process adapted to F, for a
Hilbert space K. Then we look for a stochastic process u = {u(t); t € [0,7]} with values in
L2(D) = L*(D;R%) such that

(3.
(3.

where D7 := (0,T) x D, and the following initial and boundary conditions hold,

1.1) u—vAu+u-Vju+Vr =f +g(u)W in Dr x Q,
1.2) divu=0 in Dp x Q,

(3.1.3) u(0,:) =up in D, and u=0 on (0,7)x90D.

Here, u-V =3"" | u;0;. Below, we will precise requirements for the mapping g.

An existing result for the practical discretisation of problem (3.1.1)—(3.1.3), Flandoli and
Tortorelli [48] consider a semi-discretisation in time of the stochastic 2D Navier-Stokes equa-
tions driven by an additive noise, where strong solutions exist. By splitting the problem in a
linear SPDEs coupled with Navier-Stokes equations with stochastic coeflicients, convergence in
probability of the discrete solution is shown.

A paper which is related to this chapter from a methodological point of view is [38], where De
Bouard and Debussche show convergence in probability towards the unique strong solution of a
time-semidiscretisation of the stochastic Schréodinger equation with non-Lipschitz nonlinearity.
Similarly to the present work, uniform bounds for higher moments of the discrete solution, and
of its increments are used to establish compactness for the sequence of discrete solutions. The
main difference between the present paper and [38| is that here one has to deal with weak
martingale solutions, which requires to construct a filtered probability space together with an
adapted Wiener process, and an adapted solution in the overall construction process.

A similar construction of a Wiener process and of a related o-algebra for the weak martingale
solution is considered in [3]|, where a discretisation of the stochastic Landau-Lifschitz-Gilbert
equation with Stratonovich noise is considered. Important tools to accomplish this goal are the
characterisation of the new probability space, which uses [128, Theorem 1.10.4 and Addendum
1.10.5], together with a theorem which allows to identify the limit of a sequence of quadratic
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variations of a martingales [20, Theorem C.2]. The method we employ can be considered a
generalisation of that developed in [131] for the finite dimensional case.

The goals of this chapter are to consider implementable space-time discretisations of (3.1.1)—
(3.1.3), and to show that corresponding iterates construct weak martingale solutions (d = 3),
and strong solutions (d = 2). The related analysis addresses the interplay of space-time discreti-
sation (see Algorithms 3.1 and 3.3), and its interaction with the discretisation of the noise (see
Algorithm 3.2 below), where stability, control of increments of iterates, a compactness argument
and some tools from stochastic analysis are needed. For this purpose, we study a finite element
based space-time discretisation of problem (3.1.1)—(3.1.3). Let 7 be a quasi-uniform triangu-
lation of the domain D, where h > 0 denotes the maximum mesh-size, and (Hh, Lh) denotes
a corresponding Ladyzhenskaja-Babuska-Brezzi (LBB) stable pair of finite element spaces to
approximate velocity and pressure fields, respectively. Let I := {tm}%:o be an equi-distant
partition of size k > 0 covering the time interval [0, T'], where T' = t5;. Then, we consider the fol-
lowing discretisation of (3.1.1), where for m > 1, £ := f(t,;,), and Ay, W := W (t,,,) = W (t—1).

Algorithm 3.1. Let U° € Hj, be given. For every m € {1,..., M} find an Hjy, x Ly-valued
random variable (U™, II"™) such that for all (®,A) € Hj, X Ly,

(U™ - U™ 1 @) + kv(VU™, V®) — k(II™,div®) + k([U™ - V]U™, )
(3.1.4) +§ ([div Um]Um,<1>) = k(™ ®) + (g(U™ A, W, ®) |
(3.1.5) (divU™, A) =0.

A general Faedo-Galerkin method, continuous in time, which uses divergence-free functions
is used in [46] to construct weak martingale solutions of (3.1.1)—(3.1.3) as limit of approximate
solutions of a related stochastic differential equation: a compactness argument that uses frac-
tional Sobolev spaces, and the Skorokhod almost sure representation theorem, together with a
martingale representation theorem to properly identify limits of both, the deterministic and the
Ito integrals are used in [46]. The fact that divergence-free functions are used, and that only
a space discretisation is considered is in contrast to practical implementations, where usually
(3.1.2) is only approximatively satisfied.

Unfortunately, it is non-trivial to construct practicable numerical schemes where finite el-
ement functions are exactly divergence-free, which is why discretisations are preferred where
solutions are only weakly divergence-free, i.e., (3.1.5) holds. General references in the determin-
istic setting include [15, 53|. Here, in general, sequences of space-time interpolants {divUy s} »
only converge weakly in L? to zero (as k, h — 0). Hence a related consequence is the convergence
to solutions of the limiting problem in larger spaces; see also Theorem 3.5.1.

In this work, we show convergence of the space-time discretisation (3.1.4)—(3.1.5) which
consists of the following three steps:

(iy) For every k,h > 0, show solvability by means of the Brouwer fixed point theorem, and

M_ and increments of iterates (Section 3.3).

derive useful a priori bounds for iterates {U™}_;,

(iiy) Prove tightness of sequences of laws related to space-time continuous functions {Uy, 4} i n
which are only discretely divergence-free, and use Prohorov’s theorem together with the
Skorokhod almost sure representation theorem to identify limits of related deterministic
integrals (Section 3.4).

(iii1) In order to identify the limit of the stochastic part in (3.1.4)-(3.1.5), slightly perturb
the sequence {Up p}in to {Ukptrn: for corresponding filtrations {Fy 4 }r p, the resulting
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stochastic integral term is a square-integrable [y, ,-martingale, and a proper limit (k, h —
0) a square-integrable F'-martingale which by martingale representation theorem is the Ito

integral {f(f g(u(s)) dW'(s); t € [0, T]}; this part is accomplished in Section 3.5.1.

The practical construction of a weak martingale solution, since it is the only available solution
concept for problem (3.1.1)-(3.1.3) in three space dimensions, is the first main contribution of
this chapter. This requires to properly address the combined space-time discretisation effects
interacting with the non-Lipschitz drift, and the nonlinear noise. In particular, to realise these
steps for a space-time discretisation where iterates are only discretely divergence-free requires
different tools than those used in e.g. [46]. In particular, this practical construction of a weak
martingale solution for (3.1.1)—(3.1.3)

(i2) has to account for the fact that involved velocity fields are only discretely divergence-free,
which is the reason for the additional term that appears in (3.1.4), and a proper balancing
of finite element spaces for both, velocity and pressure to obtain a well-posed discretisation
(‘discrete LBB condition’). This lack of incompressibility of iterates {U™}M_, requires
different compactness arguments on larger spaces if e.g. compared to those in [46] for
example; see Lemma 3.3.3.

(iig) requires relevant stability properties, including uniform control of higher moments of iter-
ates, and increments of them (in &k, h > 0), which motivates an implicit in time treatment
of deterministic terms in (3.1.4), and an explicit in time treatment of the integrand in
the stochastic part; see Lemma 3.3.1. The control of increments of the iterates in Lemma
3.3.3 in particular is then a crucial step which again benefits from the special space-time
discretisation, and is a key property for the compactness argument in Lemma 3.4.3.

(ilip) has to construct (a proper sequence of) filtrations Fyj to validate the Iy p-martingale
property of the related stochastic term, to eventually pass to the limit; see equation (3.5.2)
in Section 3.5.1. Since the approximation is discrete in time, we use iterates from Algorithm
3.1 to construct time-continuous processes {U k,h}k,fu which inherit relevant properties of
those iterates. In the next step this construction allows the stochastic integral with respect
to the given Wiener process W to be represented by a sum of deterministic integrals
involving the continuous functions {Uy 4 }r . Then, the convergence of a subsequence of
discrete solutions obtained in Lemma 3.4.3 allows to pass to the limit in the deterministic
integrals on a new probability space, see Proposition 3.4.1, leading to a martingale which
may be identified as a stochastic integral with respect to a limiting Wiener process W’ by
a martingale representation theorem.

As will become clear from the following, these arguments differ significantly from existing
works in the numerics of nonlinear SPDEs. We hope that the elaboration of the steps (iz)—(iiiz)
turns out useful for the practically relevant construction of weak martingale solutions for a broad
range of nonlinear SPDEs; while (iz)—(ii2) are mainly based on tools from nonlinear numerical
analysis, those developed within (iiiz) in Section 5 heavily draw from concepts of stochastic
analysis in a discrete setting.

It is computationally advantageous to replace Gaussian increments of a Wiener process A,, W
in Algorithm 3.1 by simpler (for instance bounded and discrete) i.i.d. K-valued random variables
&™, with appropriate moment conditions (SI;)—(SI3) to hold; see Section 3.5.2 for details. The
following algorithm is then a simple modification of Algorithm 3.1.



28 CHAPTER 3. CONSTRUCTION OF SOLUTIONS

Algorithm 3.2. Let U° € Hy, be given. For every m € {1,..., M} find an Hj, x Ly-valued
random variable (Um,Hm) such that for all (®,A) € Hy, X Ly,
(U™ -U™1,®) + kv(VU™, V®) — k(II", div®) + k([U™ - V]U™, )
(3.1.6) +§ ([div Um]Um,<1>> = K(f™,®) + (g(Um )™, @),
(3.1.7) (divU™, A)=0.

We introduce assumptions (SI;)—(SI3), see Section 3.5.2, on the random variables {£™}M_,
to have measurability with respect to the time discrete filtration, to ensure that expectation
and covariance coincide with those of the corresponding Brownian increments, and to have the
right scaling for higher moments of £” with respect to the time-step k& > 0. It is thanks to
these assumptions that it is possible to show existence and stability of corresponding iterates
{U™M_ "but in this case we can not use the Burkholder-Davis-Gundy inequality to get higher
moments, and the Doob’s inequality is needed. Then the tightness of the corresponding piecewise
affine interpolation of the resulting iterates follows exactly as in Step (ii2); see Section 3.5.2.
The main issue is then given by the construction of the stochastic integral. Now we can not
take advantage of the perturbation {Uy s}, from (iiiz), since it is constructed by a stochastic
integral. In this case we construct a time-discrete martingale {leh}f\n/lzl, with corresponding
filtration. By using a general theorem on the convergence of time discrete martingales, together
with the properties of the discrete process {Rz’?h}%zl, which has the réle of the quadratic
variation, we can identify the limit of {Mzh}%zl with the desired stochastic integral. This
convergence result can be compared with the Donsker invariance principle. In fact, we can use
any sequence of i.i.d. random variables which have the same expectation and covariance as the
Brownian increments to construct a stochastic integral, since the convergence is independent of
the distribution of the {€™}M_,. The method we present can be seen as a generalisation of the
method used in [134] in the case of SDEs.

Moreover, we can consider versions of Algorithms 3.1 and 3.2 where the convection term is
treated in a semi-implicit way, see Algorithm 3.3, such that the solution of problem (3.1.1)—
(3.1.3) is approximated by iterates solving linear problems only. For this scheme, the estimates
for higher moments of the solution, and of its increments remain valid, leading to the same
compactness properties as for the solution of Algorithm 3.1 or 3.2. This allows to conclude the
same convergence properties as for Algorithms 3.1 and 3.2.

Our second main contribution is the convergence of the whole sequence of Hp-valued iterates
{Um}%zo from Algorithm 3.1 on a given probability space to the existing unique strong solutions
of (3.1.1)(3.1.3), for d = 2 and multiplicative noise. This method can be seen as a generalisation
of the numerical methods presented in [62] to the 2D Navier-Stokes equations. Moreover, we
extend arguments from [98] and [97] to the given fully discrete setting. In [98], the existence of
strong solutions is shown by an abstract Faedo-Galerkin method. Here we use the implementable
Algorithm 3.1 to construct strong solutions of (3.1.1)—(3.1.3). A crucial difference between the
two approaches is the time discretisation: due to the fact that chain and product rules differ
from their discrete counterparts, residual terms arise in the present setting which need to be
shown to vanish for vanishing discretisation parameters. The main tool in this proof is a local
monotonicity result for the operator

G(u) :== —vAu+[u-V]ju+ %[div ulu,

taken from [97]. This property allows to identify the limit in the nonlinear terms without using
strong convergence type results explicitly: the argument does not employ the Skorokhod theorem
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as well, and, as a consequence, we do not need to construct a new probability space together
with a Wiener process on it.

This chapter is organized as follows. In Section 3.2 we collect necessary background material.
In Section 3.3 we show stability properties of solutions from Algorithm 3.1, and construct weak
martingale solutions of (3.1.1)—(3.1.3) from {Um}i‘r{:o in Sections 3.4 and 3.5.1. In Section 3.5.2,
we generalize these results to Algorithm 3.2. In Section 3.6, we construct strong solutions of
(3.1.1)—(3.1.3) as limits of solutions of Algorithm 3.1 for the case d = 2.

3.2 Preliminaries

3.2.1 General setting

Let us assume that D is a bounded domain in R?, d = 2, 3 with polygonal or polyhedral boundary.
Let LP(D) and W"™P(D) for m > 0, 1 < p < oo, denote the usual Lebesgue and Sobolev spaces,
which are endowed with the standard norms || - ||» respectively || - ||wm.» and, for p = 2, scalar
products (-, -) respectively (-,-)ym.z2. By Wj""(D) we denote the closure in WP (D) of C§°(D)
of all smooth functions defined on D with compact support. Let LF(D) denote the subspace of
functions from LP(D) with vanishing mean. The Lebesgue and the Sobolev spaces of vector-
valued functions will be indicated with blackboard bold letters, e.g. Wé’2(D) = T/VO1 2 (D,R%), for
d = 2,3. Since we work mainly with the domain D, we write usually W(l)’Q or 2. For a Banach
space X, let LP (O,T; X), and WP (O,T, X) denote standard Lebesgue and Sobolev spaces of
Bochner measurable X-valued functions. For the space W(l)’2 we denote by W12 its dual, and
by (-,-) the corresponding dual pairing. The following spaces play a fundamental role below.

V = {veC¥D);divv=0in D},
H = {VELQ(D);diVVIOa.e. inD, v-n=0ae. ondD},
V = {ve W(l)’2(D); divv =0 ae. in D},

where ¢’ denotes the standard scalar product in R¢, and n : 8D — R denotes the unit outer
normal vector field.

We denote D(A) = W?2(D) NV, and define the self-adjoint, inversely compact operator
A : D(A) — H via Au := —PyAu, where Py : L2(D) — H denotes the Leray-projection.
Below, we always suppose that the bounded domain D C R? is such that the unique solution
w € V of the stationary, incompressible Stokes problem —Aw+V7 = b in D C R supplemented
with Dirichlet boundary conditions belongs to V. N W22(D) provided b € L?(D), and satisfies
[wlwz2 < Cllbl|r:.

We summarize the assumptions needed below for data Q, ug, and f; see [46] for similar
assumptions.

(S1) Q € Z:(K) is a symmetric, positive operator.

(S2) g: L2 — L(K,LL?) is (strongly) continuous with linear growth, i.e., there exists a constant
K7 > 0, such that

le(V)llcaeLz) < KillvLe.
(S3) up € H, and f € C([Q’T];W—l,z)_

We recall the notion of a weak martingale solution of (3.1.1)—(3.1.3); see for instance [46].



30 CHAPTER 3. CONSTRUCTION OF SOLUTIONS

Definition 3.2.1. Let T' > 0 be given, and (S1)—(S3) are valid. A weak martingale solution of
(3.1.1)~(3.1.3) is a system (Q,F,F,IP’), u, W, where (Q,}",IF,]P’) s a stochastic basis, W is a
K-valued F-Wiener process with covariance operator Q € Z;(K) symmetric and positive, and

we £2(2;C(0,7): D(A™) 1 L*(0, T;H) 1 L*(0,T5V))

is an F-progressively measurable process, such that v > 1 and P-almost surely, for all t € [0,T],
the following equality holds,

(u(t,),v) + /Ot(Vu(s, ), Vv)ds — /Ot([u(s, ) - V]v,u(s, )) ds

= (uo,v) + /Ot(f(s, ), v)ds + (/ g(u(s, -))dW(s,-),v) Vvev.

0

A weak martingale solution for (3.1.1)—(3.1.3) and d = 3 under the above assumptions is
constructed in [46, Theorem 3.1 by an abstract Facdo-Galerkin method.

3.2.2 Space discretisation

For simplicity, throughout the work we assume that 7 is a quasi-uniform triangulation of the
domain D C R? (d = 2,3) into triangles resp. tetrahedra of maximal diameter A > 0, and
D =ger K. Let Py(K) = [P,(K)]¢ be the space of polynomial vector fields on K with degree
less or equal to . We introduce finite element function spaces for fixed i, j € Ny,

Hy, = {WeCD)nW,*(D); WePi(K) YKecT},
L, = {IeL}D);NlePj(K) YVKeT,}.

We assume that these spaces satisfy (for fixed ,j) the discrete LBB-condition, see e.g. [15,
Section 11.2.3],

(3.2.1) (div ®,1I)
2. sup ~—————-
och, |IVP|L2

for a constant C' > 0 independent of the mesh size h > 0. Let

> |||, Ve Ly,

N {<I> € Hy; (div®,I1) =0 for all IT € Lh} )
Note that V}, is in general not contained in H or V. We denote by P% : L?(D) — Hy, and by
Q) : L*(D) — Vj, L2-orthogonal projections, defined by the identities
(3.2.2) (z—P)z,®) =0 V®ecH,, (z2—Q)z,® =0 V®cV,.

The following estimates are standard, see for instance |15, 53],

(32.3)  |z—Qhzl: +h|V (z— Q)z) |2 < Ch*|Az|: Yz e VNW*(D),
(3.2.4) |z — Q%2 < Ch||Vz|: VzeVnWH3(D).

We recall the inverse inequality [14, Lemma 4.5.3], which holds for quasi-uniform triangula-
tions for every finite element function v;, € Hy,

m—~{+dmin{ ﬁ —

1
(3.25)  [[Vallyea < Ch 2 vy lwme  V1<q,@<oo, 0<m</l.

An important tool for proving the solvability and the energy estimates is the following identity

(3.2.6) (@-V]®,®) + %([div@]@,@) =0 V®ecH,.
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3.2.3 Time discretisation

Let I = {tm}%zo denote an equi-distant partition of [0,77] of time-step size & > 0. To con-
struct weak martingale solutions of the nonlinear problem (3.1.1)—(3.1.3) requires some strong
convergence of constructed subsequences which for deterministic problems usually comes from
the compactness results for instance of Aubin and Lions, and requires some estimates for the
time derivatives of approximate solutions. This strategy does not extend to the stochastic case
where approximate solutions are not differentiable; a key problem related to time-discretisation
is to properly set up sequences of continuous processes {Uy p}rn related to the discrete ones
{UmIM_ solving the iterative scheme, and to construct related filtrations {F j}x 5 that they
are adapted to. Another problem that has to be addressed in the present work is that approx-
imating functions in general are not solenoidal. In the following, we use a method based on
fractional Sobolev spaces, which are related to Nikolskii spaces. We refer to [122, Definition 1]
for the following

Definition 3.2.2. Let X be a Banach space, and T > 0.
i) Fractional Sobolev spaces are defined for 0 < s <1,1<p < oo by

Ws’p(07T;X) = {f € Lp(07T7 X) : HfHWS’p < 00}7

T r) — p dr 5
e ([ [ (5t

it) Hoélder spaces are defined for 0 < s <1 by

where

Lip® (0.71:X) = {f € L2(0.7:X) ¢ [|fllpe < o0}
where

£ () = F@llx

HfHLipS = €8S 8UpPy. t¢[0,T] |T _ t’s

ii1) Nikolskii spaces are defined for 0 < s <1,1<p < oo by
N*P(0,T; X) = {f € L(0,T; X) : || fllnsw < 00},
where
[fl[vsw = sup 62 f (- +6) = f()llLeo,r—6:x) -
>0
The following properties of these spaces are known, see for instance [122].
(i) WsP C N%P,
(i) WP C W"™P and N*P C N™P for s > r,

(iii) W*P and N*®P are both embedded in WP N N™P provided s > r,

1
(iv) if s > %, then both, W*? and N*? are included in Lip®~ ». In particular, they are included
in the set of continuous functions,

(v) if s —Z% >r— %, then WP C W™ and N*P C N™9 provided 0 < r < s < 1, and
I<p<g<oo.
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Let X be a Banach space, k > 0 and let I, = {t,,}*_, be an equi-distant partition of [0, 7.
Let us denote by G the set of functions belonging to C([O,T |; X) that are piecewise affine on
subintervals [t,,, tm+1], m=1,---, M.

The following criterion for the embedding of the space Gy into the spaces NP (0,T; X) will
be useful, see [3, Lemma 3.1| for a proof.

Lemma 3.2.1. Assume that 0 < a <1 and p > 1. Assume that f € Gy is such that for every
te{l,...,M}

M—¢
(3:2.7) Y f(tve) = Fltm) [ < K78
m=0

Then, there exists a constant C' > 0 not depending on f neither on k > 0, such that

(3.2.8) £ llverrx) < CK .

3.2.4 Compactness results
The following compactness results will be needed below; see e.g. [46] for proofs and comments.

Lemma 3.2.2. Assume that Xg C X C Xi are Banach spaces, Xo and X1 being reflexive.
Assume that the embedding Xo — X is compact, g € (1,00), and « € (0,1). Then the embedding

L9(0,T; Xo) NW*4(0,T; X1) — LI(0,T; X)
18 compact.

Lemma 3.2.3. Assume that Xo, X are Banach spaces such that the embedding Xo — X 1is
compact. Assume that q € (1,00) and 0 < o < 8 < 1. Then the embedding

W?4(0,T; Xo) < W*4(0,T; X)
18 compact.
The last compactness result relates Sobolev spaces to spaces of continuous functions.

Lemma 3.2.4. Assume that Xo, X are Banach spaces such that the embedding Xo — X 1is
compact, and some real numbers « € (0,1), ¢ > 1 satisfy

ag>1.

Then the space W4 (O,T; Xo) is compactly embedded into C([O,T]; X).

3.3 Existence and stability of discretised solutions

Let B = (2, F,F,P) be a stochastic basis. Let us first observe that in view of the assumption
(S1) there exists a K-valued Wiener process W with covariance operator Q. We fix this process,
together with the filtration F generated by it, for the remainder of this section.

In a first step, we derive existence and stability properties for the solution to Algorithm 3.1.
For this purpose, problem (3.1.4)—(3.1.5) is rewritten in the following form by using discretely
solenoidal functions,

(U™ - U™ 1 @) + ky(VU™, V®) + k([U™ - V]U™, &)
(3.3.1) +§([div U™ U™, ®) = k(f",®) + (g(U" HA,W,®) VeeV,.
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Lemma 3.3.1. Assume that 1 < p < oo is a natural number and U° € H;, with |U°||2 < C
for a constant independent of h > 0, and assume that £ € C(O,T;W*m). Then there exists
a sequence of Hj, x Ly-valued random variables {(U™, TI"™)}M_ which P-almost surely solves
Algorithm 3.1, and satisfies the following conditions for T = ty;:

(i)  for each m €{0,--- , M}, the map U™ : Q — Hh is Ft,, -measurable.

_ M
(i) E[ max ||Um\L2+kvzl||VUmnm+ ZnUm U] < or
m=

I m m 2P~ 1 m||2
<
(iif) E| max U 172 + kv E 10™|z= (VU H]L?} <Cryp,

M op—1
() E[(k>IVUTE) | <0y
- om=1
Above, the constants Cryp = Crp(TrQ, || UY| 12, ||f”Loo(07T;]L2)) > 0, and Cpr = Cr; do not
depend on k,h > 0.

Proof. Step 1. Solvability. We use Brouwer’s fixed point theorem to show the existence of
Vp,-valued random variables {U™(w)}*_, on Q solving (3.3.1). We argue by induction: since
UY is given, and |A,, W (w)|x < o0 for all me {1,...,M} P — a.s., we may then assume that
Ul ..., U™ Y(w) are also given. For every m € {1, ..., M}, consider the map F¥ : V;, — Vp,
defined by
(ffn((I)),'t/)) = (®- Umfl(w),@b) + ku(V@, V) + k:([@ V)@, )
k : m— m
+5 ([div@I®.9) — (5(U" (@) AnW(w). %) = (%) Y€V,

Since Vj, endowed with the L2 scalar product is a Hilbert space, F%, is well-defined. Moreover,

it can be easily shown that this mapping is continuous. Hence, on using identity (3.2.6) and
Young’s inequality, we have for all ® € V,

1 B 1
(Fa@,2) = (51202 — 10" @) - (U™ @) 2 s Am W) )
(3.3.2) k| V|2, — CE|E™12) 10 — k|| VB2 .

By the inductive assumption and (Sg), there holds for P-almost every w € €2,
Ron(w) = U™ (@) 122 (1 + |A W (W)l ) + CRIE™ |31z < o0

Hence, we may conclude that, with A, (w) = {¢ € Vj, : [l@[lf2 > 2Ry (w)} there holds
(Fu.(®), ) >0 V@ e Ay(w).

By Brouwer’s fixed point theorem, this implies the existence (but not uniqueness) of ® € V,,
such that F¥ (®}) = 0, see for instance [53, Corollary 1.1, p. 279]. Hence U™ (w) € V}, exists
P-almost surely.

Since the discrete LBB-condition holds, there exists an Lj-valued pressure {II"™}*_, such
that (3.1.4) is valid.

Step 2. Measurability. Proof of claim (i). This can be done exactly as in [38], see also [3].
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Step 3. A priori energy estimates. We will prove the three bounds from (ii) by first proving
an auxiliary inequality to deduce the second and third part of the inequality in (ii). Then we
prove the first part. We put ® = U™ in equation (3.3.1) and by using the following fundamental
identity

1 1
(3.33) (a,a—b) = ([la]f> = [b-) + 5lla—b[f. VabeL?,
together with (3.2.6), we find out that
3.3.4 1 um 2 Um—l 2 Um_Um—l 2 kv|IvU™ 2
(3:34) S (IU™[IL= — | 2 + 1] iz ) + kv Iz
= k(F™, U™) + ( (U™ YA, W, U™ — Um—l) + (g(U™ YA, W, U™
Fix m € {1,..., M}. Note that in view of Step 2, the last term on the right-hand side of (3.3.4)

vanishes when taking its expectation. By the Cauchy-Schwarz inequality, and taking the sum
from m =1 to m = M, after absorbing terms we obtain

M M
1 1 m m— m
(3.3.5) 5E[HUMH?LQ +5 2 U™ = U ke Y IVU Hiz}

m=1 m=1

< S IU°lE: + Ck Z £ [[5y-1.2 + Z g (U ) 702 AmWlk] -

—_

By the tower property of the conditional expectation, the independence of the increments of the
Wiener process, and assumption (S2) we find for the last term

E|e(U ™) 2 AnWIE| = E[E[lg(U" )12 12| A W | Fi, ]

—E|lg(U" ) 2 o) E[1An WIE| B, ]| = BT QB[ (U™ ) |2 1)
(33.6) < (TrQ)KikE[JU™ 2],

where in the last equality we use (2.3.4) with n = 1. Hence we conclude by applying the discrete
version of Gronwall’s lemma (see e.g. [117, Lemma 1.4.2]) to inequality (3.3.5), together with
(3.3.6), to obtain the following estimate

M
(3.3.7) (max E[[U"|2] < (0% + Ck Y 1712 )T < Cr.
In the next step, by using the estimate (3.3.7) together with (3.3.5), we obtain the second and
third estimate in (ii). To prove the first inequality in (ii), we start from equality (3.3.4), and use
the Cauchy-Schwarz’s inequality on the first two terms of the right-hand side, sum from m =1
to m = i, for a fixed natural number ¢ > 1, take the maximum over 1 < i < M, and apply the
expectations. As a consequence, omitting the positive terms on the left-hand side, we find

M
112 0 2
B | e, [0 < 10%0ke + Ok 3 167 yva + B

m=1

M
S ||g<Um‘1>AmWHiz]
m=1

m—1 m—1
(3.3.8) +2E max 71(g(U )A, W, U )],
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where we used the fact that for sums of positive terms, the maximum is reached for i = M. The
first two terms are clearly bounded. To bound the third term we proceed like in getting (3.3.6)
and use the auxiliary inequality (3.3.7), together with condition (Sz). It remains to bound the
fourth term. This is accomplished with the help of the Burkholder-Davis-Gundy inequality, see
[79, Theorem 3.3.28|, and assumption (Sg), after treating the sum as the stochastic integral of
a piecewise constant integrand:
(2
max Y (g(U™ HA,W, Um—l)]

1<i<M
m=1

E

. 1/2
< CE (kﬁ > ”g(Um_l)H%(IC,]L?)||Um_1‘|]%2>

m=1
o 1/2
m—1 m—1y2
(3.3.9) SE\ max, U™ |2 <k 2—1 lg(U )|,c(/c,1L2))

< SIU°Y: + 5E

m=1

M
70|12 m—1\(2
max, |U*(|f2 + & Z lg(U )||L(IC,L2)]

1012 1
< SIUY2: + 5E

M
max [ U + Kk uum-lu%’p] .
m=1
In the third inequality, we change the index from m to ¢ and shift it by one, taking in account
the initial condition. Thus, we can absorb the first term on the left hand side (3.3.8); using the
bound (3.3.7), we get then the first inequality in (ii).

Step 4. Bounds for the higher moments of the velocity. First we prove the assertion for
p = 2. At the end we indicate how our argument can be extended to any natural number p > 3.
Again we proceed like in Step 2, by proving an auxiliary bound analogous to (3.3.7), to deduce
the second and then the first part of the inequality in (iii).

We begin by multiplying identity (3.3.4) by ||Um||ﬂ%2, and consider the last two terms on the
corresponding right-hand side:

Ii= (gU"HAW, U™ — U ) |[U™|E, 1= (g(U"H)A,W, U™ )[U™ 2.,

By using the Cauchy-Schwarz’s inequality, we infer that

I < g0 R ean AW [U™ I, + 1[0 — U2, [U™ 2,
= gU™ 2 e) AW ([IU™ 12 — PO 2] + U™ 22 )
(3:3.10) U U, U2,
< U2 e A WIE U™ 2 + 48U )[4 1) | A W

1 _ 2 1 _
16 1072 = U™ |+ 0™ = U 2 U7 2

and

11 = (g(Um AW, U™ ) (U2 — U2, + U 2)

IA

(BU™H AW, U™ ) U2 + 4 g(U™ ) 2 o) [ Am W [U 22

1 m e 2
(3.3.11) +ﬁ]||U 12, — U2,
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Next, by using the identity (3.3.3), and the above estimates (3.3.10) and (3.3.11), we infer that
there exists a constant C' > 0 which does not depend on k, h > 0 such that
)

(3312) < 4)|g(U™ )20 Dm Wk +5]2(U" )% 2y Am WIE U2
FOR|E™ 41 + (&(U™H) AW, U™ U2,

1 m m— 1 1 m m—
(0™ = 10 + (1= [ + 2D [0 — [0 2.

1 m m m— m
+ 0™ (0™ = U2, + k| TU™ 22 )

Then, proceeding as in (3.3.6), by using (2.3.4) for n = 2, and the assumption (Sq), we get that

E[lg(U" it gein|AnWIk| < C(Tr QPRE[I8(U™ ik )

KiC(Tr QPR E U™ IL.]

IN

Next, by (2.3.4), and the linear growth condition (S2) for g, we find that the second term in
(3.3.12) can be estimated as follows,

A

E[gU" [y AnWIE U 2] < KZCE[[U™ 4] A, W |

IN

KRC(Tr QUKE[ U™ |L.]

Since the fourth term on the right-hand side of (3.3.12) vanishes when taking expectation, by
the discrete version of the Gronwall Lemma, proceeding as in Step 2, we obtain the second
inequality in (ii) i.e.

m |4
(3.3.13) lgr?naSXME[HU ||1L2} <Crp.

Next we use it to conclude
]

M
+E[ Y U™ (U™ = U + ke[ VU™ L )| < Ora.
m=1

M
1
m (|4 m||2 m—1/2
s, 210t o [35 omi o
m=

For the first inequality in (iii), we use a corresponding strategy as in (3.3.8) and (3.3.9).

max (g(Um1)AmW,Um1)HUM1Hﬁ2]

m=1

. 1/2
< CE (k Z Hg(Um_l)’%(K,L?)“Um_l”]?2>

m=1

M 1/2
(31)  <CE| max U™ (k > ugwm-l)\%<K,L2>\|Um-1uiz>

m=1

1 (|14 014
< 58 [ may 10N+ CIOPYE +

M
K3 uUm-luﬁzl -
m=1
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Thus, using (3.3.13), we may conclude the assertion for (iii) for p = 2.
We may now continue successively for p > 3, by multiplying (3.3.12) by HUmHHQj;_l, to arrive
at the following inequality

]

M
(3.3.15) FE[S U5 (0™ = U1, + k[ VU™ 2 )| < Oy,
m=1

M
E[ sup ([UE +ep 30 [IUTIE — U
1<m<M m=1

for some constants ¢, > 0 and §, = 25;11 2¢ = 2P — 2. We leave the details of the derivation of
(3.3.15) to the reader.

Step 5. A priori estimates for the gradient norm of the velocity. Here we prove the inequality
(iv). As in the previous step, we only consider in detail the case p = 2, and hints for the general
case are given. We take the sum in (3.3.4) (with index 7 instead of m) from i = 1 to i = m, and
afterwards square the resulting equality. This us leads to the following inequality

ky . moo
cIomlts + (g SIVUIE) < 10U + (k3 IFE:)

(3.3.16)

+ (i IIg(Ui‘l)AiV\’Iliz)2 - (i(g(Ui—l)Aiw,Ui—l)f
i=1 ;

1=

Next we consider only the expectation of the last two terms; the other terms can be bounded
easily. In the first case, by the Cauchy-Schwarz’s inequality for sums, and assumption (S3), we
have

E[(3 IeUHaWIE) ] < m Y E[leU )l AW
=1 =1
< Kim Y E[ULIAWE] -

=1

Next, using the tower property, the inequality (2.3.4) for n = 2, and the already proved first
part of assertion (iii) we get

Kim S E[|U LR AW, ]
i=1

O (Tr Q)*mk? Y E[|UY|L.] < Cra.
=1

IN

In the last term of (3.3.16) we use the fact the discrete time sequence can be represented as a
stochastic integral together with Burkholder-Davis-Gundy inequality, assumption (S2), and first
part of assertion (iii), to conclude that

m

Gam E[(S e Haw,u )] < CE[k S [UL] < Cra.

i=1 =1
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Putting things together in (3.3.16) shows inequality (iv) for p = 2.
For the case p > 3 we note that the following inequality
1 kv m . op—1 m op
G Iomis + (& S IVUiIE) - <00l + (k3191
i=1 i=1

-1

m

(3.3.18) +(Z ‘g(Ui_l)Az’WH%;)m)_l N (Z(g(Ui_l)Aiwin_l))
i=1 i=1

2p—1

holds.

We take expectation and bound each term independently. The first and second terms can
easily be controlled. The third term on the right-hand side can be bounded using the inequality
(2.3.4) together with the tower property, assumption (Sz), and inequality (iii). For the expecta-
tion of the last term in (3.3.18), we represent the discrete time sequence as a stochastic integral
and use the Burkholder-Davis-Gundy inequality.

The proof of the Lemma is therefore complete. O

Remark 3.3.1. To have |U°%|2 < C independently of h > 0, we can choose for instance
U’ = 2u0, because of the stability in 1.2 of the projection Q?w' see [59, Lemma 3.1].

In the deterministic case, a mesh constraint ensures the uniqueness property for iterates of
Algorithm 5.1 by a contraction argument for restricted numerical parameters F'(k,h) > 0. Here,
stochastic effects only allow uniqueness of iterates {U™} C L%(Q;1L?(D)) of Algorithm 5.1 on a
set Qg, e = e(k, h) > 0, with probability close to one. The following lemma shows uniqueness on
those sets 2. C  under restrictive conditions on numerical parameters, evidencing the subtle
interplay of discretisation and stochastic effects in a general setup of data.

Lemma 3.3.2. Let d = 2,3, and D C R? be a bounded polygonal domain. Suppose that the
parameters k,h,e,v > 0 satisfy the constraint
Ck
h2d—2¢
with a constant C = C(d, D,v=") > 0. Then iterates {U™}IM_, of Algorithm 5.1 are unique on
the set

<1,

1
- m 4 <
Q. : {w €N ‘ 1§mma§XMHU (W)llf2 < 5} .

where P[] >1—-E [maxlngM HUmH]‘iQ] €.

Proof. a) Let d = 3. Suppose that two sequences {U™}M_, {V™IM_ < [2(Q;1L.2(D)) solve

m=1>

Algorithm 5.1 for the initial condition U°. We subtract the corresponding equations to get for
=77 =U"-—V™"form>1

1 — m m— m m m m
5 (12712 = 1277 2 + 127 = 277 ) + k| V27|22 + k(U™ - V)™, 27
(3.3.19)  —k([V™-VIV",Z") + 2 ([divUTU™, Z7) — 2 ([div V"]V, Z7)

— ([g(Um—l) o g(Vm_l)]AmW, 7z _ Zm—l) + ([g(Um—l) o g(Vm_l)]AmW, Zm—l) .
Taking into account the skew-symmetricity of the stabilised convective term, we obtain

([um™.vjum™,zm™) — ([V™-VIV™, Z™) + %([div umum™,zm) — %([diva]Vm, z")
= ([z™-vju™,z") + %([div VARI VKV AL
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Then, for the first nonlinear convective term we use Holder’s inequality together with interpo-
lation of L3 between L? and W2, and an inverse estimate,

v C
(zm-vium,z™) < ||Z™|sl VU™ | 27 s < §IIVZmHi2 + gHZmHEQHVUmIIﬁQ
v C
(3.3.20) < SIVZIE + gh Iz RO

and correspondingly

. v C _
(3:3.21) (divzZm U™, 2") < ZIVZ s+ S h U
Here C' = C(d, D) > 0 denotes a constant resulting from the Gagliardo-Nirenberg inequality,
and from the inverse estimate. By Lemma 3.1 any finite moment of solutions of Algorithm
5.1 is bounded. Hence, we may define a set €. such that maxi<m<p [[U™(w)||{z < 1 for a.e.

L2
w € Q. and find by Chebyshev’s inequality
P[] >1—-c¢cE [Knrlnag(M ‘|Um‘ﬁ2:| >1—Crpe (e>0).

Thus, after multiplying (3.3.19) with the indicator function of 2., and taking expectation, we
may proceed by induction to establish maxj <<y E [[U™ — V™[2,] = 0.
First step: m = 1. Using the fact that Z° = 0 together with (3.3.20) and (3.3.21), we obtain

1 k
(3.3.22) E [(2 - CW> Lo || Z s + kvlq |[VZE:| <O,

provided Ckh=4e=ty=3 < 1/2.
Induction step: m —1 — m. Assuming maxj<j<m—1 E []IQE HZZH]%Q] =0, we want to prove

(3.3.23) max E [1q_||Z'|7.] =0.

1<i<m

First we observe that because of the induction assumption, there holds U™ 1 = V=1 P_as.
on 2., which implies that the term corresponding to the stochastic integral disappears. Then,
because of (3.3.19) we have

k

1 m m
E []lﬂs (HZ H]%} + kv||VZ H]?})} < CW

> E [Lo,|272:] -

This implies (3.3.23).
b) Let now d = 2. The main difference with respect to the three-dimensional case is that
now we interpolate L between L2 and W2, obtaining
v C
([zm-vjum,zm) < Z7(EVU™ e < SIVET(Z + 1272 VO™ 2
v c _
e L 1
and correspondingly

: m m m v m C - m m
(divZ™U™, 2" < LIVZIRs + b |2 U

Proceeding now as in past a) settles the assertion for Ckh=2¢~1v=3 < 1/2. O]
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The next result quantifies the time variation of the iterates {U™}M_ from Algorithm 3.1. It
will be useful later on to validate the related compactness properties of the iterates {Um}m:
Its proof evidences the interaction of noise, the incompressibility constraint, and the chosen
space-time discretisation.

Lemma 3.3.3.(1) There exists a constant Cp > 0 such that for every £ € {1,..., M}

M—¢
(3.3.24) E[k- > o — o2, Ut - U™ |[ymeey | < Crte.
m=0

(i) For every p > 2 there exists a constant Cp, > 0 such that for every £ € {1,..., M}

M-
(3.3.25) B[k 31U Um0 | < Ot

m=0

Proof. Step 1. Proof of the first part of inequality (i). a) First assume m > 1. Fix a natural
number ¢ € {1,..., M}. We replace the index m by i in (3.3.1), and take the sum from i = m+1
to i = m+£. Then choosing ® = U™+ —U™, and finally taking the sum over m € {1,..., M —¢}
leads us to the following identity

M—2¢ M—¢
k Z HUm-i—E _ Um”]%? — —sz Z(VUm-H, V[Um-i-ﬂ _ Um])
m=1 m=1 i=1
M—¢ ¢ 1
- k2 ( Um-H . Um+i + *[diV ]Jm-Q—i][yn-i-i7 Um-i—é _ Um)
m=1 i=1 2
M—¢ ¢
+ ]{?2 Z (fm+l Um+€ Um>
m=1 i=1
M—¢ ¢
+ k Z <g(Um+z 1)Am+iW7 UerZ _ Um)
m=1 i=1
(3.3.26) — I+II+IIT+1V.

Our aim is to show that the expectation of each of these four terms can be estimated from above
by C’tl/ We begin with the first term. By the Cauchy-Schwarz inequality, and Lemma 3.3.1,
(ii), we have

M—2

E[] < [k:Z||VUm+Z Um||L2(kZ|yVUm+l||L2)}
=1
< wVEEfE S VU (630 T
m=1 =1
M M 12
(3.3.27) < VEE[R Y VU (5 Y IVUTE) ]
m=1 m=1

M
< CroVEVTE[R Y VU™ 2] < Orty/? < oVt
m=1

Since both terms in /1 are similar to each other, we only treat the first one. Since the Sobolev
embedding W12 c LS is continuous, by using the Gagliardo-Nirenberg inequality for d = 3, the
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Cauchy-Schwarz inequality for sums, the Holder’s inequality, and the second part of (iii) and
(iv) in Lemma 3.3.1, and similar ideas as in the estimates of I, we infer that

1
E[1]] < [ZHU””‘ U™l D U7 o VU™

=1
M—¢
m—+L m m+ip1/2 m+i3/2
< CEkE Z [v[u™™ -uU HL2kZHU 2" VU \Lzl
=1

1/4 M 2/3 12 3/4

< oyE|23] uvu%(kZuUm“u IVO™*iiE.)

=1

3/4

IN

M 1/4 ¢
i/t (nz[(k > uvumm)“]) E [kZ ||Um+illié3IVUm“lli2]
m=1 =1

(3.3.28) < Cpt,/*.

The last estimate follows from the

(3.3.29) [kz||Um+l||2/3|yvum+i||§2] < CE

12
kY (II0m)2. +1) IIVU’"“HEQ] ,
1=1

We omit the straightforward estimates for E[I 11 ] For what concerns the last term in the
equality (3.3.26), by the Young’s inequality, the It6 isometry (2.3.1), and the assumption (Sg),
we infer that

M—¢

Y E[Umt - U]

m=1

E[IV] < CT(TrQ)T3/4t1/4( max E[||Um\|L2]> +

N

We conclude by observing that the second term above can be absorbed into the left-hand side
(3.3.26) and the first can be estimated with Lemma 3.3.1, (ii).

b) Consider the case m > 0. It is enough to consider m = 0 and ¢ = M — 1 in (3.3.26).
Then we have

E[I|U* - U°|2.] < 2(KE[||U° - U'|E.] + FE[|U' - U°|.]).
Because of Lemma 3.3.1, we have that kE[||U' — U°||2,] < Cpk. Thus, using a), we have
E[||U° - UY%,] + kE[| U = U°)2.] < C(t)/t + k) < ct)/*,

for k small enough. Thus the first part of (i) is proved.

Step 2. Proof of the second part of inequality (i). Let us fix a natural number ¢ € {1,..., M}.
Let us recall that there exist C' > 0 such that the following inequality holds

|- Nvwezy < Csup {(9) 1@ €V, @llurmez <1}

Consider (3.3.1), with index 4 instead of m, and sum it up from i = m+ 1 to i = m + £.
Then take the sum of it from m =0 to m = M — ¢, and finally the norm, and the expectation
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of it. We then arrive at the following estimate

o M=t
= S E[IU - U s
m=0
M-t ¢ ' )
< BY E[ sw (Z VU™, v[QY — Id]yp — w) }
m=0 . PV i=1
“‘p“VmWQ»Q <1
M—¢ 4 1 2
3 m+i m+i | 33 m~+i1 7m+i 0 _
+ Y B sup (Z[U VU 4 [div UTH)UT L Q) 1de +¢) |
m=0 PEV: i=1
”‘p”VnWQQ <1
M-t ¢ ' )
+ BY E[ sw (Z £+ QY — Idjg + <p) ]
m=0 ,  °V i=1
”‘P”Vmw2,2§1
M—¢ £ A 2
+ kY B[ sw (D e(UTTT)ALLW, Q) - Tdle + o) |
m=0 eEV, i=1
H‘p||VﬂW272§1
(3.3.30) =1+ I1I+I1II+1V.

We proceed separately with the terms I,...,IV.
By the second part of inequality (3.2.3), estimates (3.2.5), and the first part of (i) in
Lemma 3.3.1, we get

I < k3MZ£E[ sup (i{uvvm\Lzuwczz—ldkoup}+(Um”,—Aso))Q}

_ €V, .
M0 gl <l

M—¢ ¢ A A 9

< kY E[ swp o (k) ChTUT k] Aglz + (UM, Ag) )|
m=0 =1

PEV,
llellynaw2,2 <1

M—¢ l ‘ 9 M2 )
(3331) < Ck Y E[(KY N0 ] < 0k B max [U7)2:]
m=0 =1 m=0 -

< Crt} < OrTty.

We continue with term I7 in (3.3.30). Using integration by parts and the Cauchy-Schwarz
inequality, we obtain the following estimate.

M—¢ l
o= —k> B sw {Y k(U V(@) - Tdlp + ¢}, U
m=0 L)<t =
(3.3.32) —% ([divUm]um+, {[Qf - 1djp + ¢} ) }2]
M—¢ 14 ‘ ' 9
< kY E| s {Yk([Umt V(@) - Tdlp + o} U |
m=0 i=1

pEV,
llellyawe,2 <1

+  sup {i: B([divUmum (@) - 1djp + ¢} ) }2] =1L + IT,.

eey, i=1
llellyaw2,2 <1
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Then the continuous embedding W2 C L9, (3.2.3) and (3.2.5), like in (3.3.31), yield

mo= ks s {0 I e} o))
m=0 a1 L
M—¢

E sup {fk(uum”anV{[Q%—Id]soHLQIIVU”‘”HL?)}Q}

0 eev, i=1
llellyawe,2 <1

B[ s {10 ol TplisiUm ) )]

PEV, i=1
lellyqmpwz,2 <1

~

3
I

=

—¢
(3.3.33)

_|_
=
1

< Ck E[(ik|rUm+f‘HL3HUm+in)2}g
0 i=1

g

3
Il

Then the Gagliardo-Nirenberg inequality for d = 3, Lemma 3.3.1, (iv), and the first part of (iii)
further lead us to

M-t ¢ 2
< kY E [max Jum B, (kZ\\VUer"\!zlLé?) }
m=0 =1

1<i<t

1<i<¢t

M-t ¢ 1/2
(3.3.34) < Ct;f’/?kzla[max U2, (kDo Vo2, ) ]
=1

IN

cik Z (<[ o 18]) " (5[ (35 w02 ) < o
i=1

The additional term Il is now the order-limiting term. Since in general V, ¢ V, the iterates
{div Um}i{:l will be controlled by the second part of Lemma 3.3.1, (ii), for {VUm}%zl, such
that

M—2 )4

Ck . 4 2
o< 5 3E[ s (B[O U QR - Tdlp + ]l )|
€V, i
"0 ellygzast
(3.3.35) < Otk Z [max [umti|2, (kZHdwUmHH? )} < Cty,

where the following bound is used for every 0 < § < 3,
11Q) — Idlplli= < CIVIQ) = Znlplls+s + CVITh — Id]gp]|p 45
)
Ch=*57% | V[(Q)) — 1d) + (Id — Zy) el + Clepllez
Ch=*65% (B -+ h) [l + Clellwez < C,

IN

IN

by the Sobolev embedding, the approximation properties of the Lagrange interpolation, see
Appendix C , inverse estimates (3.2.5), the interpolation estimate for the Lagrange interpolation
(for instance [53, Lemma 4.4.4|), and (3.2.3).

A proper control of II1 is immediate. For I'V, by assertion (Sg), the tower property, and
first part of Lemma 3.3.1, (i),

M 7
v < CkY Zk}z[u + ||UZ‘1HE2)] < Cty.

m=0 i=1
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The proof of (i) is thus concluded.

Step 3. Proof of assertion (ii) by modifying the argument in Step 2. Fix some ¢ €
{1,..., M}, change the index in (3.3.1) from m to ¢, and sum up from i = m to i = m + /.
Choose ® = QY € V}, for any ¢ € V. Summation over m € {0,..., M — ¢}, property (3.2.2)2,
and taking expectations then leads to

M-t
- E [||Um+f - Um||’(’ww2,2),]
P m=0
M—¢ ¢ , P
<KUY E[ s (VUL -VIQ) - Tdp - Vo)
m=0 eeV, i=1
lellyrwz2 <1
M—¢ ¢ A 1 A ; p
B[ s (UM U v UTUT [Q) -~ Tdlp + )]
m=0 v, i=1 2
lellyrmwez.2 <1
M~ 4

+iPHL E[ sup (Z fm+i7<p>p]

m=0 $EV, i=1
lellyrmwe,2 <1

(3.3.36) —|—kMZ_£E[ sup (ig(UmJ’_i_l)Am—&—iW,w)p}
m=0

v, —
||‘PHV‘2W2,2 <1 =1
= I+I1T+1IT+1V.
A simple adaptation of the arguments from Step 2 leads to
I+ 1T+ 11T < Cp(& + 67 1 27y < o/

For IV, by the Burkholder-Davis-Gundy inequality, assumption (S2), and the first part of
Lemma 3.3.1, (ii),

v

IN

M—2 l
kY E[HZ g(Um”’l)AmHW‘
m=0 =1

p
]

M-t ¢ o o/
Ck ZZ:OE Kk‘ Z; Hg(UmH_l)Hc(x,M) ds) ]

p,p/2 m|p
CRYH B | mux (14 UML)

IN

IN

/2
<Ct)”.

This concludes the proof of the assertion (ii) and also of the whole Lemma. O

We define the piecewise affine, globally continuous process

(3337) Up(t.%) = 70" + UM () Y (4%) € ot t) X D,
and
(3.3.38) U, ,(t,x) == U™ x) Y(t,%) € [tm1,tm) x D,

)

(3.3.39) U, tx) = U™x) V(tx)€E (tmt,tm] xD.

)
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Note that

_ t - tm— m m—
(3.3.40) Upp(t,) — Uy ,(t,) = TI(U —U™ Y Ve bty tm) -

Hence, the C([O, T; Vh)—valued random variable Uy, ;, satisfies for every t € [t;,—1,tm),

Usn(t) = Up s @) + (¢~ i) {w (VUL VO) + (Uf, - VU, @) |

(3.3.41) +%(t —tm—1) ([divu;h]u,;h, <I>) = (t —tm1) (E(tm), @)
+HTW—1 [/t (g(U7)dW(s),®) + (g(U)[W(tm) — W(t)]’q))] ‘

3.4 Compactness properties of iterates

Lemma 3.3.3 controls fractional derivatives of the processd = Uy, : Dr — R?. Since N5v" C
W#2:" continuously if s; > s9 by [122, Cor. 24|, the following result immediately follows from
Lemma 3.2.1.

Lemma 3.4.1. Let k,h >0, and T =t); > 0. There exists Cr > 0 such that the solution Uy,
of (3.3.41) satisfies for every o € (0, 3) the bound

E[Huk,h”%/[/a»2(07T;L2):| < C'T~

For integer p > 2, € (0, %), there holds

The bounds in Lemma 3.3.1, and E[Huk,h|yi?(oj;wé,2)]

the following compactness result that follows from

< C as well as Lemma 3.4.1 allow for

(i) Lemma 3.2.2, with Xo = Wy and X = X; = L2, for a € (0, 1), and ¢ = 2,
(ii) Lemma 3.2.3, with Xo = L%5 and X = W~12 and 8 € (0, 3),
(ili) Lemma 3.2.4, with Xo = D(A™7) and X = D(A™7) for 1 <5 <+, and a € (0,1), ¢ = p.

Lemma 3.4.2. Assume that o € (0, §) and U° — ug in L2. Then
i) The sequence of laws {LU.pn)}kn is tight on L (O,T;}LZ) N W2 (O,T; W*LZ).
it) If v > 1, and p > 2, the sequence is tight on C’([O,T};D(A‘V)).

By Lemma 3.4.2, we can find a subsequence {Uy, ;,}1 r denoted in the same way as the full
sequence, such that the laws {E(U kh)} ., converge weakly to a certain probability measure p

on L? (O, T, ]Lz). The following result is based on the Skorokhod theorem [76, p. 9], which allows
to turn over to possibly another sequence {U) , }x, with improved convergence properties.

Proposition 3.4.1. Let a € (0, %), v > 1, and U° — ug in L2 for h — 0. There exists a filtered
probability space P = (', F,F,P'), and
i) a sequence {Ll;C h}k , such that for all indices k, h

n i Q= L*(0,T;L%) nW*(0,T; W—1?)
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s a measurable map and
LUy =L Uy,  on L2(0,T5L2) n W20, T; W 12) .
i) an L? (O,T;ILQ) N w2 (0, T;Wfl’Q)-valued random variable u defined on P’ such that
L'w)=p  onL*0,T;L*) nW**(0,T; W H2),
and P’ -almost surely
U, ~>u  in L*(0,T;L*) nW*?(0,T; W~ 1?) (k,h —0).
iii) Let p > 2, there exists a sequence {U;€7h}k7h such that for all indices k, h
et Q= L*(0,T;L%) N C(0,T; D(A™))
1s a measurable map and
LUp) = L' Uy ) on L*(0,T;L*) N C(0,T; D(A™7)) .
) an L? ((), T, LQ) N C(O, T, D(A‘V))-valued random variable u defined on B’ such that
L'w)=p  onL*0,T;L*)NC(0,T;DAT)),
for p > 2, and P'-almost surely
U, »uw  in L*(0,T;L*) N C(0,T; D(A™)) (k,h — 0).
We resume all the convergence results in the following

Lemma 3.4.3. Let o and «y be as in Proposition 3.4.1, and U° = ug in L2 for h — 0. Then

there exists a filtered probability space B’ = (U, F',F',P'), such that the following convergences
hold for k,h — 0:

(Z Y in LP (V3 L(0, T;L2))
U —~u in L2(€V; L*(0,T; Wy))
(3.4.1) U, —u in L?(SV; L*(0,T;L2)),
div Uy,) ", div Uy,)” —0 in L2(V; L*(0,T; L?))
diviy, , — 0 in L?(Y; L*(0,T; L?)) .

Proof. The assertions (3.4.1); and (3.4.1)y follow from the fact that the sequence {U§€7h}k7h

of piecewise affine Hj-valued processes and the original sequence {u k,h} kb satisfy the same
estimates, since they have the same laws; see Lemmata 3.3.1 and 3.3.3.

Convergence (3.4.1)3 follows by Lemma 3.3.1, (ii), Proposition 3.4.1, (3.3.40) and the uniform
integrability given by Lemma 3.3.1, (ii).

The first part of property (3.4.1)4 follows from (3.4.1)2, the discrete divergence-free constraint
(3.1.5), and approximation properties of the Lagrange interpolation Zp, : C*°(D) — Ly, (see [14,
Theorem 4.4.4]), such that for all ¢t € [0,7] and all A € C*(D),

E’[/OT(div(Uﬁg,h)Jr,/\)ds} = E’[/{)T(div(ug7h)+,[/\—1h)\]+Ih)\)ds}

T
= E’[/O (div(u;c’h)iA—IhA)ds]—w (k,h —0).
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The proof of the second part of (3.4.1), follows accordingly, using the strong convergence of the
discrete initial data

E [/T (div Wyp) " N ds] = E [/T (div @},) " A= TpA) ds| — KE'[ (U°, 9
0 - 0 (ltcl, h—0).
Finally, property (3.4.1)5 follows exactly in the same way, since Y’ is a linear combination of
(Ll’)Jr and ( ’)7. 0
We now may identify limits of the deterministic integral in Algorithm 3.1.

Lemma 3.4.4. ForT > 0, let {Ll;C h}k , be the sequence from Proposition 3.4.1. Then for every
¢ €V and every t € [0,T],

(i) lim E/ [/Ot (VUL T VQie) ds} =F [/Ot (Vu, Vo) ds] .

k,h—0

@ B[ (1007 S0+ i ) 100 Q) ]

:E’[/Ot([u-V]u,cp)ds}.

Proof. In addition to (3.4.1)2 and (3.4.1)4, we have the convergence
(34.2) Uip)”™ Uip)" = in L*(€; L*(0, T5L7)),

which is a consequence of the third part of (ii) from Lemma 3.3.1 together with (3.3.40), for the
sequence on the new probability space R’.
In order to prove part (i) of the lemma, let us fix ¢ € V. We note that

/O t{ (V@) vQlp) — (Vu, V) | ds

= [Vt viQto — ol) + (VW) ~ ) V0) s

Then, we infer that

lim E/ [ /0 t{(V( ) FVIQe — o) + (Vi) —uLw)}ds} = 0.

k,h—0

For the first term in the integral this follow by the uniform boundedness of {V(Ufmh)*} fop D

L? (Q’; L?(0, T;]LZ)) and strong convergence for ¢ — Q%(p in V. For the second term, this is a
consequence of the weak convergence of V(U ;)T in L2

To prove (ii), we integrate by parts in the l,eading term on the left-hand side, and use (3.4.2)
for the first term, and (3.4.2) together with (3.4.1)y for the second:

- lim | /0 (10" - V1QUp, W) + & (1 @) 100" Q) ) ]

k,h—0
= &[ [ (- i) as]

Integration by parts and using divu = 0 Lebesgue a.e. in Dy, and P’-almost surely then implies
assertion (ii). This completes the proof. O
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Due to the strong W!2-convergence of ¢ — Q%(p for h — 0, Lemma 3.4.4 remains valid if
Qgcp is replaced by ¢. Therefore

(@3.)" - VI k,h)++%[di\’(u2,h)+]( fn) T [ Viuin L2(Q; L0, T; D(A™Y))) .

3.5 Construction of weak martingale solutions

3.5.1 Construction by exact increments

We now prove that the random process u constructed in Section 3.4, together with a probability
space P’ = (', F,F,P’), and a Wiener process to be constructed is a weak martingale solution
of equations (3.1.1)—(3.1.3). For this aim, we follow an argument from |3, Section 6]. According to
the modified Skorokhod theorem formulated and proved in [128, Theorem 1.10.4 and Addendum
1.10.5], the new probability space ', together with a family of measurable maps ¢ p, : ' — Q
can be constructed such that

P = Pogpn,

wh = Uknodpp.
We can then define a C(R™, K)-valued random variable
(3.5.1) Win=Woors,

and using [132, Section 2| it can be shown that W;c?h it is a Q-Wiener process. In fact, for a
real-valued Brownian motion 3 from (2.2.1), we define (3%)} , (w') := 8" (¢pn(w')) for allw’ € €,
such that

P'[(5") € D] = P'[¢;.;,(8) (D)) = P[8" € D].

The claim then follows by noting the representation (2.2.1).

In Section 3.4, the Hj-valued process Uy, j, is defined in a natural way via piecewise affine
interpolation of iterates {U™}M_, from (3.1.4)—(3.1.5). However, in order to construct an appro-
priate Wiener process, we use another continuous L2-valued process U kb = {L~l kn(t);t€[0,T]}
defined by

(3.5.2) Upp(t) —Upp(0),®) + /0 t{u(v&;h, V) + ([&; w e VU, <1>) } ds

+/OT;([diV&;h]ﬁ;h,q>) ds:/0t<f(s),<1>>ds—|—/0t(g(u )dW(s),8) V@ e V.

M

Note that this process coincides with the process Uy, j, on the grid points {t,,},,_o, i.€.

a;r,h(tm) =u” :u;h(tm)g m=0,1,...,M.

Below, we will show the strong L2-convergence of a subsequence of {Ijl;ﬁh}k,h to u obtained
from (3.4.1). Using the properties of the stochastic integral for piecewise constant processes, we
compute

Qi (/t g(Um—l) dW(s)) — Qgg(Um_l){HTm_l(W(tm) - W(tmfl))}
= Qjg(U™™) [tmT_t(W(t) —W(tm-1)) — Hqu(W(tm) — W(t))} ,
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By subtracting (3.5.2) from (3.3.41), setting ® = Ijlkvh(t) — Uy n(t), taking expectation, using
the Cauchy-Schwarz inequality and the tower property, we get for ¢ € [ty—1,tm)

17~ -
SE[Ihn(t) ~UinZ] < E[lg(Um )l ognn|
_ 2
+E g (U™ ) B oy |2 (Wtm) - W) ]

E|lg(U" ) llcgers) | (T Q) (=t + ¢ =t )

cr(1+E[[Um2]).

(W(O) = Witn-0)] |

(3.5.3)

IN

A

We may define correspondingly the family of L2?-valued processes {Z,Nl;gh} i analogously to
(3.5.2), with LNI;CJL : Dy x Q' — R%. Then, by (3.5.1) and [3, Proposition 6.3],

~/

Un(t) — Uip(©0).8) + [ {o(V@)* V) + (1@ - V) @es) @) ) ds
0

~/

354)  + /0 T;([div o) |y @) ds = /0 (£(5).®) ds

~/

t
+/ (g(Upp)”) AWy 4(5),®) V@€V, Vte|0,T].
0

Using (3.5.4) we may now follow the argument in (3.5.3) to conclude

LT / 2 / roN—1(2

S0l 0) - U O12] < Cr(1 4 B @) I2]) e € 0.7],
Thanks to this estimate and (3.4.1)3, we obtain,
(3.5.5) U, —u  in L L%0,T;L?%) as k,h— 0.

Let [y 5, resp. I}, denote the natural filtration generated by the processes Ijlk’h resp. Zjl;’h.
We introduce the following Vj,-valued Fy, ;- resp. F% p-martingale defined on the filtered proba-
bility spaces (Q,F,F,P) resp. (', F,F,P') via

t ~
(Xpn(t),®) = /O(g(uk,h) dW(s),@) VB EeV,, t>0

~/

t
/0 (g((uk,h)_) dW;c,h(S)>¢) V®eV,, t>0.

( ?f,h(t)’ Q)

In the following, we identify the limit of the quadratic variation of the Vj-valued process
X;c,h for k,h — 0. This will be accomplished by verifying all assumptions of [20, Theorem C.2|,
and taking into account Theorem B.0.2, which is used to represent the quadratic variation by
dual pairing between D(A~7) and D(A?), instead by means of scalar product on D(A~7). This
choice is motivated by the fact that in the limiting equation we have test function from D(AY).
The identification of the stochastic integral is accomplished in three steps.

Step 1. We show the convergence of the quadratic variation process of X} ;. Let Ry =
{Ryn(t) ; t €[0,T]} be the quadratic variation process of the process Xy, . By 7[37, Section 3],
thanks to (3.5.2) we have

t ~ ~
(3.5.6) R (t) ::/0 Qe Q" [QheM;,,)Q"?]" ds.
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Since the laws of the processes (W,Zjlkvh) and (W;€7h,ljl;€7h) are equal due to (3.5.1), (3.5.2) and
(3.5.4), we infer that the laws of Xy, 5 and X}, also coincide. Therefore, in view of representa-
tions (3.5.2), (3.5.4) and [3, Lemma 6.3], the quadratic variation of the F) ,-martingale X , is
given by

~/

(3.5.7) 2 (D) 1:/0 Q?Lg((a;f,h>_)Ql/2 [Q(})zg((uk,h)_)Ql/Q]*ds vVt e[0,T].

Let v > 1. We define as a natural candidate for the martingale part of the process u the following
D(A~7)-valued process X’ on ', for all ¢ € [0,T7],

<X,(t)’¢>D(A*’Y) = (u(t) — o, )

(3.5.8) +/Ot{u(Vu, Vo) + ([u : V]u,go) - <f,<p>} ds Ve e D(AY),

where (-, ->D(A_7) denotes the dual pairing between D(A™Y) and D(A"). We take the limit

k,h — 0 of the Z;(Vp)-valued quadratic variation process R} ;. Because of (3.5.5), (3.2.3),
assumption (Sg) and Theorem B.0.2, we find for every 0 <t < T,

(R (01,02) pa—y = (R4 (0Q0p1, Qhz) = (R(DP1,902) pp )
(3.5.9) V1,02 €V (k,h — 0),

where R(t) = R(t)oI : D(AY) — D(A™"), v > 1, with the isometric isomorphism I : D(A7) —
D(A™7); see Appendix B. Because of Theorem B.0.2, R is then defined by

(3.5.10) R(t) == /tg(u)Ql/Q[g(u)Ql/ﬂ*ds vt el0,T].
0

Step 2. We have to show that the D(A~7)-valued process X' defined in (3.5.8) is a square
integrable martingale with respect to the naturally augmented filtration F generated by u, with
quadratic variation given by (3.5.10). In order to prove that X’ is an F-martingale we first note
that in view of [40, p. 75] it is enough to show that the process X’ is an F-martingale. For this
aim let us choose n € N and fix times s,¢t € [0,7] and 0 < 57 < -+ < s, < s, bounded and
continuous functions h; : D(A™Y) - R, i =1,...,n and vectors ¢ € D(AY),i=1,...,n. We
have to show the following equality

n

(3.5.11) i [<x’(t) — X'(5),9) pa [ [ 1 (u(s,-))} ~0.

=1

By the definition of X’ we obtain the following

n

E {(X'(t) - X’(S)a‘P>D(A—v) H hi (u(si))}
=1

=F [(’U/(t) —u(s), ‘P) H h; (U(Sz))} +E [(/:(vu? V) dS) ﬁhi (u(sl))}
+E [(/:([u - Vlu, p) ds) ﬁhi (U(Sz)):| —F K/St<f,<p> ds) ﬁhi (u(sz))}

(3512) = I+II+II1—1V.
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We only consider the terms I and I71 since the other two can be treated in a similar way. By
the convergence property (3.5.5), we infer that I satisfies the following identity

~/

I = Y B[ (dl () ~ Ui (61, Q) T bl ()]
=1

k,h—0

By Lemma 3.4.4, (i) we infer that IT1 satisfies the following identity

n
~/ ~/ ~/

1T = k,l,ifEOE,K/:{ (U} )"V (uk,h)++%[div (Z{;c,h)ﬂ (uk,h)+}dS>Q?zQ0) th( ;c,h(Si))} :

1=1

Therefore, by (3.5.2) and Lemma 3.4.4 (ii), the right-hand side of equality (3.5.12) is equal to 0.

Step 3. It remains to show that R is the quadratic variation process ((X')) of X’. According
to |20, Theorem C.2] together with Theorem B.0.2, we need to show that for every t € [0, 7]
and some r > 1,

(3.5.13) wp [ X (O Bia] < oo,

(3.5.14) sup E'[Hﬁ;’h(t) < .

HZ(D(A"/),D(A*V))}

To show estimate (3.5.13), we use Lemma 3.3.1, (ii);, and assumption (Sz), after reformulating
(3.5.2) in a manner similar to (3.5.8). To verify the condition (3.5.14), we use the definition of

I:Vl;g 5, and Lemma 3.3.1, after noting (3.5.9). Now that we have shown that these two assumptions
are satisfied, we obtain the following equation of the limiting process X’ at all times ¢ € [0, T,
(3.5.15)

T
<X/(t),<p>D(A,7) = (u(t) — uo, ) +/0 {(Vu, Vo) + ([u- Viu,p) — (f,<p>} ds Vo € D(AY).

Hence, the process X’ is a square integrable D(A~7)-valued martingale with respect to the
filtration F, with quadratic variation given by (3.5.10).

The remainder of the construction of a weak martingale solution for (3.1.1)—(3.1.3) is now
standard, using the martingale representation theorem; see for instance [37, Section 8.4, or [46,
Step 3 in the proof of Theorem 3.1].

We summarize the results proven in Sections 3.3 through 3.5.1.

Theorem 3.5.1. Let D C R%, d = 3 be a polyhedral bounded domain, T > 0, U° € Hy, such
that ||U°| 2 < C wuniformly for h > 0. Let (Q,]—",F,P) be a filtered probability space, and
suppose (S1) through (S3). For every finite (k,h) > 0, let Ty, be a quasi-uniform triangulation
of D, Iy := {tm}M_, be an equi-distant partition covering [0,T], and (Hh,Lh) a pair of finite
element spaces that satisfies the discrete LBB condition. There exists {(Um,Hm)}i\le which
solves (3.1.4)—(3.1.5), and satisfies Lemma 3.5.1.

Let Ijlkyh : Dy — R? be the continuous process obtained from iterates {U™}M_ in (3.5.2)
for k,h > 0, and U° — ug in L? for h — 0. Then, there exist a filtered probability space
(Q, FF',P"), a convergent subsequence {Z’Nl;c,h}k,h’ and w such that for all « € (0, %),

Uy, —u  in L2(0,T5L) AW*2(0,T;W2) (kb — 0)

P’ -almost surely, and an F'-progressively measurable Q-Wiener process W' such that the system
u, W, (U, F F,P) is a weak martingale solution of problem (3.1.1)~(3.1.3).
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In addition, provided that we fix v > 1 and p > 2 from Proposition 3.4.1 and Lemma 3.3.3,
then, P’ -almost surely,

U, —u  in L*0,T;L2) N C((0,T; D(AT))  (k,h—0).

Algorithm 3.1 amounts to solving nonlinear algebraic problems. Revisiting the above proofs
shows that weak martingale solutions of (3.1.1)—(3.1.3) may also be constructed by iterates which
successively solve linear algebraic problems.

Remark 3.5.1. We may modify Algorithm 3.1 to the following linear scheme.

Algorithm 3.3. Let U° € Hj, be given. For every 1 < m < M find Hj, x Lj,-valued (Um, Hm)
such that for all (®,A) € Hy, X Ly,

(U™ —U™ 1 @) + kv(VU™, V) — k(II",div®) + k([U™ - V]U™, ®)
(3.5.16) +§<[div U U™, @) = k(f", @) + (g(U")A,W,®),
(3.5.17)  (divU™,A) =0.

Accordingly, Lemmata 3.5.1 and 3.5.3, as well as Theorem 3.5.1 hold for iterates of Algorithm
3.38.

Remark 3.5.2. For simplicity, we used a function £ : Dp — R® with
£ e C(l0,T)L2)

but we can also assume that
fe LP(0,T; W12,

for the fixed p from Theorem 3.5.1, using a piecewise constant approzimation like in [125, Section

3.4.2].

3.5.2 Construction by approximate increments

The goal of this section is to construct a weak solution to problem (3.1.1)—(3.1.3) when the
increments of the Wiener process are replaced by general, not necessarily Gaussian, random
variables. Choosing simpler, for instance bounded, random variables may also improve conver-
gence of nonlinear algebraic solvers for Algorithm 3.2.

To this end let us assume that I}, := {t,,,}}_, is an equi-distant partition of size k > 0 cov-
ering the time interval [0, T], Fy = {F,, : tm € I} is a (discrete time) filtration, (2, F,Fy,P)
is a complete, filtered probability space, K is a real separable Hilbert space, Q € Z;(K) be
symmetric and positive, and {£€™}M_, a sequence of K-valued i.i.d. random variables such that
each satisfies

(SI;) €™ is F,,-measurable and independent of F;

m—17

(S) E[§™] =0, E[(€™ x)c(™,y)c] = k(Qx.y)c  Vx,y €K,
(SI3) E [|§m|,2<ﬂ < CKP, for all integer p > 1.

Note that the assumptions (SI;) and (Slz) are generalized versions of the assumptions needed
to show the existence of the R-valued Wiener process by a piecewise continuous interpolation
of an appropriate random walk on R. In the finite dimensional case, by the Donsker invariance
principle, the limiting distribution of increments is Gaussian. In fact, the Donsker invariance
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principle is a direct consequence of the central limit theorem. Here we do not use it, and the only
thing we need to get the right quadratic variation process is the condition on the first moment
and on the covariance operator. In the present case, these conditions on the first and second
moment allow us to show that, for k, h — 0, the limiting process corresponding to the stochastic
integral has the desired quadratic variation, which, by a martingale representation theorem, is
enough to show the existence of an appropriate Wiener process.

We now give examples of R-, and more general K-valued sequences of random variables
{€mYM_ that satisfy (SI;)—(SI3).

Example 3.5.1. 1. Let us assume that K = R and {gm}%[:l be a sequence of i.i.d. R-valued

random variables. We put €™ = \/Egm Below we list two admissible choices which satisfy the
conditions (SI;)—(SI3).

(i) P[E™ = +1] = 3, or

(ii) P€™ = +v/3] = L, and Plg™ = 0] = 2.

We refer to [102, Section 6.4] and [81, Section 9.7] for a further discussion of simplified schemes
of SODFs.

2. Let K be a real separable Hilbert space and {ej; j > 1} is an orthonormal basis (ONB) of
K. Then the conditions (SI1)—(SI3) are satisfied for the following system of random variables

o
gm = Z\/q?gj,mej’ m>1,

j=1
where {{ﬁj’m};’;l}%zl are i.i.d. R-valued random variables from part 1. of this example.

In what follows we will show that the iterates from Algorithm 3.2 inherit the stability prop-
erties of those from Algorithm 3.1. Once this result is obtained, we will be able to identify
the limits of the deterministic integrals exactly as in Section 3.4. Finally, we will use a gen-
eral theorem on the convergence of discrete time martingales to identify the limit of the term
corresponding to the stochastic integral.

Existence and stability of solutions

Assume that Uy is a function in Hj with |[U°[|;2 < C. We note that the random walk defined
through

Sp=0, S,=>» g(U ¢
=1

is a discrete time H-valued Fy-martingale. The following result holds.

Lemma 3.5.1. Let U° be a given function with ||U°||2 < C, and suppose that the assumptions
(S1)—(S3) and (SIy)—(SI3) hold. Then all results of Lemmata 3.53.1 and 3.3.3 remain valid.

Proof. We only sketch those parts of the proof which indicate the role played by the general
random variables {€™}M_, .

We begin with the proof of Lemma 3.3.1. We consider the term

M
E g0 )12 o™

m=1
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By the tower property, and assumptions (SI3) and (S2) we compute,

E| (072 e 1) €71E] = E[E (U™ IZ ez |67 | Fos ]|

(3.5.18) = E |0 ) |21 E[E" | Fria] | < CRE[Ig(U™ )2 c12)]
< K2CKRE[|[U™)2,] .

As a consequence, the assertions (3.3.7) and (3.3.13) are satisfied. Consequently, the second and
third part of (ii), and the second part of (iii), for p = 2, in Lemma 3.3.1 follow. We can prove
(iv) from Lemma 3.3.1, and as a by-product we get the first part of (iii). This implies the first
part of (ii) by interpolation of LP-spaces. Taking the maximum, and using the Doob’s inequality
for p = 2, as well as the independence of the random variables {¢'}}, we compute

m 9 M
i—1\ei Tri—1 < m—1\em prm—1\2
E (lgnr}anXM 3 (g(U )¢, U )) < LE mz_l(g(U )€™, U )
M
<O [ max, HU’“H@} +[[U°)Es + CoE Z_l ||g<Um1>emuftz] (6> 0).

The first term can be absorbed in the left-hand side, while last term can be bounded with the
tower property for martingales. This shows assertion (iv) of Lemma 3.3.1, together with the
first part of (iii) for p = 2. Then the first part of (ii) follows. This argument can be applied for
all integers p > 3.

Now we will prove Lemma, 3.3.3. The proofs of estimates of the L?-norm the time increments
in Lemma 3.3.3 are straightforward by using the discrete martingale property of the random walk

{Sm}m=1-

For integer p > 2, we use again the independence of the random variables {€™}M_| to
compute
M—¢ ‘ ' ‘ ’ M—¢ ¢ . '
k Z E[(Z g(Um+1fl)£m+z’ Q?zQ") } = k Z E Z(g(Um+1fl)§m+z’ Q%‘P)p
m=0 =1 m=0 =1
< ot
where in the last estimate we use the estimates from the first part of the proof. O

Compactness of the iterates and identification of the deterministic integrals

Recall the definitions of linear interpolation Uy j, in the framework from current section. For
t € [tm—1,tm) the following equality holds for all ® € Vy,

(3.5.19) Upn(t) — Uy, @) + (t - tm_l){(vu;h, ve) + ([, - v]u;;h,@)}
t— tmfl

+%(t — b)) (VUL U @) = (6~ b 1) (), B) + " (g(U™ ™ 8)

An argument similar to that used in Section 3.4 allows us to formulate the following result.

Proposition 3.5.1. Let «, 7, and p > 2 be as in Section 3.4. Let U° € Hy be such that
UY — ug in L2 for h — 0. Then there exist a filtered probability space B’ = (', F,F.P'), a
subsequence {u;“h}k’h of solutions from (3.5.19) defined on P’, and a process u which satisfy all
properties in Lemma 3.4.2, Proposition 3.4.1, Lemma 3.4.3, and Lemma 3.4.4.
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Identification of the stochastic integral

In this section let the elements of the time grid I be denoted by {t£; 0 < n < M} to avoid
confusion in the identification of the integral.

In order to identify the stochastic integral we need to show that the assumptions of Theorem
B.0.3 are satisfied and so conclude by means of a representation theorem. To this end, let (Uz’ W
respectively u, play the role of U,;f ,» Tespectively U in Theorem B.0.3, and let V' = D(A7)
E = D(A™7),v > 1. For the filtrations, we use the notations from Theorem B.0.3.

First we need a process which is a discrete version of the quadratic variation. Put (U*~1) :=
(U')~(t;). Then we define the discrete-time process
%

?

RE) = b (QUe((U)Q) (Qle((U 1)) Q1)
i=1

together with the corresponding piecewise constant interpolation process (Rj h)+. Denote
(M) =320 Q)g((U™1)) ¢". We claim that the process (¢, € V)

(Ni) (1) = (M )T (1), 0) (M) (10),%) — (R )T (th)d, %) n=0,1,....M

M

is an F¥-martingale. For this aim by using the independence of the random variable {£™}M_,

we get, for all ¢,9p €V,

m+1m+1

>3 (Qe(U))E ) (Qhe((U1))e %)

i=1 j=1

E

m—+1
-k Y (Qe((U))QYA(Qe((U))Q2) ¢, ) \ft’;f]
=1

S (e (UY)ale) (€ e (U )Qw)

i=1

—k(Qhg" (U™))QY2(Qhg" (U))Q2) 9,9 ) | }ff;] =...

=E

Using the fact that £™ is JF;,, measurable we get

=Y (e (U )Q) (€8 (U )aw)

~k > (Qe((U™1)Q(Qhg((U1)) QY2 6. %)
=1

+5| (Qhe(Um))er . 0) (Qle((U™))e" " 9)

—k(QRs((U™))Q2(Qle((U™))QY?) "¢, %) \E’}_;h] -
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Thus the claim is a consequence of the following train of identities.

E

(Qhe(Um))em,¢) (Qhs((U™))e™ " v)
H(@s(U)Q (0@ 0) 7
(e (o ale) (e () at)

—k(Qgg(wm)’)QW(Q2g<<Um>’)Q1/2)*¢,¢)1ff;]
— k(Qe"(U™))Qfg,g"((U™)) Qhw)
—k(Qhg((U™))Q"*(Qhe"(U™))Q"?) '¢.9)
= k(Qhe((U™)) QY2 (Q}e((U™))Q?) ¢ 9) -
k(Qhe((U™)) Q" (Qhg((U™))QY?) ¢ %) = 0.

where in the second equality, we used that £™*! is independent of fﬁ , together with (SIy), and
g((U™y) is fgn—measurable. "

We will now verify that the properties (B.0.9) and (B.0.10) hold. Firstly we observe that
(B.0.9) follows by the strong convergence of u./k,h in the space C'(0,T; D(A™7)), v > 1.

In order to prove the latter, let us recall that, in view of equality (3.5.19) we have

(M), @) = (@) (th) ~ Urn(0), @)
(3.5.20) + /O tmy(w )T V@) + (W) VI, @) ds
+;/Otl’€”([div(u;ﬁh)+]( ;,h)tcp) ds—/otfn(f(s),tb) ds V® eV,

k
Noting an obvious identity fg 1ds = fgm 1ds—+ fti 1 ds and using the strong convergence of U, ,

in the space C(O, T, D(A‘V)), ~v > 1, we conclude that the convergence (B.0.10) holds true.

Now we will verify whether the assumption (B.0.11) of Theorem B.0.3 is satisfied. For this
aim let us fix a time ¢ € [0, 7] and a sequence (t¥,)x~o such that ¥, — ¢. Since the function g
is Lipschitz continuous, by the strong convergence of U;C’ 5, in the space L? (Q; L?(0,T; IL.2)), and
by the fact that the projection QY converges strongly in L? (i.e. Q)x — x, for all x € V) to the
identity, we get

(R W), = (R E)69) = (ROBY) B eV,

where R = Ro I : D(AY) — D(A™Y), with the isometric isomorphism I : D(AY) — D(A™7)
from Appendix B, and

R(1) = /0 (8(u(s)QY2)(g(u(s))QY/2)" ds.
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Note that it follows from the above formula that the process R is F-progressively measurable.
The next assumption of Theorem B.0.3 to be checked is (B.0.12). We compute

(@00 (th), @)+ | (us, o>,<1>)\27"
+‘/ +,ve) ds +)/ .](’)+<I>)ds

" ]2/0’"([div<uz7h>+]< )".8) ds +1/ Jas| " v@ e,

IN

1
Sl @)

Thus, for ® = Q) for all ¢ € D(A7), v > 1 we have

IEIH(( W) @) < B[l e bl ).

2r tk 2r
[‘/ W) V@) ds| ] < E (/ IV@p) Iz ds) | V@I
0
tk
< CE (/ VU, )+|yi2ds) IVe|z:
0
tﬁq 2r
B || [ (100" Vit @) ds
0
[ tfn T
< CB | ([ 100 T @) 2 5)' | 191
- tfn .,
<CE|( sup | ;,h)ﬂig/ IV @) 12 ds) | @25
| t€[0,T] 0
- o 1/2 ¢k o 1/2
<ce| (s 00 1) B | ([ Ive i)’ el
tefo,T 0

Thanks to Lemma 3.3.1, we can conclude that

sup B [[| (M) ()56 )| < 00, 7> 1
h,k>

To prove (B.0.13), we note the sublinearity of g € Zo(K,L?), together with the uniform
boundedness of the projection QY : L? — Vj, and of Q € Z;(K). Now we have that the limit M
is a square integrable martingale with quadratic variation process

R(1) = /0 (8(u(s))Q"2) (g(u(s))QY2)" ds

The existence of the Wiener process follows from a standard martingale representation theorem
as in Section 3.5.1. Hence we proved that both Theorem 3.5.1 and Remark 3.5.1 hold for
Algorithm 3.2.

We can summarize the results proved in this section in the following result.

Theorem 3.5.2. Let D C R?, where d = 2 or d = 3 be a polyhedral bounded domain, T > 0
and U° € LP (Q,Hh) for some p > 2. Let (Q,f, IE”) be a probability space, K be a real separable
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Hilbert space and let Q € Z1(K) be a positive and symmetric operator. Suppose (Sz2), (S3), and
(SIi) through (Sl3). For every finite (k,h) > 0, let Tj, be a quasi-uniform triangulation of D,
let I}, := {tm}%zo be an equi-distant partition covering [0,T], and (Hh,Lh) be a pair of finite
element spaces that satisfies the discrete LBB condition. There exists {(Um,Hm)}TA:Zl which
solves (3.1.4)—(3.1.5), and satisfies Lemma 3.5.1.

Let Uy p, : Dy — RY be the continuous process obtained from iterates {U™}M_, in (3.5.19)
for k,h > 0, and U° — uqg in L? (Q;]LZ) for h — 0. Then, there exist a filtered probability
space (Y, F',F,P'), a subsequence {U§€7h}k7h, an ' -progressively measurable process u, and an
F’-progressively measurable Q-Wiener process W' such that the following two conditions are
satisfied.

(1) For all o« € (0, %), P'-almost surely,

(3.5.21) Jim Uy, = in L2(0,7:L%) W2 (0,7;W"2).
yJ—

(2) The system (u, W', Q', F',F',P') is a weak martingale solution of problem (3.1.1)—(3.1.3).
In addition, provided that v > 1 and p > 2, P'-almost surely,

(3.5.22) kl}gmou;7h =win L*(0,T;L*) N C([0,T]; D(A™7)).
,h—

3.6 Construction of strong solutions in the 2-D case

In this section we will show, using tools from papers [98, 97|, that iterates from Algorithm 3.1
converge to a strong solution to problem (3.1.1)—(3.1.3) for k, h — 0. The key tool in our analysis,
as well as in these two papers, is a sort of local monotonicity property of the operator —vA +F
defined below in (3.6.4). This property is used to identify a strong solution and allows to avoid
the use of a compactness methods. Our study in this section is restricted to the 2-dimensional
case, but we impose weaker conditions on the initial random variable uy and on f.

We summarize the assumptions needed below for data Q, ug, and f.

(SII;) Q € Z;(K) is a symmetric, positive operator.
(SILy) ug € L2(Q, Fo; H), and f € L2 (Q; LQ([O,T];W_L?)).
(SI3) The mapping g : L% — T, (Ql/ 2 (IC),’H) satisfies the Lipschitz condition
I8(v) — g(w)llz,qu2m) ) < Kallu— vz,
with a constant Ky > 0, such that

14
(3.6.1) IV = v)I2 — K= v]2 2 0.

Inequality (3.6.1) holds for all Ky < \; \/g , where A1 > 0 is the smallest eigenvalue of A.

Definition 3.6.1. Let T > 0, and suppose (SI)-(SIl3). Let W be an F-progressively measur-
able Q-Wiener process on the probability space (Q, F,F,P). A strong solution of (3.1.1)—(3.1.3)
1s an F-progressively measurable stochastic process u such that

u € L*(Q; L>°(0,T;H)) N L*(Q; L*(0, T V) ,
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and the following equation holds for all t € [0,T], P-a.s.
(u(t,),v) + V/O (Vu(s,-), Vv) ds —/0 ([u(s, ) - Vv, u(s, -)) ds
(3.6.2) = (up, v) +/0 (£(s,),v) ds + (/0 g((u(s, .))dW(s,.),v) Vvev.

In the first part of this section we consider the additive noise to point out the key steps that
are used in the construction of a strong solution. Then, we consider the multiplicative noise,
where the computations are quite similar but more involved. For brevity, we write Zy to indicate

T(QY3(K),1L?).
For a given r > 0, let us define

(3.6.3) B, = {veWy : ||vlws <r}.
The following result from [97] is crucial.

Lemma 3.6.1. Let us assume that d = 2. Then the nonlinear operator
1
(3.6.4) G: u— —vAu+Fu:= —vAu+ (u-V+ idiv u)u

s monotone in the ball B, i.e., the following inequality is satisfied

27r4 v
(3.6.5) (G - GW)u=v) + T fu— vl = 2| V(- V)|

for allu € W(l)’z, v € B,. Moreover, the operator G is hemicontinuous.
3.6.1 Additive Noise
First we assume the following weakened form of (SII3).
(SI) g:Qx[0,T] — L(K,H) belongs to L? (Q;C([O,T];E(IC,’H))).
Then we define g~ by
g (t):=g"  =g(tma1) VtE [tmo1,tm).

Assume that T" = tp;. The process U;h has been defined in formula (3.3.39), which is
constructed by Algorithm 3.1. We recall that we will not use the Skorokhod theorem anymore.
By Lemma 3.3.1, formula (ii), and (3.3.40) we can find a subsequence of the sequence (k,h),
which for simplicity of notation will denoted in the same way as the old one, such that

(3.6.6) Uf, —=u in L*(QL%0,7;Wg?)  (k,h—0).
Hence, we define Gy as

T T
(3.6.7) E [/0 (Go, ) ds] = liI}LﬂE [/0 (G(Ll;h),Q?lcp) ds] VoeV.
Here

1
(@) @) =v(Vuj, ve) + ([u;h VU, + Q[dwu;h}u;h,@) Ve eV,
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Since in our special case we obviously have, by (SII}), the convergence
(3.6.8) g” g in L (Q; LQ(O,T;IQ)) :

we infer that the process u satisfies the following equation, for all ¢ € ¥V, P — a.s., and for all
t €10,7T],

369) ()~ wp) + [ (Gols)phds = [ (10 ds+ [ ()W (s).0).

Hence, in order to prove that the limiting process u is a strong solution of Problem 3.1.1, we
have to prove that

E UOT (Gols), ) ds] _ E[/OT{y(vu(s),w) + (1u(s) - Vu(s).¢) bas]

Let p : [0,7] — R be a bounded monotonically decreasing function with p(0) = 0. Define a finite
sequence { pm}%:() by p™ = p(tm), m € N. Then multiplying the discrete energy inequality
(3.3.4) by e”” leads us to the following inequality

UM R — U R, < e {2k (—G(U™), U™) + [lg" AL WF2 )
(3.6.10) +e/" {(UT g AW + R}

We note that because of the It6 isometry (2.3.1) the following equality holds

M
1|
m=1

By Lemma A.0.1 the discrete time derivative dyp™ := (p™ — p™ 1) /k, see (A.0.3), satisfies the
following equality

M
3 g™ ALWZ | =E —E

m=1

E

M
B Hgm_lQl/zH%Q(mL?)
m=1

+ + _ +
o il 172 = di <ep ”uz,h||i2> — |yl F 2

We infer, by taking the sum in (3.6.10) from m = 1 to m = M, then taking the expectation,
using Lemma A.0.2, and identity (A.0.7), and finally using the tower property and Itd’s isometry,
we get the following inequality

T
E e D, (1)) < E[Hu;hm)niﬁ /O [dteﬂ*nu;,huizds}]
T
(3.6.11) +E U [eﬁz(—G(u,jh),u;h)]ds]
i |

T
E [ /0 o (g 12, + I£F]2:) ds] .

Applying first the identity (A.0.7) to the function p™ we find a bounded function g : [0, 7] — R
and a function ¢ : [0, 7] — R such that £(t) € (p~ (¢), pT(¢)) and the inequality (3.6.11) becomes

T
B o O () U, O] + [ o2 (Gug,) ) as
T t—p)?
(3.6.12) <E [/ U |32 [e/ﬁg(s)dt,ﬁ +ef(pp)} ds]
|

2k
T .
{E [ /O o (g 12, + I£F12:) ds] .
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Next we choose a function p in such a way that for all 1 <m < M
- + 27, N 10 4
(3.6.13) pr(t):=—r"(t) = —;kz 1Quv(E)llLs Vi€ (bm-1,tm],
=0
for a fixed v € C(]0,T]; V). Then, thanks to Lemma 3.6.1, the following inequality holds,

T
E / et <2G(v+) +drt vt vt —ugh) ds]
0 b

—|

(3.6.14)

v

T
E {/ e <2G(le+h) +drt UL, VT —U:h) ds} ,
0 k) k) 7

for all U, € L? <Q;L2(O,T;Wé’2)), and every VT = Q)v™ € L°°([O,T];Wé’2). Note that the
radius 7(t) of the time varying ball B, is determined by the function v+,

Now we try to pass to the limit in inequality (3.6.14). The terms which cause most problems
are those involving the discrete derivative, because they do not fit exactly in the framework of
(3.6.14). First note that because of Lemma 3.3.1, (i)3

EEBE [Hu;h —u;hl\m(o,T;IL?)] =0,

which implies the existence of an L?(£2; L?(0, T))-valued sequence 0 < {e;} such that the con-
vergence E [HekH%?(o T)} — 0 for kK — 0 holds, and

T ) T )
E [/0 e, 12 ds] _E UO [ ds] |

Then we use the fact that V* — v in L9(0, T} W(l)’Q) for h — 0 by (3.2.3) to conclude

T )2
C— - —rt (T —-r )
lim inf [ /0 (20 [e g(s)der™ +e’52k] ds] =
T )2
im i + 112 _ —rt . + 6(7" —-T )
l}fﬁi}%fE [/0 (\|le7hHL2 ek) [e (14 g(s) — Dder™ +e o ds

T
(3.6.15) = 1}1€r71’31>r§E [/0 ||le+7h||ize_7"+dtr+ ds] + 1}5«}1{%;1}%’

where

Ip=E [ /0 ' —en [e’”* g(s)dr™ + €t Wﬁ] ds}

(3.6.16) +E UOT (7 [e”(g(s) — 1)dyrt +e5(7"+_kr_)2] ds] .
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All terms in (3.6.16) converge to 0 in L'(2, L*(0,T)) by Lebesgue dominated convergence the-
orem, and so the residual term Zg converges to 0 for k,h — 0. Thus we get

T
. . —7"+ —’(‘+
%%fzﬁz[—/o (e 2GU,) + [e dﬁﬂ u;h,u;h) ds]

k,h—0

. T —r g+ g(TJr—T_)Z — -
+1}f;}l>%fE - ; e dirT +e % uhh,uk?h ds

T
. et et _
zmmMEF mW%@MﬁWWﬂW@—AG (MH£HWﬁﬂ®]

k,h—0

T
= liminf E [—/ (e—ﬁzg(u:h),uz-h) ds}
0 ) b

T
_pt _r
ZEF awmﬂﬁrW%@—A‘3U@%+Hﬁﬂ®]

T —r 27 4
=E |- e 2Go+ﬁ||v||L4u,u ds| ,
0

where we used (3.6.15) in the first step, inequality (3.6.11) in the second step, lower semicon-
tinuity of norms, strong convergence of the initial data, strong convergence of g~ and f* from
(3.6.8) in the third step, and Itd formula for the limit equation in the fourth step. Now we are
allowed to take the limit in (3.6.14) to get

E [/OT e " (QG(V) + Osrv, v — u) ds] >E [/OT e " <2G0 + Ogru, v — u) ds}

where 7 : [0,7] — R is defined by

27
ﬁHV(S)Hﬁ‘l Ve C([O,T],V) :

By density, we get that the inequality holds for all v € L*(Q; L>°(0, T; H)) N L?(2; L?(0, T; V).
Now the conclusion of the proof follows by a standard argument of monotone linear operators.
Set v := u+Aw, forw € L*(Q; L>=°(0, T; H))NL?(; L?(0,T;V)) and A > 0, divide the inequality
by A, and use hemicontinuity of the operator G to let A — 0 and get

0sr(s) =

T
E [/ (G(u(s)) - Gds),w(s))ds} >0,
0
which implies G(u(t)) = Go(t) with probability 1, a.e. in [0,7] x D, since w is arbitrary.

3.6.2 Multiplicative noise

Now we assume that g is a nonlinear function of u satisfying (SII3). In addition to the conver-
gences (3.6.6) and (3.6.7), we have

(3.6.17) gU,,) —go(t) in L*(Q;L%(0,T;Ty)).
Then it follows that the limit u is solution of the following equation

W@—MW+AKM%@®

(3.6.18) - /O (£(s), ) ds + /0 (g0(s)AW (s), @) Vi€ [0,T],
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for all ¢ € V. To prove that u is a strong solution, we need to identify the terms Go(t)
and go(t). A necessary condition for the uniqueness is a Lipschitz condition on the mapping
g: QVAK) »H,

(3.6.19) lg(v) — g(ulz, < Kallu— vy

As we will see in the proof, we have to combine the Lipschitz condition with the condition
given in (3.6.5). Summing these two inequalities we get

2774
(6w -GV u-v) - S lu=vii: + ) - gz,
1%
< =S IV=V)IIEs + Ku—vE: YueWs® VveB.

This implies (SII3). Then, using Lemma 3.3.1, we have

B[ Ot 1] < B[y, 0]

T
(3.6.20) +E [/ [dteJJrHuJ;,h”iz —e " <2G(u§h),u$h)} ds]
0

wm ] [ e (I )l + (u7,) 0]

Then for every v € C([0,T];V), define V* as in the computations for the additive noise case
and conclude

E [ T, (7) 22 — 145, (0) 2]

<E [/OT— —rt (2G(u;h) GV UL, —v+) ds]

E /OT o leU,) - <v+>||%2ds]+E{/0

T N )
(™) Nty = VI ds}

T
+E /0 e—r*ug(u;h)—g(u,;h)\%st]

+E —/OT e ((—2G(v+),u;h) —2 (G(u,;h) - G(W),W))ds]

] [ (2(st)80), + 18015, ) d

E /OT () (2 @i VF) = IV*112) ds] B [ /0

With Assumption (SII3), using the representation (3.6.15) for the discrete derivative of the
exponential function and condition (S3), we can get rid of the first three terms on the right-hand
side leaving only the rest term from (3.6.16). The fourth term does not cause any difficulty,
since g is Lipschitz continuous and the difference U3 koh —-Uu; kp CODVerges strongly to 0. Then, by
the same argument for the last term, to fit all the terms in the setting of (SII3)’, by using the
lower semicontinuity of the norm, strong convergence of the initial data, strong convergence of

T

(et as)
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V7T, and part (iii) of Lemma 3.3.1, we get

Jim B[ Dl (1) 72 — U, 0)]2:]
T
<E [ [ e (@G ul) - 2(G0 - Glv(s). v(s) ds}
T
E [ [ e g, - lewlk) ds]
T
2| [ @) @) - IvIE) o] +E[ [

Using (3.6.18) and It6 formula to substitute the left-hand side, and rearranging we get

"t u) ds] |

E [/OTe—T (2G(v) — 2Gg + dsr [v — 1], v — u)]
—E [/OTe_Tllg(V) - g0||%2] >0 Vvel(0,T}V).

Extending by the density argument to all v € L*(Q;L%(0,T;H)) N L3($; L%(0,T;V)) and
setting v := u, we get g(u(t)) = go(t) with probability 1, a.e. in [0,7] x D. Then using the
same argument as in the previous subsection, we can prove G(u(t)) = Go(t) with probability 1,
a.e. in [0,7] x D, finishing the proof of the existence of a strong solution.

According to [119, 98], strong solutions of (3.1.1)—(3.1.3) for d = 2 are unique. The arguments
used to show uniqueness are similar in both works. The authors consider the function y(t)(u(t)—
v(t)), for u and v two solutions and for some appropriate choice of y(t), show a corresponding
energy inequality, and with the properties of the convective term in d = 2, they prove that u
and v coincide P-almost surely for the same initial condition. As a consequence for our study,
uniqueness implies that the whole sequence {L{: nti,n generated by the iterates of Algorithm 3.1
converges to the strong solution.

We summarize the results of this section in the following theorem, which uses the stronger
assumption (SII§) instead of (S2), in particular

Theorem 3.6.1. Let D C R? be a polyhedral domain, and T > 0. Suppose (SII), (SIL), and
(SII,), and let W be a Q-Wiener process on the filtered probability space (Q,}", IF, IP’). For every
finite (k,h) > 0, let Tp, be a quasi-uniform triangulation of D, I, be an equi-distant partition
covering [0,T], and (Hh,Lh) a pair of finite element spaces that satisfies the discrete LBB
condition.

Let Ll;;h : D — R? be the piecewise constant process obtained from iterates {Um}%zo for

k,h >0, and let U° — ug in L? (Q; ]Lz) for h — 0. Then the whole sequence {u,j;h}k , converges
ur, —u  in L2 L20,7;W%)  (k,h—0),

where u : Dy x Q — R? is a strong solution of problem (3.1.1)~(3.1.3) in the sense of Definition
3.6.1.

3.7 Computational experiments

In this section we give some examples of discretisations of the stochastic Navier-Stokes equations
(5.1.1)—(5.1.3). To this end we consider the semi-implicit Euler scheme given by Algorithm 3.3
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for the discretisation. For the spatial discretisation we choose the LBB-stable MINI element,
which consists of continuous piecewise linear functions enriched with a ‘bubble’ part for the
velocity, and continuous piecewise linear functions for the pressure; see e.g. [74].

All the simulations are performed for the case d = 2 on a cartesian mesh of the domain D =
(0,1)% on the time interval [0, 1]. For the noise we consider the representation W := (W5, W2)7T,
for two independent Wiener processes W;, ¢ = 1,2 with values in the space T/VO1 2 We then
consider the following expansions; see (2.1).

(i) Exact Gaussian increments

(ii) Approximated increments

N
ApWi e VE Y (/AL e

Jk=1

Figure 3.7.1: Wiener process for eigenvalues from point a): Exact (left) and approximate incre-
ments, M = 256.

Here the elements of the basis are defined as the eigenvalues of the Laplace operator with
homogeneous Dirichlet boundary conditions on the domain (0,1)?, i.e.

ej = sin(jnz) sin(kry) x,y € (0,1), j keN.

In the case (i), the {/Bji',k}?okzlﬁ 1 = 1,2, are two independent families of independent R-valued

brownian motions, while the random variables {{gj:k’" %0:1}ﬁ:1a i = 1,2, are independent and

defined as

Pl =11 =Pl =—1] =

For computational purposes, the above expansions are truncated, i.e. only a sum over a finite
number N of terms is considered. This number N depends on the space discretisation parameter
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h, in the sense that its behavior should be O(h™!) in order to ensure convergence; see e.g. [132,
Section 4] for the stochastic heat equation. To avoid the influence of the truncation error,
we consider always finite dimensional covariance operator, which means that the sequences
{)‘;',k}ﬁ:p 1 = 1,2 are non zero for only a fixed finite number of terms.

We set f = (f1, fo)T with f; := —Au; + 0,7 for

ui(t,z,y) = 2*(1—2)*(2y - 6y* +4y°),
up(t,z,y) = —y*(1—y)*(2r — 62° +42%),
m(z,y,t) = (24" —2/3)(1+1%),

and ug = 0.

3.7.1 Wiener process

Here we consider the discretisation of the noise for M = 256. We show plot of the increments
of the noise for different choices of eigenvalues. We consider finite sums in (i) and (ii) above,
setting 30 as the number of non-zero modes.

a) )\k’] = W for jk < 30,

b) Ap; =1 for jk < 30,

In Figure 3.7.1 we can see the increments A,,W and the random variables &, for M = 256,
plotted for h = 1/50 for part a). For part b), the increments are plotted in Figure 3.7.2, for
M = 256 and h = 1/100. In this case, higher definition is needed to show the effects of the higher
order modes. The non-decaying behavior of the Eigenvalues from b) causes the increments to
be rougher, having a bigger L?-norm.

Figure 3.7.2: Wiener process with eigenvalues from point b): Exact (left) and approximate
increments, M = 256.

3.7.2 Brownian and discrete increments

Here we consider the discretisation of the solution corresponding to the forcing terms given in
a) and b). First we consider the Eigenvalues from a). In Figure 3.7.3 are depicted snapshots
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for the pressure and velocity at times t = 0.5 and ¢t = 1 in the case of Wiener increments, while
in Figure 3.7.4 the same plot are given for discrete increments.

As regards the Eigenvalues from b), in Figure 3.7.5 are depicted the snapshots at time ¢ = 1
for both, velocity and pressure, computed with exact and approximated increments.
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Figure 3.7.3: Velocity (left column) and pressure (right) for ¢ = 0.5 (first row) and ¢ = 1 for the
eigenvalues from a), computed with the exact increments.

From the computations, we observe how the regularity of the solution is influenced by the
noise. In particular, and this will be crucial in the next chapters, we notice that while the velocity
seems to keep some regularity even for nuclear noise, the pressure is particularly affected by the
regularity of the noise. Moreover, the pressure computed by the approximated increments is
smaller, due to the fact that in this case the increments are always bounded.
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Figure 3.7.4: Velocity (left column) and pressure (right) for ¢ = 0.5 (first row) and ¢ = 1 for the
Eigenvalues from b), computed with the approximate increments.

3.7.3 Navier-Stokes-Coriolis equations

Let {b;}?_; be the canonical basis of R?, and D = R? x (0,b), b > 0. We consider the following
Navier-Stokes-Coriolis equations

u; —vAu+[u-Vju+ Vr +((bg xu) =0 in Dp x Q,
divu=0 in Dy x Q,

with boundary conditions for the third component given by
u(t,r1,22,0) =0, wu(t,z1,z2,b) =upbs z1,22 €R, t > 0.

Here up € R is a constant and ¢ > 0 denotes the speed of rotation. These equations are used to
describe the motion of a fluid under the influence of the Coriolis force, which is represented by
the last term on the left-hand side of (3.7.1). Beyond the practical importance of these equations
(e.g. meteorology), an important consequence is that for ¢ big enough, the system admits well
posedness, evidencing the dissipative effect of the Coriolis force, which dominates the convection;
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Figure 3.7.5: Velocity (left column) and pressure (right) for ¢ = 1, computed with the Eigenvalues
from Example b) computed with exact (first row) and approximate increments (second row).

see e.g. [85]. It is remarkable that this system admits an explicit stationary solution given by

1—e % cos (%”)
Uit (21, T2, T3) = Up e s sin (%3) )
0
where § = b/7k, for k € Z, and

P up(1l — e_%)*1 if k is even
T w(l+e 5N if kis odd

This solution is called Ekman spiral, and describes the theoretical displacement of current di-
rection by the Coriolis effect!. Given this stationary solution, it is worth to study its stability.
The stability under deterministic perturbations has been considered by many authors, and ex-
ponential convergence of solution towards the Ekman spiral has been proved. For stochastic

!Encyclopaedia Britannica.
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perturbations, the problem has been considered in [72], where its stochastic analogue is intro-
duced, and its stochastic stability is studied by means of stochastic stationary solutions. the
stochastic problem reads.

w; —vAu+ [u-Viu+ Vr +((k x u) = edW in Dy x €,
diva =0 in Dy x Q

with the same boundary conditions.

Objective of this example is to consider a two dimensional version of the problem, and simu-
late a practical example. Our setting is slightly different, since we consider the two dimensional
problem with Dirichlet boundary conditions

u= (1,07 forxeFE, u=0 for € E°,
where E = [0, 1] x {1}, and non-solenoidal Wiener noise. In this setting, the Coriolis force reads

ug
((kxu)=(¢| —wm
0

To understand the interplay between the Coriolis force and the noise, we consider the discretisa-
tion of these equations for ( = 40 and € = 0.1 at a fixed time tj; = 3. The results are depicted
in Figure 3.7.6.

T
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Figure 3.7.6: Velocities for t); = 3, computed for the Navier-Stokes-Coriolis equations, with the
Eigenvalues from Example b) computed with exact (left) and approximate increments (right).

We note that the solutions is stable in the sense that it fluctuates around the profile shown
in Figure 3.7.6, for both, the exact and the approximate increments.

3.8 Summary and outlook

We analysed the qualitative convergence of different space-time discretisations, based on the
(semi-) implicit Euler scheme with a discretely stable LBB-stable finite element pairing.

In three dimensions, the problem is caused by the need of compactness to handle the non-
linear term, by the weakly divergence-free finite element pairing, and by the construction of the
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stochastic integral. The main tools are suitable a priori bounds for the discrete solution and for
corresponding increments. For the construction of the stochastic integral we consider two pro-
cedures: the computation by Gaussian increments, and the approximation by general random
variables with consistent assumptions on the moments. To show that the limiting object is the
desired stochastic integral, we make use of appropriated convergence theorems for continuous
and time discrete martingales, together with a representation theorem.

In two dimensions, we address the construction of strong solutions by a local monotonicity
method, which uses weak convergence only. The main problem is to adapt computations from
continuous to a discrete setting. This is accomplished by using a priori estimates for a per-
turbed problem, together with a careful handling of the residual term arising from the discrete
derivatives.

Further steps in the numerical analysis of the SNSEs are the quantitative statement on the
convergence of approximating sequences, the application of splitting methods to increase the
efficiency of the discretisation, and what are the properties of the Lagrange multiplier and how
this affects the convergence.

Acknowledgment: Parts of this chapter were written when I visited the Newton Institute,
Cambridge (UK) in the period January-May 2010 to participate on the program: Stochastic
Partial Differential Equations.
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Chapter 4

Splitting-based scheme for the Stokes
equations

4.1 Introduction

Let (Q, F,F,P) be a filtered probability space, and D € R?, d = 2,3 be a bounded polyhedral
domain and define Dy = (0,T) x D. We consider the d-dimensional stochastic Stokes equation

u—vAu+Vr = f+g(,u)W in Dp x Q,
(4.1.1) divu = 0 in Dy x Q,
u(0,:) = up inDxQ,

together with the Dirichlet boundary condition u = 0 on D7 := (0,7) x 0D. Here, the
velocity u = (ug,..,ug) and the pressure p are unknown random fields on Dp, and W is a
H-valued, F-adapted Wiener process, where H is a separable Hilbert space. Finally, g(-,u) be
an appropriate operator to be specified later. The study of the stochastic incompressible Stokes
system is e.g. motivated from modeling microfluids, where inertial effects are generally negligible,
and microscopic fluctuations are relevant contributions to fluid flow dynamics; cf. [124, 44].

Strong solutions u € L?*(Q;C([0,T];H)) N L*(Q; V), where Qp := Q x (0,T), of (4.1.1)
for proper operators g are usually obtained by a Galerkin method which employs divergence-
free approximates from finite-dimensional spaces H,, C H (n > 1) to remove the pressure from
the problem. This strategy is different from a numerical setting, where the choice of the finite
dimensional ansatz space for the pressure, as well as regularity properties of the pressure from
(4.1.1) crucially determine both, stability and convergence behavior of the resulting scheme, see
[53].

To properly handle the incompressibility constraint is a non-trivial issue, and is usually
accomplished in a variational rather than a pointwise sense; as it is well-known for the cor-
responding deterministic problem, discretisation strategies based on implicit methods cause a
significant computational effort due to the coupled computation of both, velocity and pressure
iterates. Moreover, choices of stable finite element pairings are restricted by the LBB-constraint.
As a consequence, splitting algorithms turn out to be a very promising alternative to reduce the
complexity of actual computations by successively updating velocity and pressure iterates; we
refer to [58] for a recent survey on this topic. It is evident that such a strategy is desirable to
solve the stochastic partial differential equation (4.1.1), where a significant number of trajecto-
ries has to be computed to obtain statistically relevant results for quantities of interest. The goal
of this paper is to show that the interplay of time-splitting strategies and the ‘stochastic nature’
of problem (4.1.1) is subtle, leading to a poor convergence behavior of known time-splitting
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schemes which perform well in the deterministic case. Computational experiments detail this
assertion, which roots in the non-regular pressure process in (4.1.1). In a second step, an op-
timally convergent stochastic time-splitting scheme is constructed that distinguishes between
approximations of the (non-regular) stochastic pressure, and the (more regular) deterministic
pressure.

To illustrate the problematic issue to construct a proper time-splitting scheme of a stochas-
tic equation, we start with Chorin’s projection method [30, 32, 125], which is one of the
first splitting schemes to solve the deterministic incompressible (Navier-)Stokes equation. Let
£ = f(ty, ) € L2(Q,1L?), suppose that ug € L?*(£,V) is given, and consider i.i.d. stochastic
increments AW,,, := W(t,,) — W(t;,—1), where k = t,,, — t,;,—1 > 0 denotes the mesh-size of the
equi-distant grid Iy, := {t;, }M_, covering [0, 7.

Algorithm 4.1. 1. Let 1 < m < M. For given u™ ! € L?(Q,V) and u™ ! € L? (Q,Wé’Q(D)),
find W™ € L2(Q, Wy*(D)) such that

(4.1.2) @™ —u™ ) — kv AT = kf" + g(tp—1, 0" )AW,, in D x Q.
2. Compute u™ € L*(Q,H), and #™ € L*(Q, W'?(D)/R),

W 4 EVAm =0,  divu” =0  in D xQ,
(u,n)=0 on 0D x Q.

We start a discussion of the scheme which ignores the stochastic term for a moment: the
latter step can be reformulated as a problem for the pressure function only,

1
(4.1.5) —An" = ~Z diva™ on D xQ, Onm™ =0 ondD x .

Hence, each step consists of (4.1.2), (4.1.5), and the algebraic update (4.1.3) to obtain u™ € H.

In order to understand error effects inherent to discretisation in time, and operator splitting
in Chorin’s scheme, we shift the index in (4.1.3); back, and add the resulting equation to (4.1.2);
together with (4.1.5), we then arrive at

(4.1.6) (@™ —a™ ) — kv AT + EVA™T = k" 4 g(tyo1, 0" AW, inDxQ,
(4.1.7) diva™ — kA7 = 0 in D xQ,
(4.1.8) On™ = 0 on 0D x 1,

and " = ug in D x . We make the following observations: (i) iterates { ﬁm}i\f:l of Algorithm
4.1 are not divergence-free any more, but satisfy the ‘quasi-compressibility equation’ (4.1.7),
with a penalisation parameter equal to k, (ii) iterates of the pressure satisfy a homogeneous
Neumann boundary condition, which is in contrast to pressure 7 : Dy — R from (4.1.1), and
(iii) the pressure iterate in (4.1.6) is used in an explicit fashion, which rules out an immediate
discrete energy law, where test functions u” and #™ are used.

For the deterministic case, by assuming D C R to be a convex polyhedral domain, uy €
H N W22(D), and f € W2 (O,T; LQ(D)), the following optimal estimates are proved in [112,
Theorem 6.1],

(4.1.9) mase (V7 b, ) — 512 + VEaltn, ) — @[l b < CF,
1<m<M
where 7 := min{1,¢,,}. Its proof consists of three steps: first, optimal error estimates for

the implicit Euler discretisation using solenoidal velocity fields are derived, where its derivation
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benefits from valid regularity properties of solutions u € C’([O, T; VHWQ’Q) NW 22 (0, T; V’); then,
a modified version of (4.1.6)—(4.1.8) is studied with respect to both, convergence and stability
properties, where the pressure iterate 7! in (4.1.6) is shifted to 7™; a key property here
is the existing bound © € L*® (O,T; w2 /R) for the deterministic evolutionary incompressible
Stokes problem. We remark that this pressure-stabilisation method (with parameter ¢ = k)
is of its own interest, since it allows for more choices of finite element pairings [15, 74|, which
are usually restricted by the discrete LBB condition. Finally, the third step accounts for the
explicit treatment of the pressure in (4.1.6), which strongly benefits from the upper bound of
fOT 7(8)||V7¢(s)]|? ds for the time derivative of the pressure from (4.1.1) in terms of the data uy,
f, and D7, where 7(s) = min{1, s}.

The goal of the present work is to study convergence properties of Wé’Q(D)—Valued iter-
ates {u™}M_, from Algorithm 4.1 to approximate solutions of (4.1.1). The main difficulties
which enter in the stochastic setting are due to restricted reqularity properties (in time) of solu-
tions (u,7) to (4.1.1), which are due to the driving stochastic term: for instance, the pressure
which is constructed by Helmholtz decomposition after u is found, need not even be absolutely
continuous with respect to time [92], see (4.2.6), but its regularity properties are crucial for
the convergence analysis of our splitting method as detailed above. Hence, there is the question
whether splitting effects inherent to Algorithm 4.1 will deteriorate convergence rates of computed
iterates {u™ %:1 — if compared to divergence-free velocity iterates {w" %:1, approximating
{u(tm, ) }M_,, solving the coupled Euler-Maruyama time discretisation of (4.1.1),

(4.1.10)(w™ — wm_l) — kv AW™ + kY™ = Ef" 4 g(ty_1, w"THAW,, inDxQ,
(4.1.11) divw™ = 0 inDxQ,
where w® = ug in D x Q. Note that the pressure o™ : D — R, which approximates p(t,,-),
will be eliminated from the convergence analysis where solenoidal test functions are used. As a

consequence, the following rates of strong convergence of Euler iterates {w™}M_, are proved in
[62],
(4.1.12)
m||2 1/2 mY |12 1/2 \f
Jmax (E[[jutn,) = w2]) "+ (BlF X0 19 (ltn) = w")Ra]) T < Or .

1<m<M

In fact, [62, Theorem 3.1| gives the rate of convergence for a finite dimensional Wiener process.
However, the proof can be modified in such a way, that the same result holds for the integral of
a Hilbert-Schmidt operator valued process with respect to a cylindrical Wiener process. Since
this will be the case (see Assumption (4.2.2) below), Theorem 3.1 of [62] is applicable.

The first main result in this paper is Theorem 4.3.1, which shows property (4.1.12) for iterates
{ﬁm}%zl from Algorithm 4.1 in the case of solenoidal noise. A discretisation in space using
equal-order finite elements is studied in Section 4.4, and overall error estimates for related finite
element iterates {ﬁm}%zl are given in Theorem 4.4.1. Then, computational studies are provided
in Section 4.5 which compare (anisotropic) convergence behavior of iterates from Algorithm 4.1
and (4.1.10)—(4.1.11) for different noise, and highlight that solenoidal noise is imperative to
assure optimal convergence behavior of the splitting Algorithm 4.1, which in the case of general
noise deteriorates to a poor convergence behavior. Those computational studies motivate the new
time-splitting scheme (Algorithm 4.3) in Section 4.5.3, which distinguishes between approximate
deterministic and stochastic pressure iterates. As a consequence, optimal rates of convergence
for general noise is shown both, theoretically (see Theorem 4.5.1), and computationally.

The remainder of this chapter is organised as follows. Necessary background for the stochas-

tic partial differential equation (4.1.1), and useful stability bounds for Euler iterates {w™}_,
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solving (4.1.10)—(4.1.11) are provided in Section 2. In Section 4.3, we estimate the additional
different perturbation effects due to the quasi-compressibility constraint (4.1.7), and the split-
ting character of Algorithm 4.1 due to the explicit treatment of the pressure in (4.1.6), which
then leads to Theorem 4.3.1. In Section 4.4, a finite element discretisation of Algorithm 4.1 is
proposed, where the study of the coupled error effects due to time discretisation, time splitting,
and spatial discretisation leads to Theorem 4.4.1. Computational evidence to highlight failure
of Chorin’s method in the case of general noise is reported in Section 4.5, as well as the modified
Algorithm 4.3 that performs optimally for general noise.

4.2 Preliminaries

4.2.1 The Problem

Let B := (Q, F,F, IP’) be a stochastic basis where F = {Fy; t > 0}. For the definition of stochastic
integral, we refer to Chapter 2. Let K and H, be two Hilbert spaces as in Chapter 2, and let
the spaces V and H be defined as in Section 3.2.1.

Recall the Stokes operator A = —PyA, with domain D(A) = VNW?22(D). Here, Py : L? —
H denotes the (Leray) projection operator. For Lipschitz domains D € R? and on VNW?22(D),
the operator norm || - | p(a) is equivalent to the W2(D)-norm. Throughout the paper, let

(4.2.1) up € L*(Q, Fo,P;V), and fe L*(Qx(0,7);L*D)).

Suppose that g : Q x (0,7) x W(l)’Q — Do ('H;V) is measurable Lipschitz, and sublinear; more
precisely, there exists a constant Cp > 0 such that for K = L? and K = W(l)’Q,

(4.2.2) gt v) — &t,W)|| 5, qp0) < Crllv =Wl Vte[0,T], Vv,we Wy,

and for v € W(l)’Q

(4.2.3) g(-,v) € L2 <Q; L2(0, T;Zg(H,Wég))) .

Definition 4.2.1. We call an adapted stochastic process a strong solution (in the stochastic
sense) of (4.1.1) if u € L*(Q;C([0, T}; H)) N M?([0,T],F; V) such that for all t € [0,T] and all

¥ €V holds P-a.s.,
t

(u(t), %) + V/Dt(Vu(s),V't/)) ds = (uo,®) + /Ot(f(s),'l,b) ds + (/0 g(s,u)dW(s),Q/J) )

The existence of a unique strong solution u € L*(Q;€([0,T];V)) N L?(Q; L*(0,T; D(A)))
which satisfies the energy equation

Ja(t)2, + 20 /0 [Vu(s)|2: ds = [uo2s +2 /0 (£(s). u(s)) ds

t t
(4.2.4) +2/0 (g(s,u(s))dW(s),u(s))+/0 lg (s, u(s)) |2, 300 ds Yt €[0,T]

is well-known; see for instance [37, Theorem 6.19]. Moreover, standard arguments yield for
ug € L*(Q, Fo,P; V) that u € L*(Q;¢4([0,T);V)) N L2(Q; L*(0,T; D(A))), and

T
B sup [lu)ne] +vE[ [ 1Au(s) 2 ds] < Or{1+ Elula] +
0<t<T 0

(4:25) +5[ ) e ds] + / (5,002, )] .
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see e.g. [27, Thm. 4.4 & Sec. 5]. In contrast, the limited available analytical results about
the pressure in (4.1.1) indicate very restricted smoothness: For g : Q x [0,T] x L?(D) —
Lo(H,L2(D)), there exists a unique (distributional) pressure (see [92, Theorem 4.1 and Remark
4.3])

(4.2.6) rell (Q,IF,IP; WL (0, T WLQ(D)/R)) :
such that P-a.s.

(4.2.7) w—vAu+Vr=f+g(, W)W  in (D'(Dp))?,

(4.2.8) / rdx=0  inD(0,T).
D

This result evidences a deregularising effect upon the pressure in (4.1.1) which is exerted by a
general noise. This feedback effect of general noise onto the (lack of) regularity of the pressure
may be avoided by analytical constructions using Leray projection, but causes severe deterio-
rations with respect to accuracy of well-known numerical schemes where accurate pressures are
needed.

As will be shown in Lemma 4.2.1 below, pressure iterates of the (coupled) Euler-Maruyama
scheme (4.1.10)—(4.1.11) are smoother for noise that is solenoidal, which is why we assume

(4.2.9) g:Qx[0,T] x Wy*(D) — To(H, V)

in Sections 4.3 and 4.4. Conversely, computational experiments in Section 4.5.1 show that
Chorin’s projection method only performs optimally in the case of solenoidal noise. Since in our
case g : Q2 x (0,T) x Wé’2 — Iy(H; V) the following Lemma 4.2.1 motivates

(4.2.10) melLl (Q,IF,JP; L*(0,T; WL?(D)/R)) :

which provides enough regularity of the pressure such that the splitting scheme performs opti-
mally. However, we are not aware of a rigorous analytical motivation of this fact.

Remark 4.2.1. A velocity field u that solves the stochastic incompressible (Navier-) Stokes
equations is usually constructed by an (“inner approximation”) Galerkin method that employs
solenoidal test functions, and thus eliminates the pressure p from the problem in a first step; a
pressure p is then later obtained by de Rham’s theorem; see e.g. [11, 46, 27, 92]. A different strat-
egy is to obtain solutions by perturbing the incompressibility constraint (‘quasi-compressibility
method’) to avoid the saddle-point character of the problem, for example (¢ > 0):

(i) divu®+en® =0 in Dr,
(i) dive®—eAn®*=0 in Dr, Onm® =0 ondDr,
(iii) divu®+enm; =0 in Dr, 7(0) =7(0) on D,
(iv) divu® —eAn; =0 in Dr, Onm® =0 ondDr, m(0) =7(0) on D.

The penalty method (i) is used in [25], and the artificial compressibility method (iii) in [97]
to construct solutions of the stochastic incompressible Navier-Stokes equations. The pressure
stabilisation ansatz (ii) is related to Algorithm 4.1 where € = k is chosen in (4.1.5); the pressure
correction method (iv) is used for numerical schemes as well; cf. [112] for further details.
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4.2.2 FEuler scheme

The Euler scheme (4.1.10)-(4.1.11) is strongly consistent. Suppose that (4.2.1)-(4.2.3), and
(4.2.9) are valid throughout the section. For every m > 1, there exists a solution w™ € L? (Q; V)
such that w° = ug, and

(W™ — w1 o) + kv(Vw™, V)
(4.2.11) — k(f™, ) + (g(tm,l,wm—l)Awm,w) VeoeV.
Moreover, solutions satisfy the error estimate given in (4.1.12) and shown in [62].

Some bounds for solutions of (4.1.10)—(4.1.11) in strong norms will be useful later, where the
first one mimics (4.2.4) on a discrete level.

Lemma 4.2.1. Let {w™}}_, C L?(; V) be a solution of (4.2.11), and let (4.2.1),(4.2.2),(4.2.3),
(4.2.9) be valid. Then

M M
() max E[lw|%] +E[D Iw - wm ] +vE [k Y Vw2
Sms m=1 m=1

< Or{E[l[uli2:] +E |k % I£722) }

m=1
M M
.. mi2 m m—17(12 m||2
()  max E[|Vw ||L2}+E[§_jluww =W |12,] + vE [k > lAw 2]

< cT{E[”vuolliz] +E[k % Hfml\iz} } :

m=1
M M
(i) E[k Y (Vo™ < Or{E[IVuolt| +E[k Y €72}
m=1 m=1
where Cr = C(uo,g,f, D,T) > 0 is a generic constant that does not depend on k.

Proof. Assertion (i). Choose ¢ = w™, and use the algebraic identity 2(a—b,a) = |a|* — |b|* +
|]a — b|? to obtain
1
2
(4.2.12) +<g(tm_1,wm*1)AWm,wm - wm> + (g(tm_l,wmfl)AWm,wmA) .

(w22 = w2 + w™ = w22 + vk Fw™ |22 = k(E™, w™)

Taking expectations puts the last term in (4.2.12) to zero. For the remaining stochastic term,
we use Ito isometry, and (4.2.2), (4.2.3) to conclude that

E H (g(tm_l, w"HAW,,, w™ — wmfl) H
= KE gt 1, W™ ) 2 )]+ 1E [l w2
< Crk(L+E[wm ) + iE[me —wr 2]

We now use the discrete version of Gronwall’s lemma in (4.2.12) to obtain assertion (i).
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Assertion (ii). Choose ¢ = Aw™, and proceed as before. We use (4.2.9) and integrate by
parts in the stochastic term to find

(4.2.13) (V[gltm, W AW, ], VW) 4 (T [gltm, wT)AW,, ], VW — w1 ).

After taking expectations, only the second term is non-zero; by Ité’s isometry, (4.2.2), (4.2.3)
an upper bound for it is

ZE[I90™ = w122 + CKE lgtm-1, W™ ) I, 02

E[|Vw™ —w" Y] + Crk(1+E[lw" 2] ) -

Putting things together, and using discrete Gronwall’s inequality then leads to assertion (ii).

Assertion (iii). For every m > 1, consider (4.1.10) as identity on L?(Q,1L?), which is justified
from the previous step. Term-wise multiplication with Vo™ and integration in space then leads
to

k m m m
5IVo™ 22 < Ch(law™ |22 + 17122

where we use (4.2.9). Assertion (ii) then validates the assertion. O

4.3 Perturbation effects: Quasi-Compressibility and Operator-
Splitting
Solutions {u™}M_, c W(l)’2(D) of Algorithm 4.1 satisfy (4.1.6)—(4.1.8), which illustrates the

different error effects due to time discretisation, quasi-incompressibility, and splitting character
in the scheme. The main result of this section is the following

Theorem 4.3.1. Let T > 0, D C R?, d = 2,3 be a bounded convex polyhedral domain, and
(4.2.1)-(4.2.3), (4.2.9) be valid. Denote by u € L*(Q;C([0,T];V)) N L*(Q; L?(0,T; W??)) the

strong solution of (4.1.1), and {u™}M_, c L? (Q,Wé’Q(D)) solves Algorithm 4.1. There exists a
constant C = C(E[||ug||yy.2], Dr) > 0, such that

N 1/2 M N 1/2
(431)  max (E[fu(tn,) = 8"2]) "+ (E[k 3 1V (altn, ) -0 2:]) T < OVE.
m=1

1<m<M
The proof is split into several steps: first, we study solutions
M
{v™ 0™} ey © L2 (95, Wy (D)) x L* (2, W'*(D)/R)

of the auxiliary problem (note that, in contrast to (4.1.6) where the approximation of the pressure
is given from the previous time-step, it is here computed by an implicit procedure)

(vm - vmfl,qﬁ) + k:V(va, V¢) — k(pm, V¢)
= (kf™,8) + (&(tm—1, V" HAW,,, ) Vo e Wy (D) P—a.s.,
(4.32)  (divv™, ¢) +k(Vp™, Vo) =0 Ve WD) P-as.,
Onp" =0 on 0D x Q)
and v = ug in D x Q, both, with respect to convergence towards the solution of (4.1.10),

and stability behavior. Then, we study convergence behavior for solutions of (4.3.2) to those of
(4.1.6)—(4.1.8).
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Proof. Step 1. The pressure stabilisation problem (4.3.2): rates of convergence. We show the
following convergence estimate for solutions {w™}M_, c L?(Q,V) of (4.2.11), and {v"}M_, C
L2(9Q,Wy?(D)) of (4.3.2),

s, (B[ - vm]) s (B S e vy ])
- m=1

1/2

(4.3.3) +<E [k:Q zﬂé IV (o™ — p™) HiQD < OVk.

Let €™ := w™ —v™ € L*(Q, Wh?(D)), and x™ := o™ — p™ € L*(Q, W'?(D)/R). Taking the
difference of (4.1.10) and (4.3.2) then leads to
(e™ —e™ 1 ¢) + kv(Ve™, Vo) — k(X" Ve)
= ((gltm—1,w™™) = gltm1, V") AW, 8) VS EWGA(D) P-aus.,
(4.34)  (divv™,¢) + k(VX™, Vo) = k(Vo™, Vo) Vo e WD) P-—a.s.,
OnX™" = Opo™ on 0D,

and €’ = 0 in D x Q. By setting ¢ := €™, ¢ = x™ in (4.3.4), using the Lipschitz continuity of
g, adding both identities, and using Young’s inequality, then leads to

1

S (el — le™ Y22 + lle™ — e 22 ) + kv Ve™ |22 + K2V X" 2

1
< ([g(tm-1, W™ ™) = ltm1, V" AW €7 + Ll — e,
_ _ 1
g1, W™ ) = gltm-1, V" OIAW 22 + TR IVX" IR + KV 2

The leading term on the right-hand side vanishes when we take its expectation. By It6’s isometry,
and (4.2.2), there holds for the remaining stochastic integral term

E|llgtn—1, %) = gltm-1,v" AW 2] < Ck(1+E[lle™[2:]) -

We now take expectation term-wise, and sum over all steps 1 < m < m* < M; because
of E[||e°||?;] = 0, Lemma 4.2.1, (iii), and the discrete version of Gronwall’s inequality, after
summation we arrive at

*

1 . 11 i
SE[le7 2] + 7E[ D e — e iE:] + B[k Y [ve 2]
m=1

m=1

(4.3.5) +ZE[1¢2 > van;ﬁz] < ctm*n«:[ﬁ > ||qu||iz] < Crk.

m=1 m=1

Step 2. The pressure stabilisation problem (4.3.2): stability. Proper bounds are needed for the
pressure in (4.3.2) to validate optimal error estimates between solutions of (4.3.2) and (4.1.6)—
(4.1.8) below. We show

M M
(4.3.6) 1§n1r711a§xME{vaH%W1,2] + E[k 3 vaugw} R [k 3 meuﬁg} < Or.

m=1 m=1
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Hence, for solutions of problem (4.3.2) there hold the same estimates which are valid for solutions
of (4.1.10)—(4.1.11) from Lemma 4.2.1.

Property (4.3.6); follows from the term (4.3.3)2, and Lemma 4.2.1, (ii), and property (4.3.6)3
is a consequence of (4.3.3)3, and Lemma 4.2.1, (iii). A formal derivation of (4.3.6)2 uses (4.3.2)1,
which we multiply by —Av™, and then integrate over D. After summing up over all1 < m < M,
by taking expectations and absorbing terms we arrive at

1 M2 RS m m—1y/2 v S m)|2
SE[IVVYIE] + SE[ 3 IV G = v iiEa] + ZE[k 3 av™2:)

m=1 m=1

M M
(43.7) < SE[IVVIR:) + CE[k 3 195 2] + OB [k S 1£7)2:]
m=1 m=1

M—1 . I
—H{?E{Zl Hg(tm—l,vmfl)H%Q('MWLz)} + 4E[Zl HV[Vm _ Vmil]”]?ﬁ} ’

where we use the fact that E[Z%zl(Vg(tm_l,vm_l)AWm, Vv )] =0, and Ito’s isometry.
By (4.2.2),(4.2.3), we have E[[|g(tm-1, V" )| z,aw12)] < C(1+E[[[v™ {lw12]). The bounds
(4.3.6)1,3 then allow to conclude (4.3.6)2 from (4.3.7).

Step 3. The splitting error: comparison of problems (4.3.2) and (4.1.6)—(4.1.8). We estimate
the differences €™ := v — u™ € L? (Q,Wé’Z(D)), and n™ = p™ — 7™ € L*(Q,W*(D)/R),
which are determined by the following system of equations,

(€7 — &™) + kv (Ve™, Vo) + (V™. 8) = (€™¢) VoeWy (D) P-as,
(4.3.8) (dive™, ¢) + k(Vn™,V¢) = 0 Vo e WD) P-—as.,
o™ = 0 on 0D,

where g9 = 0, and
(4.3.9) EM = —kV[p" — p™ 1 + (g(tm_l,vmfl) —g(tm-1, ﬁmfl))AWm.

Upon testing (4.3.8)1 by €™, and (4.3.8)2 by n™, adding both identities, using Young’s inequality
with §; > 0 and absorbing terms then yields

L

2

(4310) < ([g(tm1,v" ") — gltm1, @AW, e 1) — k(T = p 1) ™)
o b1,V ) = gltt, @AW 2 + Brfle™ — ™2

(™22 — ™22 + lle™ — €™ 22) + kv Ve™ 122 + K2 (T, V™)

Again, the expectation of the leading term on the right-hand side vanishes; It6’s isometry, and
(4.2.2) yields to

E[llgtn-1,v""") = g(tm-1, 8" AW, |2:| < Crk(1+ElJle™ ! 2:]) -

There remains to deal with terms which contain pressures. We use (4.3.8)2 and Young’s inequal-
ity with 9 > 0 to conclude that

B (Vi Vgt = B VR — K (Vnm, V™ - nm‘l])
(4.3.11) = E|Vn™|i. — k(Vn™,e™ —e™t)

1
(1= )RV 72 — S2lle™ — ™32
469
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The remaining crucial term in (4.3.10) is bounded as follows,
2 m m—1 m 2 m||2 k? m m—17(12
e G e B I g e A i[9

where we used Young’s inequality with d3 > 0. To keep the corresponding terms in (4.3.12)
nonnegative, we choose parameters d; > 0, ¢ = 1,2, 3 such that
1 L 03 >0, d L 01 —02>0
15, 3 5 1—02 20U,
Next, we sum over all 1 < m < m* < M in (4.3.10), and take expectations. Then, by the
discrete Gronwall inequality,

*

E[Je™ 12:] + (5 - 61 - @)E[f le™ =™ 2a| +vE[k D [Vem ]
= m=1

1 2 ™

k
(4.3.12) +k2<1 T 53) [Z \|vnmup} < CT445 vamniz < Cook,

m=1

where the last estimate uses (4.3.6)3, and 7% = 0 is a consequence of (4.3.2)s.

By putting together results (4.1.12), (4.3.3), and (4.3.12) yields the error bound,

mas (E[ (b, )~ 52:]) "

1<m<M
(4.3.13) (V]E [k 3 IV (ultm,-) ’”)\|§L2D1/2 < O(\/%Jr Vi + \/E) ,
1<m<M
which proves Theorem 4.3.1. ]

The following stability result for solutions of Algorithm 4.1 will be helpful in Section 4.4,
where we consider an optimally convergent, practical finite element discretisation.

Lemma 4.3.1. Let T > 0, D C R%, d = 2,3 be a conver polyhedral domain, and (4.2.1)—
(4.2.3), (4.2.9) be valid. {a™}M_, c L? (Q,W(l]’z(D)) be the solution of Algorithm 4.1. Then,
all estimates given in Lemma 4.2.1 remain valid.

Proof We use (4.3.6) and (4.3.12) to validate bounds (i), (iii), and (ii);,2 in Lemma 4.2.1 for
{um}M_,. In order to (formally) verify E[k Zm L[An™|2,] < €, we multiply (4.1.6) by
—Au™, integrate over D, and consider expectations. Similar arguments as above lead to

~m i 3 oi~em ~m— 3kv ~m
SE[IVE™ I, — Va2, + IV — &R + 5 R AT 2]

< B[ T2 + Ok (1 4+ BT 3] orsie)

We now sum up 1 S m S ]\4'7 use the fact that V’]TO = 0’ and may use the available bound
E[Y 0, V7™||2,] < C to obtain

M
E[k 3 HAﬁ’"Hiz} <Cr.

m=1
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4.4 Finite element discretisation

Let T be a quasi-uniform triangulation of the polygonal or polyhedral bounded Lipschitz domain
D c R? into triangles or tetrahedra for d = 2 or d = 3, respectively. We define the lowest order
finite element space

Hy={®c¥¢(D): ®|,cPi(K) VKeT},

where P;(K) denotes the set of polynomials of degree less or equal than one if restricted to the
element K € 7. We introduce equal-order finite element function spaces

Hy, = [Ha)?,  and Ly := H, N LE(Q),
and HY) := Hj, N W(l)’Q(D). We recall the L2-orthogonal projection P : L? — HY, where
(¢—Pip.€) =0  VEeH,
for which holds
¢ = Ppglliz + 2| V(@ —Pho)lliz < CLZ(|Bllw=2 V€ W2
Accordingly, there holds for P! : W12(D)/R — L, where
(VIx = Pax), V) =0 Vne Ly

that
Ix = Puxllze + hlIVIx = Bixlllze < CR®|Ixllw22 Vx € WH2/RAW?2.

Below we use finite elements for a fully discrete version of Algorithm 4.1. Moreover, for
simplicity we assume that g is independent of time.

Algorithm 4.2. 1. Let m > 1. For given U™~ ! € L2(Q, H},), find U™ € L2 (Q,Hg) such that

(U™ — U™ 1, ¥) + kv (VU™, VYD)
(4.4.1) — B(f™ W) + (g(tm_l, ﬁm_l)AWm,¢> Ve HY .

2. For given U™ € L2 (Q,H) (D)), compute I € L?(Q, Ly,) from

(4.4.2) (VII™, Vyx) =
OpII™ =

1~
%(Um,Vx) Vx € Ly
0 ondD.
3. Update _
(U™, ) = (U™, ) — k(VII'™, ) Vo cHy,.

The following result provides error estimates for the fully discrete scheme.

Theorem 4.4.1. Let the assumptions in Lemma 4.5.1 hold. Let {ﬁm}ffz
computed from Algorithm 4.2. Then

| C L*(Q,H}) be

h2)
7o)

1<m<M

s 1\ 1/2 M ~ g 1\ /2
max (E[[utn, )~ 0" 12]) " + (B[ X2 19 tm, ) - O™I:]) " < O(VE+h+
m=1
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Because of Theorem 4.3.1, it is sufficient to control the error between the solutions of Algo-

rithms 4.1 and 4.2, for which Lemma 4.3.1 is relevant. In order to balance the coupling error
2

O(%) with the other two errors due to time discretisation, splitting, and spatial discretisation

motivates a (non-critical) balancing h < Cvk. We remark that this requirement is well-known in
the deterministic setting, where stability of equal-order finite element pairings using the pressure
stabilisation ansatz

divu®* —eAn* =0 in D, Onm =0 on 9D

requires choices ¢ > Ch?; cf. [74, 112]: since € = k in (4.4.2), the restriction k > Ch? then leads
to a stable discretisation in space by equal-order finite element pairings.

Proof. For every m > 1, let
(B, A7) 1= (@ = U™, 7 ") € L2(Q, Wy (D) x W¥(D))

be the solution of the following set of error equations, for all (\Il, X) € H?L x Hp,

(4.4.3) (E™ —E™ 1 ¥) + kv(VE™, V¥) + k(VA™ 1, ¥) =
(Igtm-1,8"7) = g(t1, T AW,,, ¥))
(4.4.4) (divE™, x) + k(VA™,Vx) =0.

The equations follow from the reformulation of Algorithm 4.1 in the form (4.1.6)—(4.1.8), and
corresponding equations for (4.2). We may choose ¥ = PYE™ as test function in (4.4.3). For
any 01 > 0, we use Young’s inequality to conclude

1 _ _ 3kv
S (172, — B2, + B — B2, ) + 2 oRm2, + k(var BiE)

(445) < ([gltn1,0"") = gltm1, U AW,, PRE™) + K[| V" — Pha"] |2,
~m— rm— 2 m m—
+C5, [|[g(@™ ") — g(U™ )] AW, ||, + 61 |[E™ — E™ 7|2, .
A lower bound for the last term on the left-hand side is as follows (d2 > 0),

1

oI~ PR,

E(VA™ L POE™) > E(VPLA™ L E™) — 6,k VA™ 2, —
m— m— k m
(4.4.6) k[l Bl — S IVET .
We use y = Phlem_1 in (4.4.4) to conclude k:(VPéAm_l,Em) = k2 (VP,}Am_l, VAm). We use
properties of P}} to conclude
F(VPRA™ L VA™) = E(VPyA™, VA™) — (VP [A™ — A" 1, VA™)
K| VA™|? + k*(V[r™ — Pin™], VA™)
—k*(VIA™ — A", VP A™) .
Because of (4.4.4) we may now conclude (d3,d4 > 0)

K(VPIATLVA™) = k(1= 83)|[VA™ |2 — Co, k|| V[r™ — Pyn™] |12
_k(Em o Em—l, VP}}Am)

Y

1 _
k(1 = b3 — 04) [IVA™ |22 — Cs, k2| V™ 12 — 15, " — B iz -
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Because of standard approximation results and Lemma 4.3.1, arising interpolation error
terms in (4.4.5)—(4.4.6) may be controlled as follows,

E _k: Z V(& 0~m)\|L2} < Ch’E [k Z HAﬁmHM} < Ch?,
o . m=1 h4
(4.4.7) E Z\ gﬁmu%@} < Chﬁ@[z ||Aﬁm||]2L2] <C—,
"y "
E[k > =" - P}}ﬂmug] < cm@[k 3 vamugﬁ} <Con?,
- m=1 m=1

where (4.4.7)2 comes from (4.4.6), which involves a coupling of discretisation scales in space and
time.

To keep the corresponding terms in (4.4.8) nonnegative, it is possible to choose d; > 0, such
that . .

1= 8y — 65 — d  ——6-—>
I 3 54>0, an 5 01 13, 0.

Next, we sum over all 1 < m < m* < M in (4.3.10), and take expectations. Then, by the
discrete Gronwall inequality, and (4.4.7),

m*

E[IB™ 1] + (5 - 61— 55 )E [ZHE’” B2 B[k 3 VB

m=1

m*

(4.4.8) +k2(1 by — b — 54)1@[2 Hvz\mlliz} <C . (h2 n f;:) :

m=1

This proves the theorem. O

4.5 Computational Experiments

In this section, we report on comparative computational studies for both, the Euler method
(4.1.10)-(4.1.11), and the splitting Algorithm 4.2. For a stable discretisation in space, we use the
LBB-stable MINI element; cf. [15, 74] for details. For the underlying domain D = (0,1)? C R?
and a deterministic applied forcing term f, we consider the finite-dimensional Wiener process
(telo,T])

W(t)= > Nubiwlhejn (1< N <oo),
J.k=1

where \;; = ﬁ, {Bj,k}é\,szl is a family of independent, real-valued Wiener processes on
(Q,F,F,P), as well as {ejr}55-1 are (for x:= (z,y) € R?)

(i) non-solenoidal functions
-
ejr(z,y) = (sin(ij) sin(kmy), sin(jmx) sin(knry)) ,
(ii) solenoidal functions

, LN T o T , TN\
ej(z,y) = (— cos(jmx — 5) sin(jry — 5), sin(jrz — 5) cos(jmy — 5)) .
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Hence H =K = Wé’2 for the basis from (i), and H = K = Wé’z NH in the case (i7). Notice that
in the analysis we use a Wiener process with an infinite number of terms, but all the results
hold also for W defined as above. In this section we assume that equation (4.1.1) is driven by
a finite dimensional noise.

In the experiments below we take N = 4, and address the following topics in the following
Sections 4.5.1 and 4.5.2.

(A) How does non-solenoidal resp. solenoidal noise affect strong approximation properties of
Algorithm 4.27 Is Theorem 4.3.1 sharp with respect to the restriction to solenoidal noise?

(B) Chorin’s projection scheme in the deterministic setting is known to exhibit anisotropic
error structures for the pressure, such as boundary layers of magnitude O(vk|logkl),
cf. e.g. [113]. What may be concluded accordingly in the stochastic setting for both,
trajectories and expectations of pressure iterates?

It is evident that if compared to Euler’s method the splitting scheme discussed here causes
reduced computational effort, which in particular pays off in the present stochastic setting where
a significant number of realisations has to be computed to obtain expectations.

For the experiments below we use T' = 1, and compute on cartesian meshes of size h = %,
for a number of realisations N, = 3000, a minimum time discretisation parameter ko = ﬁ,
and a constant operator g in (4.1.1). To approximate strong errors (1 < M* < M)

N,
. ) 1/2 1 " ‘ 1/2 ,
(B - Ul 12:]) © = (= IR (@) - UM @olZ:) T =),
P =1

we use U% "~ u(tyr+,-) as (approximate) solution to (4.1.1) which is computed for the smallest
ko < 1, whereas {U%*}izl are obtained from Algorithm 4.2 for k; = 2'kg with i = 1,2,3,---.

4.5.1 Strong errors for different noise

We compare computed velocity iterates of both, the Euler scheme (4.1.10)—(4.1.11) and Algo-
rithm 4.2 for both solenoidal and non-solenoidal noise. The theoretical study in the previous
sections needed the uniform bound

M
(4.5.1) Elk Y |IVe™|E.] <C
m=1

for pressure iterates of (4.1.10)—(4.1.11); this property is shown in Lemma 4.2.1, (iii) in the
case of solenoidal noise, and in Lemma 4.3.1 for pressure iterates of Algorithm 4.1 in this
case. The computational results in Figure 4.5.1 evidence % as convergence rate for velocity
iterates from Algorithm 4.2, which is in accordance with Theorem 4.4.1. Figure 4.5.2 reports on
corresponding results for applied non-solenoidal noise; we observe a reduction of the convergence
rate for velocity iterates of Algorithm 4.2 by approximately 50%, while Euler iterates converge
optimally. To further evidence this loss of accuracy for iterates of the splitting Algorithm 4.2 in

the presence of non-solenoidal noise, our computations suggest

M
/
(0 3 Ivmia]) = v

m\ M

which is a bound that we obtain for {c™},_;

non-solenoidal noise.

instead of item (iii) in Lemma 4.2.1 for applied
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—S— Enror of the velocity, non divergence-free noise
—O—X-U.S
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¢ 1 0
—&—Enor of the velocity, divergence-free noise

—+—,05

1 2 3 4 1 2 3 4
10 1 1 10 10 10 1 1

Mumber of time-steps Mumber of time-steps

Figure 4.5.1: Solenoidal noise: Rates of convergence for velocity iterates of Algorithm 4.2 (left),
and the Euler scheme (4.1.10)—(4.1.11) (right).

T T T T
—&—Enor of the velocity, non divergence-free noise —5—Ermor of the velocity, divergence-free noise
—lfx'US —lfx'D.S

Number of time-stens Number of time-stens

Figure 4.5.2: Non-solenoidal noise: Rates of convergence for velocity iterates of Algorithm 4.2
(left), and the Euler scheme (4.1.10)—(4.1.11) (right).

4.5.2 Approximation of pressures

The reformulation (4.1.6)-(4.1.8) of Algorithm 4.1 evidences error effects due to homogeneous
boundary conditions, which are well-known in the deterministic setting to cause artificial bound-
ary layers of thickness O(vVk | log k|); see e.g. [58, 112, 113] and the literature cited in these works.
Hence, it is reasonable to ask if corresponding anisotropic errors for pressure iterates from Algo-
rithm 4.1 occur in the stochastic setting as well. We remark that no results regarding (rates of)
convergence of iterates { P™},,>1 from Algorithm 4.1 have been obtained in the previous sec-
tions. The following results show error profiles for the pressure computed by Algorithm 4.2 both,
pathwise and expectation-wise, computed for h = 1/30 and kg = 1/512. Again, we distinguish
between computations for applied solenoidal and non-solenoidal noise.

Pressure error functions in the case of solenoidal noise for different time-step sizes are depicted
in Figure 4.5.3 both, for a single path (first line), and expectations (second line); in both cases,
we observe an anisotropic structure of the error, which is more pronounced for expectations, and
clearly grows for increasing time-steps k; > 0.

The influence of applied non-solenoidal noise on the accuracy of pressure iterates can be
deduced from the plots in Figure 4.5.4: no local error structures are visible for a single realization;
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Figure 4.5.3: Solenoidal noise: FError of pressure from Algorithm 4.2 at T = 1 for k; =
=15, 526+ 1a5 for one realization (first line), and its expectation (seond line).
this is different from corresponding plots for expectations which still show marked boundary
layers that increase for growing values k; > 0.

The influence of applied non-solenoidal noise on the accuracy of pressure iterates can be
deduced from the plot in Figure 4.5.5. There the function

M 1/2
ki BE [ D VI
m=1

is plotted, showing that the norm of the pressure divergence for small time-steps. Thsu, no local
error structures are visible for a single realisation and for corresponding expectations.

4.5.3 Chorin scheme with stochastic pressure correction.

As has been shown so far, the proposed splitting Algorithm 4.1 shows optimal convergence
behavior only in the case of solenoidal noise. Here we try to modify Algorithm 4.1, in order to
validate optimal convergence behavior also in the case that the sequence of random variables
{g(tm_l,ﬁm_l)AWm}nj\il approximates general noise. The scheme that we propose is the
following:

Algorithm 4.3. Let m > 0.
1. For given ™! € L?(Q, Wy*(D)), find £€™ € HNW2(D) such that

1
M4 V™ = —g(tym_1, 0" AW, inD,
(4.5.2) divé™ = 0 in D,

("n) =0 on 0D .
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Figure 4.5.4: Non-solenoidal noise: Error of pressure from Algorithm 4.2 at T' = 1 for k; =
=15, 526+ 1a5 for one realization (first line), and its expectation (seond line).
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—— 08

Figure 4.5.5: Non-solenoidal noise: gradient norm of the pressure plotted with respect to the
time-step.

2. For given u™~! € L2(Q,H), find u™ € L? (Q,W(l]’Q(D)) such that
(4.5.3) (@™ —u™) — kAR = kf™ + VEE™  in D.
3. Compute u™ € L*(Q, H), and 7™ € L*(Q, W'?(D)/R) from

u” —u"+kVa™ = 0 inD,
(4.5.4) divu™ = 0 inD,
(U ,n) = 0 ondD.
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4. Compute the approximation of the pressure p via

m __ _m 1 m
T I \/ES .

The underlying idea for this algorithm is to distinguish between deterministic and stochastic
(forcing) integrals on the right-hand side of (4.1.1), which scale differently in a time discretisation
scheme. Corresponding Helmholtz decompositions of both terms involve gradient functions,
which are then referred to a deterministic and then stochastic pressures. It is by Step 1 that the
gradient of the stochastic pressure {s™}M_, in (4.5.2); has no influence on computing velocity
iterates in Steps 1 to 3, where only the deterministic pressure {7 %:1 is involved. This
argument is further detailed by the following formal computation for Euler iterates from (4.1.10)—
(4.1.11):

w — kvAW™ + EV 7™ Wl L B g (b, WTTH)AW,,

WL B 4 Pg(tm_1, W )AW,, + VEVS™ L
So we get
W — kvAW™ 4 V™ = w4 k™ 4 Prg(t,o1, wT AW, ,

where

1
Tt =qa" - —s™.

vk

In fact, Algorithm 4.3 is Algorithm 4.1, which is applied to the same equation with projected
noise. So, the proof of the convergence rate could follow directly from Theorem 4.3.1. Unfor-
tunately, for v € W(l)’2(D) the projection Pyv € WH2(D) is not an element of W(l)’2(D). As a
consequence, in formula (4.2.13) we obtain an additional boundary integral which is difficult to
bound, and properties (ii) and (iii) of Lemma 4.2.1 are not clear to hold in this setting anymore.
To avoid this problematic issue, we consider Problem 4.1.1 with space periodic boundary condi-
tions on a set Q@ = [0, L]%, L > 0. Let HP®", VP and Wgé% denote the space periodic analogues
of the spaces H, V and W2, In this case optimal convergence of splitting Algorithm 4.3 also
holds for general noise. We have the following

Theorem 4.5.1. Let T > 0, D C R%, d = 2,3 be a bounded convex polyhedral domain, and
(4.2.1)~(4.2.3) be valid. Denote by u € L*(Q;%([0, T]; VP)) N L (€; L*(0, T;W,%’ea)) the strong
solution of (4.1.1), and {a™}M_, c L? (Q,Wll,’e%n(D)) solves Algorithm 4.3. There exists a con-
stant C = C(E[||luo||yyr2], Dr) > 0, such that

N 1/2 M N 1/2
(455)  max (E[fu(tn,) = 8"2] )+ (E[k 3 1V (altn,) - 02| < OVE.
- m=1

Again, note that condition (4.2.9) is not needed in this case to validate (4.5.5).

Here we give some numerical motivations for Algorithm 4.3 by considering the same setting
as at the beginning of this section. Figure 4.5.6 shows error plots for different types of noise. We
observe an improvement in the case of general noise to almost optimal order, which is rooted
in the improved regularity of the deterministic pressure, which is exclusively needed for optimal
convergence behavior of this time-splitting scheme,

M
kY Iva™i
m=1

E <C.
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Figure 4.5.6: Solenoidal noise: Rates of convergence for velocity iterates of Algorithm 4.3 with
non divergence-free noise (left), and solenoidal noise (right).

4.6 Summary and outlook

We analysed splitting-based schemes for the stochastic Stokes equations.

We proved error estimates for the stochastic version of the Chorin scheme, and theory ev-
idences how this estimate depends on the regularity of the Lagrange multiplier, which is de-
termined by the noise. For the proof we split the error in several parts, to control the error
contributions from the pressure stabilisation and from the semi-implicit treatment of the pres-
sure. To prove optimal error estimates, we have to assume that the noise takes values in the
space of solenoidal vector fields.

Numerical experiments confirm that the irregularity of the pressure affects the convergence
of the splitting scheme. Thus, we consider a generalised version of the splitting scheme, which
includes a step where the noise is projected on the space of solenoidal vector fields. This scheme
delivers optimal convergence independently of the type of noise.

Further steps in this direction may be the analysis of other splitting schemes, e.g. the
Chorin-Penalty scheme from [113], or the application of such schemes to the SNSEs, and study
the interaction of noise, Lagrange multiplier and convection term.

Acknowledgment: I warmly thanks Prof. Dr. Hausenblas for the help in writing this
chapter. I gratefully acknowledge interesting discussions on the subject with Z. Brzezniak (U
York) and S. Peszat (Polish Academy of Sciences).
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Chapter 5

Strong rates of convergence

5.1 Introduction

We consider the system of equations describing the motion of incompressible Newtonian fluids
subject to random forcing on the torus D = (0, L)? C R2. Let B = (2, F,F,P) be a stochastic
basis, with filtration F = {F; ; ¢ € [0,T]}. We denote Dy := (0,T) x D, for 0 < T < oo. Let
ug : 2 x D — R? be a given random variable. We seek a vector field u : Q x Dy — R?, and a
scalar field 7 :  x D7 — R such that the stochastic Navier-Stokes equations

(5.1.1) - vAu+[u-Vju+Vr = g(wW in Dy x Q,

(5.1.2) divu = 0 in Dp x Q,

are satisfied, together with initial and boundary conditions

(5.1.3) u(0,:) =ug in D x and u(t,x + Lb;) =u(t,x) on (0,7) x 9D x Q

for i =1,2. Here u-V = >"" , u;0;, {b; }?Zl is the canonical basis of R?, and g is an operator-
valued random field, while W is a Wiener process on 33 that takes values in a Hilbert space to
be specified later.

Stochastic Navier-Stokes equations are employed since long time as a complementatory model
of the deterministic one to better understand the role of small perturbations or (thermodynamic)
fluctuations, which are present in fluid flows, and to get further insight regarding possible non-
uniqueness, and loss of initial regularity of solutions in the deterministic case (in 3D). In appli-
cations, the noise can be used to e.g. model structural vibrations in aeronautics, heating and
industrial pollution in atmospheric dynamics, or the influence of ice or vulcans in some models
of atmosphere-ocean evolution.

In this chapter, we show convergence with rates for space-time discretisations of the incom-
pressible Navier-Stokes equations (5.1.1)—(5.1.3) using variational methods; we exploit improved
spatial regularity of solutions of (5.1.1)—(5.1.3), and Holder continuity in time of the velocity
gradient to arrive at convergence in probability with rate 1/4 for the implicit Euler scheme in
the L°°(0, T;L?(D))-norm, which improves to the rate 1/2 in the L?(0, T;1L?(D))-norm. In fact,
Euler iterates {u™}*_, are only accounted for on a subset Q) C Q, with P[Q\ Qx] — 0 for
k — 0, where k£ > 0 is the (equi-distant) time step; our first result is then the estimate

(5.14)E

M
]lﬂk <1§n71na§XM HU(tm) — umHIQLQ + ]{;1*77 Z::l Hu(tm) _ umH?m)] < Ck"E (5 = 0)7

for all n € (0,1/2); see Section 5.3. This bound reflects the interplay of the stochastic forcing
and the non-Lipschitz nonlinearity: It is the set € which singles out trajectories whose approx-
imation could then be handled by a discrete Gronwall argument. As a consequence of (5.1.4),
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convergence in probability with asymptotic rate 1/4, and 1/2 respectively follows; see Corollary
5.3.1:

M
(5.1.5) Jm LmP | max [u(t,) —u™|7, + k' nmzl [u(tm) —u™|?, > Ck=| =0,
for all € > 0.

Since the proposed scheme is nonlinear, in a second step, we analyse the error of a semi-
implicit treatment of the nonlinear drift. Estimates (5.1.4) and (5.1.5) remain valid for corre-
sponding iterates {v™ %:1 from the semi-implicit scheme, but the related subset {2, may not be
constructed from {v™ %:1 anymore: () is again defined in terms of the implicit Euler iterates

{umIM_ as in (5.1.4), for which P[] — 1 holds in case k — 0.

The third goal of this paper is the finite element approximation of problem (5.1.1)—(5.1.3).
Stable pairings of velocity and pressure ansatz spaces (Hp, Ly), each assembled from functions
of vanishing mean, satisfy the discrete LBB-condition

(5.1.6) sup (dive, 1)

> C||I|;2 VII e Ly,
0 val, = ¢l

with a constant C' > 0 independent of the mesh size h > 0. We may then define the space
V5, C Hy, of discretely divergence-free velocity fields:

(5.1.7) Vy={®cHy| (div®,A) =0 VAecLy} gV,

where VP" denotes the space of periodic divergence-free functions, see Section 5.2.1.

As it will turn out from the error analysis in Section 5.4, a main difficulty are the weak
stability properties of solutions of the space-time discretisation (see Algorithm 5.3) in Lemma
5.4.1, as opposed to those for Algorithm 5.1 in Lemma 5.3.1 for the time discretisation. To
compensate for this lack of stability, a perturbation argument in combination with a boot-
strapping argument is employed to show optimal convergence in Theorem 5.4.1. This is in
contrast to the deterministic version of (5.1.1)—(5.1.3), where a corresponding ‘pathwise’ version
of Lemma 5.4.1 is enough to show optimal convergence of the related modification of Algorithm
5.3; cf. [71]. Moreover, as can be seen from Theorem 5.4.1, the explicit appearance of the pressure
of Algorithm 5.1 in the error estimate illustrates the réle of noise that determines the convergence
behavior of a general discrete LBB-stable discretisation in Algorithm 5.3. To illustrate this
problematic issue, we recall the following estimate for approximates V € V}, of the deterministic
stationary incompressible Stokes equations with solutions (v, 7) € (VP N W?2) x W12/R,

_ ) (div®, 7 — =)
5.1.8 V(iv—-V <(C| inf ||[V(v—-® + inf sup ———= ).
(518) V(v V) (Mh V6= @)l + inf s R

As a consequence, the finite element error for the velocity also depends on the best-approximation
error of the pressure. Hence, it is because of the limited regularity of the pressure. As opposed
to the deterministic case, the restricted regularity of the pressure, see [92],

(5.1.9) me Ll (Q; 1o (O,T;W1’2(D)/R)>

that also the accuracy of velocity fields computed from general discrete LBB-stable mixed finite
elements may be affected in the presence of a non-solenoidal noise; see Theorem 5.4.1.

In order to avoid this problematic issue, an alternative discretisation strategy that uses an
inner approximation Vy C VP¢" by finite element pairings may be preferred. With this ansatz,
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the second term on the right-hand side of (5.1.8) vanishes, leading to the best approximation
error

IV = V)2 < € inf [V(v @)Lz
evy

An example for a divergence-free finite element pairing is the Scott-Vogelius element from [121],
which is recalled in Section 5.4. In this case, variational arguments similar to those given for
the time discretisation may be applied to deduce optimal rates of convergence for a related
space-time discretisation of (5.1.1)—(5.1.3),

E |:]1kaQh 1;1”22(]\/[ Hu(tm) - UmHIQLP] <C (kr]_(E + hz_a) (e>0),

M
E ]lgkmghk Z Hu(tm) — UmHig
m=1

where {U™}M_, is the fully discrete VP*"-valued solution of Algorithm 5.3, and Q;, C Q satisfies
P[Qp] — 1 for b — 0.

The convergence analysis presented in this work may be simplified to cover the stochastic
incompressible Stokes equations as well, where the regularity properties given by Lemmata 5.2.1
and 5.3.1 remain valid; by taking into account the improved Holder continuity for the gradient
of the solution of the Stokes equations, we obtain strong convergence with rate 1/2 in time, and
1 in space. It is due to the absence of a nonlinear drift that we may choose a set 2, = Qp = QQ,
and € = 0 in estimate (5.1.4); see Remarks 5.3.3 and 5.4.3 for further details.

Our hope is that the tools developed in this work to accurately discretise the stochastic
Navier-Stokes equations may be applied to construct both, reliable and efficient space-time
discretisations of more general constrained, nonlinear stochastic evolution equations. The re-
mainder of this chapter is organised as follows. In Section 5.2 we collect background material,
and necessary assumptions on data in (5.1.1)—(5.1.3). In Section 5.3 we show stability and con-
vergence results for the solutions of the different time discretisation schemes, while in Section
5.4 we extend these results to the full discretisation in space and time.

<C(K*"=+h*F)  (e>0),

5.2 Preliminaries

5.2.1 Function spaces

Let (LP(D),||||;») and (W*P(D),|||lyx» ) denote the usual Lebesgue and Sobolev spaces
endowed with their usual norms; spaces with blackboard letters (e.g., W*?(D) := [WkP(D)]?)
represent the spaces of vector valued functions. We denote by Lb., (D) and er’f (D) the Lebesgue
and Sobolev space of functions that are periodic and have vanishing mean respectively. For
a normed space X, LP(0,7T;X) denotes the Bochner space of strongly measurable functions
¢ :[0,T] — X such that fOT ||l dt < oo, and X* denotes the dual space of X. The inner
product for functions in L2(D) is defined as (u, v) := Z?Zl [p uivi dx.
For the study of our problem we need the following spaces:

HP" = {u € IL2,.(D) | div u = 0 weakly in D},

'per
VP = {u e W,2(D) | divu=0 weakly in D} .
Note that, since ||[v|ly = ||V|lvrer for all v € VP we will use only | - ||y in the following.
We define the self-adjoint, inversely compact operator A : D(A) — HP?" via Au := —P}" Au,
where PI" : 2. (D) — HP*" denotes the Leray-projection, and define D(A) = W2(D) NVPe".

We recall that this projection is stable in L2 and W'2; see [125, Remark 1.6]. The space of
bounded linear operators between two vector spaces X and Y will be denoted by £(X,Y).
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5.2.2 General assumptions, and spatial regularity of the solution

We summarise the assumptions needed below for data W, Q, g, and ug. In the following we
either choose H = W},g%, or H = VP to distinguish between non-solenoidal or solenoidal noise
in (5.1.1)—=(5.1.3). The following assumptions will be made.

(S1) For Q € Z1(K), let W = {W(t,-) ; t € [0,T]} be a Q-Wiener process with values in a
separable Hilbert space K defined on the stochastic basis 3.

(S2) Let the operator g : .2 — L(K,H) be Lipschitz continuous with linear growth, i.e., there
exist constants K1, Ko > 0 such that

lgll ey < Killulle2, () = g(v)llzirr) < Kollu— vl

(S3) The operators A : D(A) — HP", g : L2 — L(K,H), and Q : K — K satisfy the following
estimates, with K3 € (0,v/3), and K4 > 0,

Tr(g(wQe'(w) < Kslluf,  Tr(Ag(wQe(w) < Killul.

(S4) up € LP (Q,}“O,P;Vper) for some p > 2.

Remark 5.2.1. Conditions (S1), (S2), and (Si) are needed to prove existence of solutions; see
e.g. [46, 27]. The second condition in (Ss) is needed to conclude Lemma 5.2.1, (i), for p = 2;
see [25, Remark 4.1]. The first condition in (S3) is needed to generalise this result to p > 2:
admitting only Ks sufficiently small allows to control the noise by the main part of the drift.
The second condition in (Ss3) implies the first, in case K3 = K4/A1, and K3 € (0,2v), where A\
denotes the smallest eigenvalue of A.

We give the definition of a strong solution, see for instance [27].

Definition 5.2.1. A VP*"-valued adapted process u € L?(€;C([0,T);V)) N M?([0, T], F; VP N
W22) on ‘B is a strong solution to problem (5.1.1)~(5.1.3) if for every t € [0,T], and all ¢ € VP,
there holds

t

(u(t),¢) +v /0 t (Vu(s), Vo) ds + /0 ([u(s)-V]u(s),d))ds

t
—(w0.6) + [ (6.8(a()IW(s)  Poas
0
Higher moments with stronger norms are obtained for solutions in the following result; its
proof requires v > 0 (see (S3), first part) to be sufficiently large, in order to control the effects
given by the random forcing term. This is a slight generalisation of corresponding results in

[46, 27]. A similar result, but for additive noise is proved in [42, Lemma A.1].

Lemma 5.2.1. Assume (S))-(Sy), and H = Wy2.. Then solutions of (5.1.1)~(5.1.3) satisfy for
2<p<8

T 2
i)  sup Effu@®)[f] +vE UO @)% | Au(®)]|Z2 dt| < Cry,

0<t<T

(i) E| sup [u@)ly| < Cryp,

0<t<T

where Crp = CT,p(TI" Q,E [[luo]|?] > > 0.
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Proof. Use It&’s formula for the process given by {|lu(¢)|% ; ¢t > 0}. We compute the Fréchet
derivatives of the norm,

Dlulfy = pluly *Au,  D|ulfy = p(p — 2)[ul) *Auw Au+ pllulf A,
such that
Tr (D?|u)/hg(w) Qe (w)) < plp — 2) [ully* | Al Tr(g(w)Qg" (u))
+pllu(s) [T (Ag(w)Qe*(w)

To obtain inequality (i), we use Itd’s formula and assumption (S3) to get

e [0l + oo [ o) Au)E ds|
< [lulf + 5 [ ol *TrawQg (w)as)
2 | [l AT (0 Qe () 45

P p ¢ p p(p_2) K p—2 2
<E [Juolly] + K3 ; E[l[u(s)[y] ds+E | Ky=—— ; [ully (| Aullf. ds

In particular, after absorbing the the last term of the right-hand side to the left, we obtain the

term ) .
p—2 _
2o (v- 252k [l 2aulz as

which is positive thanks to assumption (S3), since we have v — 3K3 > 0.
For assertion (ii), after the It6 formula we use the Burkholder-Davis-Gundy inequality to-
gether with assumption (Ss3), following [44, Appendix 1]. O

5.2.3 Holder continuity of the solution.

Let {e7*A ; ¢t > 0} denote the analytic contraction semigroup in HPPe" := {u € LPer 5 divu =
0 weakly} for 1 < p < oo, which is generated by the Stokes operator A in the case of periodic
boundary conditions. There holds HP¢" = HPe™2,

Lemma 5.2.2. Leta >0, b€ [0,1], and 1 < p < oco. There exist constants Cqp, Chp, > 0, such
that for all t > 0 there holds

(1) HAaeitAHL(Hper,p) < Capt™,

(11) HA_b (Ideer,p — e_tA) Hﬁ(HpeTvp) S Cb,p tb .

Proof. Estimate (i) is a consequence of the analyticity of the semigroup. Once we have (i), we
can proceed as in the proof of [109, Theorem 2.6.13] to conclude (ii). O

We may now study Holder continuity properties of strong solutions of (5.1.1)-(5.1.3) in
LP-norms. For this purpose we use tools from semigroup theory (see, e.g. [111, Appendix]).

Lemma 5.2.3. Suppose (51)~(S4), and H = Wy, For the solution of problem (5.1.1)~(5.1.3),
with ug € L*(;V), 2 < p < oo, there holds

0 E[ln) -u@IL] <Cli-s?  vo<n<y,
(ii) IE[Hu(t)—u(s)H@ <Clt-s% Vo<n< %
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Proof. Due to the regularity estimate given in Lemma 5.2.1, and to [110, Proposition F.0.5, (i)],
we have the following representation for the strong solution of (5.1.1)—(5.1.3),

t t
u(t) = e Auy+ / e APy [u(s) - V]u(s)ds + / e (AP g (1) AW (s) .
0 0

For ts < t1, there holds
u(tl) — u(tg) = (e_tlA — e_tQA)uo

(5.2.1) + < /O ! e M=)APE.[u(s) - V]u(s) ds — /0 N e~ (2= APy [u(s) - V]u(s) d3>

t1 to
+ </ ei(tlis)APHperg(u) dW(S) — / ei(t27s)APHperg(u) dW(S))
0 0
= I+II+1II.
First step: proof of (i). We only bound term I in (5.2.1). The control of terms I and II1

follows from standard estimates; see [111, Proof of Proposition 3.4]. From [54, Lemma 2.2] we
have

HAil/QPHper [u . v]uH]L4 <C |’A1/8u‘|]%4 ’

Using the Sobolev embeddings

WL2(D) ¢ W3/4’2(D) c W1/4’4(D) 7
we then obtain
(5.2.2) |A™Y2Pygper [u - V]uljpa < C||AY 202, .

We rearrange terms as follows,

t1 to
17 = / e M=)AP . [u(s) - V]u(s) ds — / e B2=)AP L [u(s) - V]u(s) ds
0 0

to
= / (ef(tlfs)A _ ef(tZ*S)A) PHPET [u(s) . v}u(s) ds
0

t1
+/ e M=)AP . [u(s) - V]u(s) ds
to
— I1, +II,.

For I1, we have by (5.2.2), Lemma 5.2.2, (i) and (i),

to
1/2( —(ti—s)A _ _—(t2—s)A ~1/2 )
Ll < /O |arz (e o (t2 )Hﬁ(HW)HA Pis[u - V]u|lps ds

IN

C/Otz HA1/2 (e—(tl—s)A _ e—(tz—s)A> )HAUQHH]QL2 ds

[

IN

1A a2 ds

t
c / ’ H A1/2+ne_(t2_s)AH AT (e_(tl_tz)A B Id)
0 L(HPer)

2 || AY2u(s)|2,
C |ty — to|" —l‘ds
|t1 — ta] /O ity — 5172+

[p—

IN
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Then, for any p > 1, and 0 <7 < %,

p /P m TS, 2
E{HUGLHLJ < Clti—t"E (/O \t2—3|1/2+nHA u(s)l|gz ds
/P
< Clty —to"( sup E|[|AY2a@®)||* .
< Ol swp E[|AYu()|] )

For the second term 11, by using the same methods, we have

~1/F 511/P
E(lnL]" < Ol -np <sup E [ A" 2u() 2] )
<t<T

0<
Second step: proof of (ii). From [54, Lemma 2.2| we have
(5.2.3) A"V 4Pgper [u - V]ul|p2 < C|AY 20|, .

Then, following the computations in the first step, with HP®"* replaced by HP", and using
(5.2.3), we have

to
Ll < /O HA?’/‘*(e*“l*S)A—e*@ﬂ)A)HE(HPET)||A*1/4PHper[u-V]uupds

b2 || AL 2u(s)| 2
4o |m/2 = =)L
C'|t1 — to /0 ity — a3/ ds.

This estimate leads to

IN

_11/F
B[] < Ortl—tw(
0

S11/p
sup E ||| A" 2u(t))7] ) ,
<t<T

and, in the same way we obtain

5 11/p 511/P
E(ILIE| " < Ot —to]? (Sup E[|lA"2u(t))7] ) .
0<t<T

5.2.4 Discretisation in space

Let 75 be a quasi-uniform triangulation of the domain D C R?, using triangles of maximal
diameter A > 0, and D = |Jper K. Let P;(K) = [P;i(K)]? be the space of polynomial vector
fields on K of degree less or equal to 7. We introduce finite element function spaces (i, j € Np)
H, = {UeC'D)NnW"(D): UePi(K) VYK eT,},
L, = {IeL}D): leP(K) VKeT},

which satisfy the discrete LBB-condition (5.1.6), and the space Vj, is defined in (5.1.7). We
denote by Q?L : L2 — V}, the L?-orthogonal projection,

(5.2.4) (z—Qjz,®) =0 V®EV,.
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The following estimates are standard, see for instance |70],

(5.2.5) ||lz— QhzllL: + 1|V (z— Q)z) L2 < Ch*||Az|: Vz e VP NnW?*(D),
5.2.6 |z — Q%2 < Ch|Vz|2 Vze VP nWh3(D).

We need the following stability estimates from [59, Lemma 3.1],

QR vIl:
IVQ3vIl:

We recall the inverse inequality, which holds for all ® € Hy,

Cllvl: Vvel?,

<
< C|Vv|z Vvewvrer.

_ gl _ L
1@/ gyea; < CR™ Crdmintg; =550} [@[lwmaz V1< gqi,q2<00, 0<m<L.

5.2.5 Convergence in probability
We recall the definition of convergence in probability with rates from [111, Definition 2.7].

Definition 5.2.2. Let X be a Banach space, and Iy, = {t,, }})1_, an equi-distant mesh covering
[0,T], where k = ty, — ty—1 for allm =1,..., M is the time-step. Let {u™}M_, < L?(Q; X) be
a sequence of X -valued random variables, and u be a stochastic process in L?(2; C([0,T]; X)).
We say that {u™}M_, converges in probability with rate o > 0 towards {u(t,)}M_,, if

lim  lim P M u(tm)x > C k| =0.
e k00 1§I?n82(M”u wltm)llx 2

For a comparison of the various types of convergence, we refer to [111, Lemma 2.8§].

5.3 Convergence with rates of time discretisation schemes

In this section, we consider different time discretisation schemes on the equi-distant mesh [ :=
{tm}M_, covering [0, T] with mesh-size k = T/M > 0, where ty = 0, and t); = 7.

Algorithm 5.1. Let u® := ug be a given VP -valued random variable. Find for every m €
{1,..., M} a tuple of random variables (u™, ™) with values in VP" x L2, such that P-almost
surely

(0™ —u"™" @) + kv (Vu™, Ve) +
(5.3.1) k(™ Viu™, ¢) — k(z™,divg) = (gu™ HA,W,¢),
(5.3.2) (diva™,¢) = 0,
for all ¢ € Wy and o € L2,,.

Here A, W = W(t,,) — W(tpm—1) ~ N(0,kQ) , with uniform mesh size k := t;, 41 — tim.
The existence of pressure iterates follows by de Rham theory ([125, p. 10]).

To analyse the error behavior of Algorithm 5.1, we reformulate equations (5.3.1) and (5.3.2)
in the following form:

(" —u™ " @) + vk(Vu™, Vo)
(5.3.3) —i—k([um : V]um,qs) = (g™ YA, W,8) VeV P—as.

The stability of solutions {u™}_, c L2(Q; VPer) is studied in the following lemma.
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Lemma 5.3.1. Letu’ € L?*(Q; VP") for an integer 1 < q < oo be given, such that E[|u’(|3'] <
C. Assume that (S1)-(Si) are valid, with H = Wya. Then {u™}M_ < L2(Q;VPr) from
Algorithm 5.1 satisfies

M
() B[ max w420k Y w2 AT 2] < Gy,
- = m=1
r M M
@) B e+ Y IV =) e Va2 | < Cye
=1 m=1

- o 4 o 4
(iid) E ( lu™ — umlH%z) + (k > HAumH%> < Ciya s
m=1 m=1

where Cty,.q = Cryyq(Tr Q,E[|[ul||2]) > 0 does not depend on k,h > 0. Moreover, the iterates

u™ are Fy, -measurable.

Proof. The measurability, assertion (i), the second part of (ii), and (iii) may be shown as in the
proof of Lemma 3.3.1, using ¢ = Au" in (5.3.3). The first part of (ii) may be found in Lemma
3.3.1. 0

In case of a semi-implicit treatment of the nonlinearity, we do not get the improved space
regularity, since in general

(5.3.4) ([um—1 : V]um,Aum) £0.

The next lemma, which is essential for the study of the splitting scheme and the finite element
discretisation, shows that to obtain uniform bounds for the pressure iterates crucially depends
on the noise used in Algorithm 5.1.

Lemma 5.3.2. Let 2 < g < oco. Consider the iterates {u™, 7™ %:1 from Algorithm 5.1.
(i) For H = VP in (Sy), there holds

M
(5.3.5) E kY IIVA™|f2| < Cryz-
m=1
(ii) For H = W2 in (Sy), there holds
M
(5.3.6) E kY IVA™|f2| < Cryok ™.
m=1

Proof. (i) Let H = VP¢". We formally multiply the strong form of (5.3.1) with V#"™. Then we
use (gmflAmW, Vwm) = 0 to conclude

EIVA™E: < kJAa™ |2 Va™(lee + & [[a™ - V]a™ g2 [ V7™ |

A

m m m k m
(5.3.7) Ch (J|au™ |2, + [[u™ - V" |%) + 2 |97 2.

Since
[[u™ - VIu™|[F, < C [lu™||p2]|Vu™ || [ Au™ |2,

we may conclude the assertion from Lemma 5.3.1, (i).
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(ii) Let H = W;,ﬁn. We proceed accordingly to obtain

E|VA™F: < k| Au™ |2 Va™||L
(538) [ T [V s + (™) A W |97

We only have to estimate the last term on the right-hand side. We use Assumption (S3), and
the tower property for martingales to compute

C

m— m m— k‘
E g™ AWl [Va™(l2] < S E g™ HAn W] +

8
_ k m

E [|Va™Iz.]

IN

By Lemma 5.3.1, (i), we then infer

< CtM

E
k

M
EY VAT
m=1

O]

The remainder of this section is as follows: Rates of convergence for iterates of Algorithm
5.1 are established in Section 5.3.1 below. Then we consider Algorithm 5.2 which uses a semi-
implicit discretisation of the convection term. Here, we use the stability of the fully implicit
scheme to show corresponding error estimates.

5.3.1 Fully implicit time discretisation

Let u = {u(t) ; t € [0,T]} be the strong solution to equations (5.1.1)—(5.1.3). Define the error
e™ = u(t;,) — u™. We subtract the equation (5.3.3) from the equation in Definition 5.2.1, (iii),
to get

t’lﬂ

(em—e™ 1t ¢) + V/tm (V(u(s) —u™),Ve) ds —I—/

tm—1 tm—1

([u(s) : V]u(s),qS) ds

(5.3.9) —/tm (™ Vum,g) ds = (/tm g(w) AW — g(u™ AW, 8) Ve V.

tm—1 tm—1

In this section we prove the first main result, Theorem 5.3.1, in three steps: in the first we
perform an error analysis on the whole set 2. In the second step we introduce sample subsets
with asymptotic probability one of 2, in order to handle the stochastic integral and the terms
arising from the nonlinearity. In the last step we apply a Gronwall argument on the sample
subsets to obtain an error bound

Step 1. A preparatory error analysis on ). Set ¢ = € and consider the diffusion term

(V(u(s) - um),Vem> = |[Ve™ |2 + (V(u(s) —u(ty)), Vem) .

For the second term, thanks to Lemma 5.2.3, (ii), we compute

/ "R = (V(us) - u(tn)), vem)] as

tm—1

tm
(5.3.10) g/ IE[C’ngV(u(s)—u(tm))Hi2+51||Vem”i2 ds
tm—1

< Cs, K"+ S KE[||[Ve™|2.] (61> 0).
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Then, for the convection term, on using the skew-symmetricity, there holds

/tm ([um - VIu™ — [u(s) - V]u(s), em) ds

tm—1

(5.3.11) :/tm [(lem - . e™) — ([(ultn) ~ u(s) - Vie™ u(t) ) }ds

tm—1

—/tm [u(s)-V]em,u(tm)—u(s))ds:/tm (I—|—II+III)ds.

tm—1 tm—1

Term I can be bounded as follows,
(5.3.12) E[I] < Cs, E [|[Vu™|22]l€™|32] + S E [||[Ve™|72] (62> 0).
For term I1, we find

IT < ulty) —a(s) s Va(tm)|2]le™ s
(53.13) < Cllu(tm) —uls)||Ls|[Valtn) |l €™ |15 | Ve™ |14
<

Cllutm) — u()Za[Vultm)lZa + C, ™[22 + 53 Ve 22 (33 > 0).

Then, using Lemmata 5.2.3, (i) and 5.2.1, (i), for the first term leads to

E [/m () —u(s)|Es [Vt d8]

1/2

(5.3.14) < / "B [u(tn) — u(s)|L] 2 E [[Vu(t) [12]? ds

tm—1

< ORI (B [|[Vu(tn)[f]"* ) < C w0+,

For the last inequality, we use Lemma 5.2.3, (i) and the boundedness of the eighth moment of
the initial data. Accordingly, we may conclude that

(5.3.15) E

tm
/ IIIds] < Co, k2T 4+ 03 kE[|[Ve™|22] (62> 0).
tm—1

To bound the stochastic integral in (5.3.9), we divide it into two terms.
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For IV, we use the Burkholder-Davis-Gundy inequality, condition (S2), Young’s inequality, and
Lemma 5.2.3, (i), to get

B M t 1/2
IV < CE (Z / g (u(s)) — g™ D2, quge o € Hizds)

Mo 1/2
(5.3.16) < CE lgrg%agMHem‘l\IL%Z / 1||g(u(s))—g(um‘1>H%Q(Quz(m,w)@)

i =t
M tm
< CE| max [e”|vs (mz_:l/ml [Ilg(u(S)) — g(ultm-1) 7, (qu200) 12)
1/2
+K2Hem1\liz}d8> ]
M
< &E [ max ||em||]L2} +Cs, k Z (k% +E [Ilem_lllﬁz]) )

m=1
while for the second we have (d5 > 0)

2

S

v <E Cs, + 05 [le™ — ™12

[ (slu) - g ) awis)

]LQ

M tom,
(5.3.17) =E <C55 / g (u(s)) - g(um_l)H%(Ql/z(}C),M) ds + b5 [|€™ —e™” lH]LQdS)]
1

M M
< Cok 3 (K7 +E[lle"2:]) + 65 B [Z le™ — emlniz] :
m=1 m=1

Here, we use Itd’s isometry for the equality, and for the subsequent inequality the estimate

lg(u(s)) — g™ )2, quage o) < (TrQ) llg(uls)) — g™ )z -

condition (S2), and Lemma 5.2.3, (i).

Step 2. Introduction of sample subsets. After these preparations, we are ready for the main
argument of the error analysis which deals with the inherent nonlinear effects. By summing up
(5.3.9) with ¢ = €™ from m = 1 to M, and using the identity (a,a—b) = 1 (||lal> — ||b]|? +
|a — bl||?), as well as considering the estimates (5.3.12), (5.3.13) (without expectation), and
absorbing on the left-hand side corresponding terms, we obtain

n
el v ¢
s [newm SRR
/=1

m
¢ ¢
<CkY(IVu’|fz + De’|F2
=1

(5.3.18) +Ckz 1V (ulte) = u(te1)) 122 + fulte) = ulte )Vt 2] + M

P-almost surely, where

n

M= e 37 ([ () aW) - g AW, o).

1<n<m — to_1
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Here, the discrete Gronwall inequality may not be used since the application of Lemma 4.2.1,
(i) only refers to expectations of {|[Vu®||?,}21,.
To overcome this problem, we consider a subset

(5.3.19) L., = {w € ( max | Vu'|Z; < n} cQ (k>0
Thus, Markov’s inequality yields that

E [maxlggz\/f HVUZHHQJQ}
K

(5.3.20) P [ max ||[Vu'|?, < m] >1-— Vi >0,
1<6<M
which is close to one thanks to Lemma 4.2.1, (i);.
Now consider the error inequality (5.3.18) for some 1 < ¢ < M, multiply it by 15 ,

—1
sum over the index from ¢ = 1 to n, take the maximum between 1 and m < M, and then the

expectation. The choice of this indicator function is necessary such that the term corresponding
to the stochastic integral is a martingale, which allows the use of the Burkholder-Davis-Gundy
inequality. So we obtain for the first two terms on the left-hand side of (5.3.18)

n
B 012 af-192
E 1g7lla<x > 1g 1(”e e — lle H]L2>]
(5:321) =E | max (nﬁimlne”n@ 1||e°HL2+Z ar,,~lar, )Ile“lliz>]
2
2 E |:11’<Iila<Xm]1§ \enhg] )

where we use the fact that the sum in the second line is positive because Q m C Ol and

K,m—1>
that €” = 0 P-almost surely. The next term to be considered corresponds to I V from (5.3.16).
Recall that now we have the stochastic integral

n

Mm = max (]l

1<n<m
=1

/ é g(u(s)) dW(s) — g(ufﬁl)AgW, eg) .

The bound corresponding to (5.3.16) now reads

IV < CE (ane /
K 1

— to—1

1/2
g (u(s)) — g(uz_l)’%2(KO,L2)|’e€_1\‘12L2d3>

IN

1/2
m to
-1 £—1y(12
CE| max 1g  [le" |l (;_lﬂﬁil_l/t“ g (u(s)) - g(u )Hmco,m)d8>

— m
< 5F | max 1g, 1\&;@] +054k2(k2’7+1a[n§14 1Hef|yi2D (61 > 0),
,mn— —1 K, l—

| 1<n<m

where we use the Burkholder-Davis-Gundy inequality, and, in the last inequality, the fact that
1, n||e”||L2 < ]lﬁi . |le™||r2 for every 1 <n < M. The term corresponding to V' may be dealt
with as before. ’

We split the first term on the right-hand side of (5.3.18), in order to get advantage of the
set defined in (5.3.23) below. We obtain

CkZ”vuZHILQHeZHLQ <C’fZIIV (uf —u” )HLzHeZIILHCkZHVHZ HiEalleflz -
(=1 (=1 (=1
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Then using estimates (5.3.21), (5.3.12), (5.3.10), (5.3.14), (5.3.15), and the bound for IV,
we conclude

1 — UV o—
2 4 /—12 A
S CRCORE) S SN TEE AT W |

(5.322) < Crk ZE L@%n@ml ||e"\|ﬁz} + O (K" + k)

O [Vt a2 2].
(=1

Recall that the order-limiting term Ck" is a consequence of (5.3.10), which itself follows from
the Holder regularity properties in Lemma 5.2.3. We compute

O E [ — w1 RaellR] < Ok SO [I9 — w2 + e 2]
/=1 /=1

To control the first term, we use Poincaré inequality to obtain

Ok E [V - u YR 2:] < Ok 3O [V’ — ) vul ] <k,
(=1 =1

thanks to Lemma 4.2.1, (ii). For the second, we use Holder’s inequality and Lemma 4.2.1, (iii)

Ok E (19 — )2 (e 2]
(=1
97 1/2

1/2
< 2 - 2 < .
CKE [ max Ja(te)|f ] (Z IV(u* —u" "2 ) <Ck

The first term is bounded because of Lemma 5.3.1, (i), and the last term can be bounded with
Lemma 5.3.1, (iii).
Step 3. Gronwall argument. Consider the following subset and inclusion,

(5.3.23) QL = {w €0 ‘ \max [ V"2, < /{} cOl, (>0, m<M).

The discrete Gronwall inequality then leads to

n
—12 v 2 Ct
1[«:[ Gy, X (He 12, + = ZHe —e” |yL2+2kZHVemHL2>} < CeCtmr g

m=1
provided that Ckk < 1. With the constant C' > 0 from (5.3.22), we set
k:=Cllogk™ (¢>0),

and define Q/,lc = Q! Then

k(k)"

n
14
E lﬂg,glglax ( le"|[F2 + 5 Z le™ —e™ H[F2 + 5k > HVe’”Hiz>
m=1

<CK™  (e>0).
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For the computable set Qf = Q}C({um}m) we have, thanks to Lemmata 5.2.1 and 5.3.1, and for
k<1,

E [maxi<m<n [|[Vu™||2,] 1
P[] > 1-— == L2 .=
[ k':| — log k_5 + glogk ’

for & = e/E [maxi<pm<ps [|[Vu™||2;]. We can now state our first main result.

Theorem 5.3.1. Let D = (0,L)?, T > 0, and P := (Q,]—',]F,P) be a filtered probability space.
Assume that (S)) through (Sy) hold, with H = Wya.. Let ug € L3(; VP") be a given random
variable, W be an F-progressively measurable Q-Wiener process on B with Q € Z,(K), and
u € L8(; C([0, T); VPT)) be the strong solution of (5.1.1)~(5.1.3). Let I = {t;}M_ be an equi-

distant mesh covering [0,T), for k < ko(T,Tr Q,E [||uo[|$]) sufficiently small, and {um}%zl C
L8 (Q2; VP be iterates from Algorithm 5.1. Then, for every € > 0, the computable set

of ={weq| "2 < log k¢ |
i w e 1§I£lnaSXM||Vll {2 <logk™* ¢,

satisfies
P[Q}] > 1+

elogk’
and iterates {u™}M_ of Algorithm 5.1 satisfy

i) E < CK"F (ne(O,%)).

M
1o ( max |[u(tm) — |2+ k> [lutm) - u”"‘\l%)

1<m<M

m=1
Suppose in addition that the following assumption holds:

(S2) There exists a constant K > 0 such that
||g(u) - g(v)||£(K:7(Vper)/) S Ké Hu - V||(Vper)/ Vu, A% 6 Lz .

Then there exists a set
2 m |4 4 —€
Q= {w €N ) lérlnfmgM(HVu L2 + HVu(tm)HU) <logk },

such that

P[] >1+ ——
(] =1+ elogk’
and the iterates {u™YM_, of Algorithm 5.1 satisfy the estimate

m=1

(i) E < Ck**,

M
]IQ% <1<rl;}naf<)(M ”u(tm) - umH%Vpe'r)/ + k Z ||u(tm) - u”””i?)

m=1

Recall that E [|lug|}] < C is needed to validate the bounds (5.3.14), and (5.3.15), which
control the nonlinear drift.

Proof. Estimate (i) is shown above. The order-limiting term in (5.3.22) is (5.3.10), which is
bounded in Lemma 5.2.3, (ii). To prove estimate (i) we use ¢ = A~1e™ in (5.3.9) instead,
such that the term corresponding to (5.3.10) has no spatial derivatives anymore; Lemma 5.2.3,
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(i) then improves the convergence behavior of the term (5.3.10). For the nonlinear convection
term, we compute

(fe™ Viu™, A7le™) = = ([ - V]A e, w™ ) < [le 2] VA ™ |2, [u 2,

where the second term on the right-hand side can be bounded by the Gagliardo-Nirenberg
inequality. We remark that the set Q2 = Q3 ({um M u) also depends on the strong solution
of (5.1.1)—(5.1.3), since in general

([u(tm) : V]A’lem,em) £0.

Condition (S2)’ is necessary to bound the stochastic integral in (5.3.9) as in (5.3.16), (5.3.17).
Again, we have to control the differences

m
€014 1ol
N FA I 7

(=1

I+1I:=CkE

+ CKE [Z lu(te) = ulte)lgallel
=1

To control the first difference we bound the norm of the solution by the norm of its gradient,
and proceed as below (5.3.22). For the second, we use the same argument, taking into account
Lemma 5.2.3. O

Remark 5.3.1. To avoid the condition k < ko(T, Tr Q,E [|[uo||$]), we may proceed as follow:

M M-1
EY (Va2 + Dlle™(If2 = k Y (IVe™ 22 + Dlle™ |2 + k(IVa . + 1) e .

m=1 m=1

The expectation of the last term can be bounded by Ck thanks to Lemma 5.8.1. This allows the
use of the explicit version of the Gronwall inequality, preventing any condition on the smallness

of k> 0.
A consequence of this theorem is the convergence in probability of the scheme.

Corollary 5.3.1. Under the assumptions of Theorem 5.3.1, iterates {u™ 7]\,/{:1 of Algorithm 5.1
converge in probability with order ap < %(77 —¢), respectively ag < n—e for alle >0, i.e., there
holds

M
/2 ~
. . m m||2 o _
dim By e, ) "o+ (32 utt) —") 2 O] =0,

M
1/2 ~
. . _.m ery/ _am|2 > az| — ).
gim i P s attn) =y + (53 Juttn) = a"1f:) ™ 2 Ea2] =0

Proof. We estimate
mi|2 1.0 mi|2 1.0 1 1
P[lglnaSXMHe 12, > Ck } < P[{lggMue 12, > Ck }ka] +P[Q\ Q]
ckr—e 1 < ¢ 1
Cke elogk — ¢ elogk’
Passing to the limit for £ — 0 then implies

(5.3.24) lim P| max [e™|2, > C*ka] <&
k=0 L1<m<M C

Eventually then passing to the limit for C = o0 proves the assertion. The other terms can be
handled in exactly the same way. O
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Remark 5.3.2. Next to strong convergence, and convergence in probability, the weak convergence
is a relevant concept to study the approximation of related laws. Weak convergence rates for
discretisations are proved in [39] for a problem with Lipschitz nonlinear drift. In [39], weak
convergence is proved by semigroup theory and Malliavin calculus, leading to asymptotic weak
convergence order 1/2 for the equation

(5.3.25) ug 4+ Au+ f(u) = g(u) W,

with Lipschitz nonlinearity f, and linear self-adjoint, positive operator A. In the present paper,
as a direct consequence of Theorem 5.5.1 together with the mean value theorem, we may conclude
the weak convergence of Euler iterates from Algorithm 5.1 with order %n — ¢ on the set Q}, i.e.

E Loy max [o(u(tm)) = ¢(u™)]| < ORI (> 0).

for all ¢ € C’(} (Wzl)zfr, R), where the constant depends on the problem data and on the function ¢.

Remark 5.3.3. The convergence analysis performed in this section can be applied successfully
to the stochastic incompressible Stokes equations

u —vAu+Vr = g(u)VV in Q x Dy
divu = 0 in Q x Dp

in the periodic case, as well as in case of more general domains D with Dirichlet boundary
conditions. By standard arguments, the Hélder exponent related to {Vu(t) ; t € [0,T]} is twice
as large if compared to (ii) from Lemma 5.2.3, which then implies for Euler iterates strong
convergence of order 1,

M

2 2 2

(5.3.26) E | Dnax [u™ —u(tm)|lf2 + & E 1 [u™ —u(tn)||5| < CE.
m=

The absence of a nonlinear drift leads to QL. = Q, and € = 0 in Theorem 5.3.1, since Gronwall’s
inequality may now be used directly; see (5.3.18) and (5.3.22).

Remark 5.3.4. (i) The main problem in proving the error estimate (i) from Theorem 5.3.1
is the error induced by the nonlinearity ([u - V]u,@). Its proof is accomplished by using the
Markov inequality (5.3.20) to control the stochastic effects of the nonlinearity on a subset Qk
of Q, together with a discrete Gronwall argument. This results in an estimate which depends
exponentially on the parameters arising from the Markov inequality, thus evidencing the subtle
interplay of mon-Lipschitz nonlinearity and stochastics. As a consequence, the measure of the
set Q,lC C Q converges logarithmically to one, i.e.

1

(ii) A complementatory strategy is proposed in [111], where a discretisation of the problem
with truncated nonlinearity in the 1D Burgers equation leads to optimal strong convergence rates
for the truncated solution on the whole set €); this auziliary result may then be used to conclude
rates of convergence in probability of the discretised, truncated problem towards the original one.
In this work we leave the original problem (5.1.1)~(5.1.3) unaffected, and use a truncated sample
set Ql,lf to account for nonlinear effects and obtain rates of convergence in probability for the
stochastic Navier-Stokes equations (5.1.1)—(5.1.3).
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5.3.2 Semi-implicit time semi-discretisation

We consider a discretisation with linearised drift.
Algorithm 5.2. Let v° := ug. Find for every m € {1,...,M} a pair of random variables

(v™, p™) with values in HP" x L2, such that P-almost surely

(v — vm*1,¢) + kv (Vv Vo)
(5.3.27) +k([vm—1 - V]vm,¢) — k(o™ dive) = (g(vm—l)Amw,¢) Ve W2,

(5.3.28)  (divv™,¢) =0 vy eL,.
Iterates {v"}M_, resulting from Algorithm 5.2 do not satisfy Lemma 5.3.1 because of (5.3.4).

As a consequence, we employ a perturbation analysis below to again benefit from the strong sta-
bility properties of Euler iterates {u™}_, from Algorithm 5.1, and show that iterates {v"}M_,
from Algorithm 5.2 inherit the same convergence properties from Theorem 5.3.1.

We rewrite Algorithm 5.2 by using divergence-free test functions and compare its solution
to that of (5.3.3) by subtracting the two equations and choosing ¢ = €™ := u”™ — v"™. The
term governing the error is the convection term, which, by skew-symmetricity property, may be
restated as follows,

([vm_1 -V]v™ — [um . V]um,ém)
= <[ém_1 . V]vm,ém> - ([(um —um . V]ém,um) =I+1I.
The term I is estimated as follows,
([ém_l : V]vm,ém) = ([ém_l - V]um,ém>
m =m— =m v —m— =m
(5.3.29) < O|Ivu™|fz ([ IE2 + ™ 172) + s(Ive HIEe + IVE™(IE2)

where we use again the skew-symmetricity property of the trilinear form to base a corresponding
bound on the result for [Vu™|?, in Lemma 5.3.1, (i), instead of |[Vv™[2,. From term I1, we
conclude

v
(330011 < O — w7 o + [V — w2 + L Ve
The expectation of the sum of the first two terms in (5.3.30), if multiplied by k, may be bounded

by Ck; see Lemma 5.3.1, (ii). We may now employ the set Q} = Q}g({um %:1) from above, and
proceed as in the error analysis of the previous section to conclude the following result.

Theorem 5.3.2. Let {u™}M_, be the solution of Algorithm 5.1, and {v,, }M_, be the solution
of Algorithm 5.2. Then, under the assumptions of Theorem 5.3.1, there holds

M
g, (13%4”1{” ~Vls k3 —vmu%w>
m=

where the set Q,l€ is defined in Theorem 5.3.1.

E <Cki=®,

Theorem 5.3.2 compares iterates {u™}*_, and {v"}M_, and thus avoids to use the Hélder

regularity property in Lemma 5.2.3, (ii) for strong solutions {Vu(t) ; ¢t € [0,T]}. By combining
Theorem 5.3.1, (ii), and Theorem 5.3.2, on using the fact that Q2 C Q, we may conclude that
for every n € (0,1/2)

E <Ok,

M
Lo (1%§M [u(tm) = V™ [Fypery + K7 > ultm) - va]@)

m=1

where Q7 is defined in Theorem 5.3.1, (ii).



5.3. CONVERGENCE WITH RATES OF TIME DISCRETISATION SCHEMES 111
5.3.3 Additive noise: global convergence.

In this section we generalise the assertion (i) of Theorem 5.3.1. Using the results from [67],
we are able to control the nonlinear effects, which cause the constant in the error estimate to
be exponentially dependent on the pathwise regularity of the solution. To apply the desired
stability, see [67, Lemma 4.10], we consider the following framework: Let R € Zy(K) be a
Hilbert-Schmidt operator and let W be a cylindrical Wiener process on H. Throughout this
section we consider the equations

(5.3.31) U-vAu+[u-Viu+Vr = RW in Dy xQ,

(5.3.32) diva = 0 in Dp x Q,

together with the boundary conditions given in (5.1.3) and a deterministic initial value uy € VP,
We first begin with some technical Lemmata, and provide their proof in order to make clear

the interplay of the various problem data: covariance operator, viscosity parameter and time

interval. The first result we give, can be found, together with its proof, in [67, Lemma 4.10, Part

1]. Let w := curlu. Then, w satisfies the Navier-Stokes equations in the vorticity formulation;

see [67|. For the vorticity w there holds an exponential estimate.

Lemma 5.3.3. There exist constants C' > 0 and ng, such that for every t > 0 and every
n € (0,no] there holds the bound

(53.33) B oxp (nsup (D)) | < exp (ne " woll).
t>s
The constant 7y can be chosen as the constant «/2 such that there holds

(6
vlwlZe = S1Q Wl

evidencing the interaction of noise and viscosity.
Thanks to [67, Formula A.3]

V|2 < [Jewrlullz Vu € VP

from (5.3.33) we can conclude
(5.3.34) E {exp (77 sup HVu(t)Hig)] < exp ( —vt ||cur1uo||]Lg> .
t>s

Consider the P-a.s. inequality (5.3.18)

M
—1y2 v 2
max (o2 + ) Zne e UR Y Ve,

m=1

M-—1
(5.3.35) Ck Y (IVultm)lIf2 + Dlle™ |72 + k([ Vultan) |2 + lle™ |72
m=1

M
+Ck Z [HV (tm) = (tm—1))lIf2 + [[u(tm) = ultm-)|Ea | Va(tm)llE2 | + Lo
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Now, since we have additive noise, we can subtract the corresponding noises pathwise, because
there is no stochastic integral. We may now use the Gronwall inequality before taking expecta-

tion, since kSN [Vu™||2, is P-a.s. finite. We then use the Holder inequality to obtain

M
mi|2 v m)2 ( 2 )
- <
B | s, "I+ 5k 32 IVen| <E fexp (Ctary sup (IVu(tn)lE + 1) Ear
1/2
2 2 11/2
<E |exp (2Cty—1 sup (|[Vu(tm)|fz +1) E[Ey],
1<m<M
where

Epy =T+ 114111 := k(| Vu(tar) |22 + 1)[e™]22
M
+C'k Z [”V(u(tm) - u(tm—l))Hi? + [lu(tm) — u<tm—1)‘|ﬂ%4"vu(tm)||i2} :
m=1
We estimate each term separately. For the first there holds

E [I?] < CK°E [(|Vu(tar)E2 + 1) + lle™If-] ,

while for 11 we use the Holder inequality for sums to get

M 2 M
E (k D IV (ultm) — ultm-1)) ||i2> <E |[Ctak Y |V (u(tim) — ultm-1)) L2 | < CK?".
m=1 m=1

For I1] we use
M 2
5 (k St - u(tm—l)llileu(tm)I!iz)
m=1

<E < Ck*n.

M
4 _ 4
tM(lSST‘;ngMHVu@m)H]Lz)k Z Hu(tm) u(tm_l)H]Lél

m=1

Putting the inequalities together and using the triangle inequality we have

E

M

mi|2 v Z mi|2

| max [le™|L> + 5k 1HVe Hm]
=

1/2

(5.3.36) < OF |exp (207:M,1 sup (|| Vutm)||2 + 1)) (k+ k" + k7).

1<m<M

This can be resumed in the following

Theorem 5.3.3. Let D = (0,L)?, T > 0, and P := (Q,]:,]F,IP’) be a filtered probability space.
Assume that

(i) R:H — H is a Hilbert-Schmidt operator,

(ii) ug € VPer.
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Define Q := RR* and let W be an F-progressively measurable Q-Wiener process on B, and
u € LP(Q;C([0,T]; VPer)) be the strong solution of (5.1.1)~(5.1.3) for all p > 2. Let I =
{tmM_ be an equi-distant mesh covering [0, T, for k < ko(T, Tr Q, |uo|lv) sufficiently small,
and {um}f\n/lzl C LLP(Q; VPET) be iterates from Algorithm 5.1. Then there holds

i E

M
1
m||2 m||2
<1glna§M\IU(tm)—u I+ 2 luttm) — u w)] <CK (ne0.5).

under the assumption 2Ctyr—1 < no; see (5.3.34) and (5.3.36).

The result from this section shows that if exponential estimates for the velocity are available,
it is possible to show convergence on the whole realisation set §2. However, this result is limited
to problems with small data, i.e., a covariance operator with small trace, a big viscosity, see
below (5.3.33), and a small time interval (0,7), evidencing the subtle interplay of stochastics
and problem parameters.

5.4 Space-time discretisation

The goal in this section is to study the interplay of nonlinear effects, stochasticity, and general
discrete LBB-stable finite element discretisations of problem (5.1.1)—(5.1.3). As will be shown be-
low, since velocity approximates typically are only discretely rather than exactly divergence-free,
the weak stability properties of the related Lagrange multiplier again crucially affect convergence
properties of such discretisations, while spatial discretisations that lead to exactly divergence-free
velocity approximates circumvent those problems and may be shown to be optimally convergent.

In order to illustrate the interaction of a general space discretisation with the type of the
driving noise, we apply a general mixed method (Hh,Lh) to Algorithm 5.1 that satisfies the
discrete LBB-constraint (5.1.6).

Algorithm 5.3. Let U° be a given Hy-valued random variable. Find for every m € {1,..., M}
a tuple of random variables (Um, Hm) with values in Hy, X Ly, such that the following equations
hold for all (®,A) € Hy, x L}, and P-almost surely,

(U™ - U™1,@) + kv (VU™, V@) + k([U™ - V]U™, @)

(5.4.1) +g<[diva}Um,<I>> — k(I dive) = (g(U™ 1A, W, &) ,
(5.4.2) (divU™, A) =0.

The additional term %([div umum, <I>> is used to control nonlinear effects in the presence of

discretely divergence-free velocity iterates, and thus allows for the following stability properties
of the scheme; see [19, Lemma 3.1| for a proof.

Lemma 5.4.1. Let 1 < ¢ < oo, and U® € L* (Q;Hy,) be given, such that E[| U] < C.
Suppose (S1), (S2), (S4). Then there exists {(U™, II"™)}M_, < L*(Q;H}, x Ly,) which P-almost
surely solves Algorithm 5.3, and satisfies,

M
(5.4.3) E| max [[UE 420k 30 [UP B0 2 | < Cryp,

1<m<

m=1

where C,;.q = Ctyq(Tr Q,E[|[U23]) > 0 does not depend on k,h > 0.
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These stability results for iterates {U™}M_, of Algorithm 5.3 are weaker if compared to the
ones in Lemma 5.3.1 for iterates {u" %:1 from Algorithm 5.1, where the test function ¢ = Au™
in (5.3.1) allowed to control the nonlinear term in Algorithm 5.1. This strategy is not successful
any more for Algorithm 5.3, and leads to further difficulties in the related error analysis below.

Remark 5.4.1. A finite element analysis for the deterministic version of (5.1.1)-(5.1.3) via
a deterministic version of Algorithm 5.8 is given in [71], which bases on stability properties
for iterates similar to those in Lemma 5.4.1, and uses a discrete Gronwall argument to con-
trol nonlinear effects. This strategy is not straightforwardly applicable to problem (5.1.1)—(5.1.3)
and Algorithm 5.8, where only expectations of corresponding terms are controlled, and iterates
{Um}n]\f:1 satisfy the weaker stability property (5.4.3); as a consequence, an ‘iterative pertur-
bation argument’ is employed below to successively compensate for the lack of stronger stability
bounds than those available in Lemma 5.4.1.

Remark 5.4.2. The convergence analysis in Section 5.3.1 for iterates {um}%:1 of Algorithm 5.1
relies on the strong stability properties in Lemma 5.3.1, (1); iterates {v'™ %:1 of Algorithm 5.2
in Section 5.3.2 miss these strong stability properties, and only satisfy the discrete energy law
corresponding to (5.4.3). However, the fact that velocity iterates {v™ %:1 are exactly divergence-
free, together with estimate (ii) in Lemma 5.3.1 allows to efficiently control nonlinear effects,
and leads to the optimal error estimates stated in Theorem 5.3.2. This property of the nonlinear
term is not inherited by a general space discretisation in Algorithm 5.3, which is the reason for

a different convergence analysis below.

We start with an analysis of a general mixed discrete LBB-stable finite element discretisation,
and show that the control of errors is crucially affected by the type of noise: an ‘iterative pertur-
bation argument’ will be needed to compensate for the weak stability properties in Lemma 5.4.1.
Moreover, the error estimate crucially depends on stability properties of the pressure in Algo-
rithm 5.1, and thus causes a restrictive coupling of the space and time discretisation parameters
for general noise.

To avoid this drawback, we analyse a spatial discretisation which delivers exactly divergence-
free iterates, such as the Scott-Vogelius finite element pairing from [121]. The pressure term
arising in the computations then disappears from the error analysis, leading to error estimates
which are not affected by the type of noise used in (5.1.1)—(5.1.3).

Another advantage which goes along with pointwise divergence-free elements is that the
stabilisation term & ([divU™U™,®) for the convection term in (5.4.1) vanishes. This term
is subtle in the subsequent error analysis, and initiates the ‘iterative perturbation argument’
for general discretely LBB-stable elements; exactly divergence-free elements avoid this one, and
structural stability properties of the nonlinearity again allow a direct argument in the error
analysis.

We reformulate (5.4.1) using discretely divergence-free test functions,
(U™ U™ 1 @) +vk(VU™,V®) + k([U™ - V]U", @)
k
(5.4.4) +§([diva]Um,<I>) = (g(U™HA,,W,®) V®cV,.

For the sake of brevity, we introduce the following notation

(5.4.5) (U, V, W) := ([U : V]V,W) + %([div U}V,W) VU, V,W ¢ H,.

We bound the error between the semi-discrete and the fully discrete problem. By taking into
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account equation (5.3.3), the equation for E™ := u™ — U™ is
(E™ —E™ ', ®) + vk (VE™,V®) + kb (0", u™, ®)
kb (U™, U™, ®) — k (7™, div ®) = ((g(um—l) - g(Um—l))AmW,q>) V& € Hy.
To obtain an error estimate we set
®=Q)E" =E" - (u" - Qju™)
as test function, leading to
L (1QEB™ 2, — 1QEE™ 2, + [QY(E™ — B )2.) + vk VE" 2,
(5.4.6) +kb (™, u™, QUE™) — kb (U™, U™, QUE™)
- k(VEm, V(um - qum)>
Tk (x", div QUE™) + ((g(u™ ") — g(U™ ™) A, W, QIE™) .

Step 1. Preliminary analysis on 2. The first term on the right-hand side is bounded with
the help of (5.2.5),

(5.4.7) k(VEm,V(um - qum)) < Zk’ IVE™ |2, + C kh? | Au™|2, .

By the multi-linearity of the form g, there holds
b(u™, u™, QE™) —b (U™, U™, QHE™)
= b (E™,u™, QYE™) +b (U™, E™, QYE™) =:I1+1I.

For term I, we use (5.4.5), the Gagliardo-Nirenberg inequality, and Young’s inequality to con-
clude

~
IN

L.
B [l Va™ L2 | QRE™[ls + 5 [ldiv E™ |2 [u™ [[Ls|QRE™ [1a

IN

v
CIE™ 22 (1 + V022 + u™ 2] Vu™ |22 ) + £ [ VE™ 2

For term I1, we employ the skew-symmetricity property of b to conclude

I = b(Um,Em,QgEm—Em)

1
< U [ VE e [u™ = Quu s + 5 VU™ [l B s [[u™ — Qpu™||es

= I, +1I.
By Gagliardo-Nirenberg inequality, and (5.2.5), (5.2.6), we find for the first part
v
(54.8) I, < gHVEmHiz +Ch* U™ |2 (llUmHL2 + ||VUm||L2) Vu™ 2] Au™ |2 .

We use Young’s inequality to resume

14
11y < ZIVE" 2, + OB (U™ L + [U™ 2 [ VU™ 2, + 92 w2, ).
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It remains to bound I1;. Since Lemma 5.4.1 only provides pointwise bounds for iterates rather
than related gradients, we use the inverse inequality

(5.4.9) VU2 < Ch™ P ||U™ |2 for By =1,

the bound |[u™ — QYu™||ps+ < Ch%?||Au™||2, the inverse estimate (5.4.9), and Young’s in-
equality to verify the upper bound

§-ho |ym m /2 (1 gm i Y2 Agm
I < Cha 2 [[U™ 2 [E™]| (HE L2 + [ VE Hm) [ Au™ ]2
v
(5.4.10) < C (IIUmHiz + IIUmHﬁz) IE™IE2 + G IVE™[E2 + Ch>72% | Au™|E.

Putting things together then yields the estimate
1%
1410 < C(IVamllfe + U™ 2 ) [B™ 22 + C h*=2% || Aw™ |2, + | VE™ |2,
(5.4.11) +C R (102 + U™ |2 + VU™ 2 Vo™ 22 Aw™|Z2) - for fo =1

For the term involving the pressure in (5.4.6), we use (5.4.2), and the L2-orthogonal projec-
tion PP : L2, (D) — Ly,

per
k(x™, divQyE™) = k(7™ — Pla™, divQ)E™)
CRI? Va2 + [ VE™|Z.

A

(5.4.12)

where the first term can be controlled by Lemma 5.3.2. To control the stochastic integral term in
(5.4.6), we proceed like in (5.3.16), (5.3.17), after using the LL2-stability of the Leray-projection.
Step 2. Introduction of sample subsets. Set

)4 24
Our = max_ O (|[Vu’lifs +U7[£s).
and consider the following estimates
M
B E[(Ivwmlite + U™ e ) IE™ 2
m=1

M
(5.4.13) <k S E[(I9un - w4 [Un - U ) (B ]

1
M
10k 3B [ (I s + [0 )[BT 2
m=1

The expectation of the first sum on the right-hand side of (5.4.13) can be bounded by Ck as in
the proof of Theorem 5.3.1. Using ©,,_1 we can bound the second sum as follows

M M
B E (Lo, s (V0 s + U™ ) [E™ 2] < & D7 RE [Lie,, < [E™ 2]
m=1

m=1

To control the initial condition we assume that

E[|U° —u"|3.] < Ch2.



5.4. SPACE-TIME DISCRETISATION 117

Thus, after multiplying the error equality (5.4.6) (with index ¢) with the indicator function of
the set (¢ > 0)

(5.4.14) 0 ={weQ|0, 1 <r:=logh™},

which depends on both, {u™}, - 11 and {Um}m 1, and summing up from ¢ = 1 to m in (5.4.6), we
get, thanks to estimates (5.4. 11) through (5.4.13), and Lemma 4.2.1, (i), as well as Lemma 5.4.1,
the estimate (g > 0)

1 n

Opn|2 £—1\ 12

E  ax <]lﬂiyn1HQhE 172 +2; 2. 1HQh( -E )HL2>]

(5.4.15) +E | max (CkZ]le HVEfH%{z) <Clog—kZE[max Los 1HE”||%12]

m
+C (k + h? 4+ 3% 4 h%@[k:z Hv#n@}) .
/=1

We observe the error Ck, which is caused by the first sum on the right-hand side of (5.4.13)
together with Lemma 4.2.1, (ii). The last term on the right-hand side may be bounded by
Lemma 5.3.2. Then, defining the set

Q) ={weQ|O<logh™}cQ}, (1<L<M),

for © = C'maxi<m<n (|[Vu™||Fs +[[U™(|{2) , which satisfies P [Q2}] — 1 for h — 0 by Lemma
5.4.1 and Markov’s inequality. Using the implicit version of the discrete Gronwall inequality,
which requires the non-restrictive mesh-constraint

1
5.4.16 B (57)
( ) < exp Ok
to cope with the leading term on the right-hand side in (5.4.15), and (5.4.14), lead to
E |1y max (1B"[7 + 5 Z |E™ —E" e +k Y IVE™ 2 )]
m=1
M
(5.4.17) < C(h?’_wo_‘f T ) [k 3 HWWHEQD
m=1

< c(h?’—?ﬁo—f +kh~ + PR [k f: vam”m + Ch2)
m=1

where C' = C(CtMyg; tM> > 0 is from Lemma 4.2.1. Here we used the bound [[u™ — Qju™ |3, <

Ch?||[Vu™||2,, together with Lemma 5.4.1.
Step 3. Bootstrapping argument. The error estimate (5.4.17) is dominated by the error
Ch3—260=¢ that results from term IT, on in (5.4.10). To improve (5.4.17) we consider the set

(5418) th 1 _Q?L,m—lm {1<rg1<ax ”QthHQ < Ch3~ 2B80— 25+kh 2€+Cv7rh2 25} cQ,

where Cy, = E|k Z%:l ||Vﬂm||ﬂ%2]. The probability of this set can be estimated by Markov’s
inequality
E {]193’1,”1—1 maxi <¢<m-1 [|QRE|F

IP)[ h,m—1 \th 1] Chl—2¢ + Lh—2¢ + Cvﬂ-h2725 < c ’
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where in the last inequality we use (5.4.17). Thus, on the set Qf m_1+ using inverse inequalities
and (5.4.17) we compute

VU e < (T s+ VQEE™ 1) < IV s + O QYET
(5.4.19) < CIVum 2, + Ch P (2 4 VEh T + b))

This leads to the following improvement on the set QE m—1 Oof the corresponding term from
(5.4.10)

T,

IN

3_ - - — m m m 1/2 m
C A= (V272 4 VR 4 B0 B (B e + [ VE™ 2 ) | Au™ e

1/2 1/2
(5420 +|u g B" L (B e + [ VE2) A

(5.421) < € (U2 + UL + Vi ) B2,
+gHVEmH]2L2 LC (h4—2ﬂ0 +kh3—2,80—25+h5—2,80—25+h3> HAumH]Qm-

because of (5.4.17).

We may now state the following result about the convergence of a general space-time discreti-
sation (see Algorithm 3.3) of (5.1.1)—(5.1.3) with general noise, which asymptotically justifies
optimal first order of convergence for the space discretisation, and evidences the critical influence
of the pressure on the overall convergence behavior. We may proceed as in (5.3.21) with the sets
Qf’m and defining a set

Q) = {KmagM IQYE™|2, < Ch'™% 4 kh™2% 4 thﬂ—?a} NS (1<m<M).

Theorem 5.4.1. Let D = (0,L)?, T > 0, and P := (Q,}",IE‘,IP’) be a filtered probability space.
Assume that (Sy) through (Si) hold, with H = Wy Let ug € L3(Q;V) be given. Let W be
an F-adapted measurable Q-Wiener process on P with Q € L1 (K,K). For k,h > 0, let Ty, be
a quasi-uniform triangulation of D, and I, = {t;,}M_, be a uniform partition covering [0,T],
and assume (5.4.16). Let (Hh,Lh) be a pair of finite element spaces that satisfies the discrete
LBB-condition (5.1.6). Assume that U° is a Hy-valued random variable with E [|[U°||%,] < C,
such that B [|[U° —uC||2,] < C'h2. Let {u™}M_, be the solution given by Algorithm 5.1, and

{(Um,Hm)}i\Ll solves Algorithm 3.5. Then, the set 23 which is defined in (5.4.14) satisfies

C
3 3 > —
G PO =1+ Va0,

Moreover there exists a set QE C Q, and € > 0 such that
PO} \ Q] < Ch°,

and the following estimate holds

M

2

E [n ( " = U™+ 3 |V —um)]
m=

2
L2

M
(5422) S C(h2735 + kh173€ + kh*&) + Ch2735E|:k Z ”vﬂ_mHIQLQ:| )

m=1
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The overall convergence behavior of iterates {U™}M_; from Algorithm 5.3 is then controlled
by Theorems 5.3.1 and 5.4.1.

Corollary 5.4.1. Letuy € L8 (Q; V). Under the same assumptions as stated in Theorems 5.3.1
and 5.4.1, forn € (0, %) there hold

0 B |Lygragenp (,ma, lute) - U”E:)|

M
<C (k:"f +C(h?7% + kh™°) + Ch*°E [k: > ||v7rmH?L2] ) :

m=1

(i) E

M
]lQiﬂQZﬂQf (k Z Hu(tm) - UmH?LQ)]

m=1

<C <k2’7‘5 + C(h*73 + kh™°) + Ch* ™ E

M
kY ||v7rmui2]) .
m=1

Here, ug € L¥(€;V) is needed, since estimates (5.3.14) and (5.3.15) are involved, which

require higher moments of the gradient of the strong solution of (5.1.1)—(5.1.3); see Lemma

5.2.3. To derive rates of convergence in probability for corresponding errors now follows as in
Corollary 5.3.1.

Corollary 5.4.2. Under the same assumptions as stated in Theorems 5.3.1 and 5.4.1, if we
assume k = O(h) Algorithm 5.3 is convergent in probability with order oy (resp. ag) in time
(see Corollary 5.5.1), and order B < 1 in space both, with respect to the L>(0,T;1L%(D))-norm

1/2
and the (k M- H%?W?) -norm,

(i) lim lim IP’{ max |[u(ty,) — U™ > 5(1&1 +hﬁ+\/0vﬂh5>] ,

C—oo k,h—0 1<m<M

M 1
.. . . . m||2 2 ~ @ B B8
(i) Jim  lim P [(km§zjlyyu(tm) U Hm) ZC(k: 2 4 1%+ /Cyrh )] .

C—oo

Remark 5.4.3. The time discretisation of the non-stationary stochastic Stokes equations is
discussed in Remark 5.3.3. By Lemma 5.5.2, Remark 5.5.3 and Theorem 5.4.1, a simplified
1<m<M

argumentation leads to
2
]LZ
M
<C (k TR hQE[k 3 vaniz]) .
m=1

A severe restriction of Theorem 5.4.1 is the coupling of discretisation parameters evidenced
in (5.4.22) for general noise; this choice may be avoided for mixed methods (Hj, L;) where
Vi, € VP A well-known pairing here is the Scott-Vogelius mixed element [121, 133], which
uses continuous polynomials of degree ¢ > 1 to approximate the velocity, and discontinuous
polynomials of degree ¢ — 1 for the pressure. A relevant property is then divV € Ly for V € Hy,
which can be used to prove that the condition (divV,x) = 0 for all xy € L, implies divV =0

E

max |[u(tm) — U™[7 + & i HV(u(tm) B Um))
m=1




120 CHAPTER 5. STRONG RATES OF CONVERGENCE

pointwise in D. As a consequence, the following terms vanish (see (5.4.6)) in the error analysis
for an Algorithm 5.3 that is based on the Scott-Vogelius mixed element,

(5.4.23) (v, divQRE™) =0,  and  ([divU™]U",E™) = 0.

Moreover, the convection term & ([U™-V]U™, ®) in (5.4.1) can be handled as in the correspond-
ing error analysis around (5.3.29), and allows to avoid the ‘bootstrapping argument’ from above
to verify the following result.

Theorem 5.4.2. Suppose that the same assumptions as in Theorem 5.4.1 are valid. Moreover
assume that the finite element pairing is chosen such that V;, C VP¢", Then for the set

4 e . 2 < —&
Q {wen | Dnax [Vup,|[f2 <log h™°} (e>0)
there holds the estimate
M )
m mi|2 m m
Log <1£1na§XM o™ = U™lL= + kmz_l HV(u -v )Hm)

By evidence, this estimate does not involve the pressure of Algorithm 5.1 any more, which
suggests a more robust discretisation in Algorithm 5.3 for general noise.

E < Ch*e.

Remark 5.4.4. If we consider the result from Section 5.3.3, we note that the application of
the space discretisation to get convergence on the whole set € is not possible, since we need
exponential estimates to control the time-discrete iterations. This remains an unsolved question,
leaving open the question of global convergence for the full discretisation in the case of additive
noise.

5.5 Computational experiments

In this section, we report on computational experiments which show the the convergence behavior
of the proposed algorithms and compare the convergence results of Euler and Chorin based
schemes. The space discretisation is accomplished by the stable MINI element; cf. [15, 74] for
details.

We consider the finite-dimensional Wiener process (¢ € [0,77)

N
W(t) = Z NikBik(t)ejr (1< N < o0),
Jyk=1

where A; ;. = 20, {/Bj,k}é‘vkﬂ is a family of independent, real-valued Wiener processes on ( QF F P ),
as well as {ej,k}ﬁzl are functions specified below. For the initial conditioni we choose ug = 0.

For the discretisation we consider the following fully practical scheme based on the Euler
scheme:

(U™~ U™, @) + ki (VU™ V@) + k([U" ! - V]U™, @)

2 (v U U™, @) — k(17 div ) = (2(UT)ALW, @)
(divU™ A)=0.

We remark that a simple adaptation of the previous calculation leads to the same error
estimates as for the fully implicit scheme. In all the simulations the number of realisations is
fixed to N, = 500, which is a good compromise in order to get convergence without too big
fluctuations, and a reasonable computation time (recall the two nonlinear terms, for which we
have to assemble the corresponding finite element representation at every time-step).
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5.5.1 Error for periodic boundary conditions

We consider the domain D = (0,7)? and periodic boundary conditions. We consider the eigen-

functions
\/%SJ- sin(s-x) se€Z2,
€s = il ( . ) e 72
=S cos(s ) s 4,
where s+ = (—s9,51)7, for 51,50 € R, and

72 = {(s1,82) |51 > 0or (s1=0,55 > 0)}.

We consider a Wiener noise only for s € {(1,1),(2,2),(3,3),(4,4)} in order to prevent the
influence of the error caused by the truncation of the series representation of the Wiener process.
The computations are performed on the domain Dy = (0, 27)? x (0,1/4), We consider time steps
ke ﬁ, 5%, ﬁ, ﬁ, 6—14, where the first time-step is used to compute the reference solution, ans
plays the role of the exact solution for the computation of the error. The plot is shown in Figure
5.5.1 for the semi-implicit Euler scheme. First we note that the convergence rate is almost 1/2,
which shows, together with Theorem 5.3.1, that the Holder regularity is probably better than

what we proved.

—— Strong eror

—— Weak errar

— 04

Figure 5.5.1: Error for periodic boundary conditions and periodic divergence-free noise.

This numerical example let us suppose that the results given in Theorems 5.3.1 and 5.4.1
may not be optimal in general, while results like Theorem 5.3.3 may be expected. We consider
several numbers of realisations /V, < 500, and we do not note the exponential dependence of the
error constant described in Theorem 5.4.1. On the contrary, the fluctuation of the error are less
pronounced for a higher number of realisations. We also consider the weak error for the Euler
scheme and it is clearly better than what is proved Remark 5.3.2.

5.5.2 Error for Dirichlet boundary conditions

The strong error analysis for the schemes we proposed strongly relies on the regularity given
by Lemma 5.2.1, which is valid only for periodic boundary conditions. Goal of this example
it to analyse the error behavior for homogeneous Dirichlet boundary conditions, and give a
practical motivation for the numerical analysis of the corresponding problem. We consider now
two different cases. First the eigenbasis from Section 5.5.1, and in addition an eigenbasis of the
Laplace operator on the domain D = (0, 1)? with homogeneous boundary conditions, i.e.

-
ejp(z,y) = (sin(jmv) sin(kmy), sin(jnzx) sin(lmy)) ,
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for 7,k € {1,2,3,4} again to avoid the influence of the truncation error. The plot of the

—=— 5frong eror —%— Stronyg error
—— Weak etror —— Weak error
04

— 04

%4

Figure 5.5.2: Error for Dirichlet boundary conditions. Divergence-free noise (left) and non
divergence-free noise (right).

error is shown in Figure 5.5.2, and shows that the scheme converges (almost) optimally also for
Dirichlet boundary conditions, and both, solenoidal and non-solenoidal noise, evidencing that
the coupling of the parameters caused by the irregular pressure seems not to hold, in contrast
to our theoretical studies. This result may be interpreted as a consequence of the fact that the
role of the Lagrange multiplier is not well understood in both, theory and numerical analysis.
Again, we notice that the error is not affected by the number of realisations.

5.5.3 Dependence on the Reynolds number

Here, we study the dependence of the solutions on the Reynolds number. In the same setting
as in Section 5.5.2, we consider the discretisation for Re =€ {1,10,100}, an v = ﬁ, and
divergence-free noise. According to the theory, proof of Theorems 5.3.1 and 5.4.1, the error
depends linearly on % = Re, and we expect that the convergence rate is not affected by the
viscosity of the fluids, although the magnitude of the error suffers from it.

— Re=1 & Re=1
—Re=10 —+—Re=10
—F—Re=100 —*—Re=100

s —— 075

W

Figure 5.5.3: Error for Dirichlet boundary conditions and different viscosities. Strong (left) and
weak convergence (right).

The results are depicted in Figure 5.5.3, showing comparable results for strong and weak
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error.

5.6 Summary and outlook

We analysed various space-time discretisations of the 2D stochastic Navier-Stokes equations
(5.1.1)-(5.1.3), including the (semi-)implicit Euler scheme, and discretely LBB-stable mixed
finite elements. The main problems are caused by the subtle interplay of nonlinearity, algebraic
constraint, stochasticity, and space-time discretisation. To handle these problems, we perform
the error analysis on various subsets of {2 to use a Gronwall-type argument, and to derive error
bounds with rates; see e.g. Theorems 5.3.1 and 5.4.1. The main tools are bounds to control
higher moments of the solutions of (5.1.1)—(5.1.3) (Lemma 5.2.1), the Holder regularity for Vu
(Lemma 5.2.3), a perturbation argument (Theorem 5.4.1), and exactly divergence-free elements
(Theorem 5.4.2). All results in this work are obtained for periodic boundary conditions; it would
be interesting to generalise them to boundary value problems, and to the three-dimensional case.

Piecewise solenoidal mixed finite elements of non-conforming type have been developed in
[2] to e.g. reduce the computational effort of the Scott-Vogelius finite elements. The interaction
of the non-conformity, nonlinearity, and stochasticity in a corresponding space discretisation of
(5.1.1)—(5.1.3) remains an open problem. Another open question is the weak convergence be-
havior of the schemes proposed in this work, and the concomitant clarification of the interaction
with the Lagrange multiplier, nonlinearity, and stochasticity in this framework.

The numerical experiments indicate that the bounds from Theorems 5.3.1 and 5.4.1 are not
optimal. In particular, the subtle interplay between nonlinearity and stochastic forcing that
arises from the proofs, appears not to be a source of problems for the convergence behavior of
the analysed discretisation schemes.

Acknowledgment: I warmly thank Dr. Philipp Doérsek, who pointed to my attention the
exponential estimates from [67]|, making possible the results from Section 5.3.3.
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Appendix A

Discrete derivatives

In this section we derive some rules for the computations with discrete derivatives. Let I be a
given mesh of the interval [0, T of size k > 0. Given a finite sequences {f™}M_, we define two
piecewise constant functions f*:[0,7] — R and f~+:[0,7] — R as

(A.0.1) ff) == f™  Vte[tm1,tm),
(A.0.2) @) = N Vte (tmo1,tm)

with fH(T) := f™ and f~(0) := f°.
Let us define the so called discrete time derivative of the sequence {f™}M_, by

(A.0.3) I
U i fT = - (1<m<M).
Then we have
m _m 1 m _m m— m—
d(fmg™) = ("= ")
1 - m _m— m— m—
= (Mg =g g = )
(A.0.4) = g™ + g™t f™
Let us also define the operator d; acting on f* by
+ _ —
(A.0.5) dift = %

Then, defining piecewise constant functions g*, ¢~ : [0,7] — R corresponding to a sequence

(gm)f\n/fzo as above, we have the following discrete product rule.

Lemma A.0.1. In the above framework the following identity holds
(A06) dt(f+g+) = f+dtg+ + g_dtf+ .
Another useful tool is the following

Lemma A.0.2. We have T
/ dftdt = fH(T) - [ (0).
0

Proof of Lemma A.0.1. fOT defTdt = k‘zf‘il fi_,{Fl = fM _ /0, 0
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A consequence of this lemma is the following identity
T T
(A.0.7) /0 gt () dt = (£ g)(T) = (F97)(0) - /0 (duf ()™ (1) dt.

We derive now a discrete version of the chain rule for a function e/ : [0,T] — R. Applying
Taylor’s formula to functions ¢(x) = e, we get
b a

b—a
— % 4
b—a e’ +e 5

for some ¢ € (a,b). Putting a = f~ and b = fT, we infer that there exists £ € (f~, f7) such
that

AN S et g(f+—f_)2
die el dif +672k
T 2
(A.0.8) = ef_f+ef+dtf++e£(f2kf).

We end this chapter with the discrete version of the Gronwall inequality; see [71, Lemma
5.1]

Lemma A.0.3. Let k, B, and aj, bj, ¢j, dj be nonnegative numbers for j > 0, such that
M M M
an—Hbej < kZdjaj —l—kZCj +B forM>0.
j=0 j=0 j=0

If kv; <1 for all j >0, there holds

M M M
an+kY b < [kD ¢;+B exp<kzajdj)
=0 j=0 m=0
_ 1
foro; = T=kd; -

We may also consider the following explicit version: there holds
m—1 1
am < (B + k Z c]-)ekzj:ldj
j=1

provided

m—1
am < B+k Y (dja; +c;)
Jj=1

for any m > 1.
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Appendix B

Quadratic variation

We propose a generalization of [20, Theorem C.2|. In this section let the elements of the time
grid Ij, be denoted by t* to avoid confusion in the proof of Theorem B.0.1. For two Hilbert
spaces K and H, let Z;(KC,H) be the space of nuclear operators from K to H.

Theorem B.0.1. Assume that E and (H, (,)) are a separable metric, and a Hilbert space
respectively. Assume that B := (Q, F,P) is a probability space. Let h,k >0 and Iy = {t& }M

m=0"
Suppose that for every pair (h,k) we are given two discrete time processes {Ulgnh}i\::o and

{M;Th}n]\f:o, such that

Uiy Q= FE and M, - Q— H.
Given these processes, we define the following piecewise constant interpolation processes
U 0,T]x Q= E and M, :[0,T)xQ— H

as in the previous sections.
We assume also that

U:0,T|xQ—E and M:[0,T]xQ—H
are stochastic processes such that for every t € [0,T], P-almost surely, as k — 0 and t&, —t,
(B.0.1) UL (k) = U(®) inE,

(B.0.2) M, (th) = M(t) in H.

We denote by FFh = {fﬁ’h; m=1,..., M} the filtration on the probability space B generated

by the process {U]jh(tﬁl)}]\m/lzo. Similarly, we denote by F the filtration on the probability space

B generated by the process U. Finally, we denote by F the augmentation of the filtration F. For
each h,k, assume that Ry, is an operator-valued process defined on I, such that the process

{MEL) @ ME(th) = RE(th)im =1, M ]

is an F*"-martingale. Assume that R is an oo1(H)-valued F-progressively measurable process
such that for every t € [0,T], P-almost surely

(B.0.3) (th(tﬁl)m,y) — (R(t)z,y) Vz,y € H,
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for k — 0, and t*, — t. Assume also that for some v > 1 and for every t € [0,T],
(B.0.4) sup E [ M5, (0]F] < oc,

h,k>0 ’
(B.0.5) sup E [|IB], (0 s] < oo.

h,k>0

Then R is equal to ((M)), the quadratic variation process of the F-martingale M.

Proof. In view of the Doob-Meyer Theorem it is enough to prove that for all x,y € H the process
N = (N(t))t>0, t € [0,T] defined by

N(t) = (M(t), z)(M(t),y) — (R(t)z,y), te[0,T]

is an F-martingale. To show this, notice that by [40, p. 75] it is enough to show the martingale
property with respect to F.

Let us fix z,y € H, and t1,ty € [0,T] such that to < t;. We have to show that for any choice
of times 0 < 51 < 89 < ... < s, < to, where n € N, and any bounded and continuous functions
hi: E—R,i=1,...,m, m € N, the following equality holds

N
E [ (N(t) = N(t2)) [0 i) | =o.
=1

By assumption, the process {Ng »(t8)}M | defined by

n=1»
Nip(th) := (Myp(ty), ) (M (ty), y) — (Rip(th )z, y)

is an Fk’h—martingale. Let us fix a partition 0 < s1 < 59 < ... < 8, < to and let us choose a
corresponding sequence of partitions 0 < s < sk < ... < sF < ¢k with s¥ 75, and tF 7 ¢,
for all indices 7. Thus, for every sequence satisfying the properties given above, the following

equality
N

(B.0.6) E <Nk,h(tlf) - Nk,h(t’§>) 11 hi(Uk,h(Sf))] = 0.
i=1

holds.

Now, in view of assumptions (B.0.3), (B.0.4) and (B.0.5), since the functions h; are bounded,
the process on the left-hand side of equality (B.0.6) is uniformly integrable. Using the almost
sure pointwise convergence of

N
(Nk,h(t’f) - Nk,h(t§)> 117Uk n(sE)),
=1

ensured by assumptions (B.0.1) and (B.0.2), and a well-known result from [106, Appendix C|,
we can conclude

N N
0= lim E | (N7, (i) —Nk,h<t’5>)i1:11m<vk,h<s?>> =E [(N(h) - N(t2)) gww»
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Now we give a characterisation of the quadratic variation of a martingale with values in a
dual of a Hilbert space.

Let V be a Hilbert space, with dual denoted by V’. Let V Cc H = H' C V' be a Gelfand
triple. We denote the scalar products of V' and H respectively by (-, )y and (+,-). The induced
norms are denoted by || - || and | - | respectively. By (-, ) we denote the dual pairing between V'
and V'. By the Lax-Milgram lemma we have an isomorphism I : V' — V’ defined by I!(f) = u,
where for f € V', u is the solution of

(B.0.7) (u,v)y = (f,v) = (I(u),v) YveV.
Due to the definition of I, it is easy to see that

1) llyr = full,

where |[ully = sup{|(u, v)| ; ||v]| < 1}, for all u € V', establishing the isometry property of the
operator I. Thus we may define the scalar product on V' by

(u,v)yr := (I_l(u),l_l(v))v Vu,ve V.
Defining a norm on V’ by means of the scalar product, i.e., |||f|||lv: := \/(f, f)v’, there holds

1Al = 1fllv VeV

Let M = {M; ; t € [0,T]} be a square-integrable V’-valued martingale. A positive process
R={R(t); t €]0,T]} is the quadratic variation of M if and only if the process

(M, a)V/(M, b)vl — (Ra, b)vl Va,b S V/,

is a martingale; see [37, p. 81]. We give a representation of the quadratic variation R by means
of dual pairing instead of scalar product on V', by means of the isometric isomorphism I. We
begin with a lemma which can be easily proved.

Lemma B.0.4. There holds
(f.x) = (f.I(x)),, VfeV, VzeV.

Let us define an operator R:=Rol:V — V'. Then there exists a martingale N = {N; ; t €
[0, 77} such that for all ¢ € [0, T]

(B(tyu,v) = (ROI(),v) = (ROI(w),1(v))
(B.0.8) = (M, I(u))y, (M, 1(0),,, + Ne  YVu,veV.
Since [ is invertible, we have the following

Theorem B.0.2. Let (Q,F,F,P) be a filtered probability space. If V.C H = H' C V' is a
Gelfand triple, and M is a V'-valued F-martingale, then there exists an increasing Z(V,V")-
valued process R such that for all u,v € V the process

(M, u)(M,v) — (Ru,v)

s a martingale. Moreover R=Ro I, where R is the quadratic variation of M and I :V — V'
is the isometric isomorphism given in (B.0.7).
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Now combining Theorems B.0.1 and B.0.2, we have a new version of B.0.1, where it is enough
to prove the assumptions for the process R.

Theorem B.0.3. Assume that (V, (, )) and E are respectively a Hilbert and a separable metric
space, and suppose that we are given an Hilbert space H such that V C H = H' C V' is a Gelfand
triple. We denote by (-,-) the dual pairing between V' and V'. Assume that B := (Q, F,P) is a
probability space. Let h,k > 0, and I, := {tfn}%[:o. Suppose that for every pair (h,k) we are

M such that

m m
given two discrete time processes {Uk,h}m:o and {Mk,h}mzw

Uiy :Q— E and M Q= V',
Given these processes we define the following piecewise constant interpolation processes
Un  [0,T] x Q> E and M 0,T)xQ— V'

as in the previous sections.
We assume also that

U:0,T]xQ— FE and M:0,T]xQ—=V'
are stochastic processes such that for every t € [0,T], P-almost surely, as k — 0 and t,’ﬁl — 1,
(B.0.9) UL () = U(t) inE,

(B.0.10) M5 (ty) — M(t) in V.

We denote by FF" = {fﬁ;h; m=1,..., M} the filtration on the probability space B generated

by the process {Ul:h(tfn)}i\::o' Similarly, we denote by F the filtration on the probability space

B generated by the process U. Finally, we denote by F the augmentation of the filtration F. For
each h,k, assume that Ry, is an operator-valued process defined on I, such that the process

{85, ) (M 24, ) = (Rt ) m= 1,

is an FEP_martingale for all u,v € V. Assume that R is an T1(V, V') -valued F-progressively
measurable process such that for every t € [0,T], P-almost surely

(B.0.11) (B p(tn)2,y) > (B(t)z,y) Yoy eV,
for k — 0, and tﬁl — t. Assume also that for some r > 1 and for every t € [0,T],
(B.0.12) sup E (|10, (0)]1%] < oo,

h,k>0 ’

(B.0.13) sup E [|IB, (0l < oo
h,k>0

Define R := Ro I, where I is the isometric isomorphism given in (B.0.7). Then R is equal to
((M)), the quadratic variation process of the F-martingale M.
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Appendix C

Finite elements

Here we recall some basic concepts from the finite element theory. Most of them can be found
in [14].

Definition C.0.1 (Definition 3.3.11, [14]). A triangulation of a polygonal domain D is a subdi-
vision consisting of triangles having the property that no vertex of any triangle lies in the interior
of an edge of another triangle.

The definition can be extended to a subdivision of tetrahedra analogously

Definition C.0.2 (Definition 4.4.13, [14]). Let D be a given domain and let {Tp}o<n<1, be a
family of subdivision such that

max{diam(T)|T € Tp} < Chdiam(D) .
The family is said to be quasi-uniform if the exists p > 0 such that
min{diam(Br) | T € Ty} > phdiam(D)

for all h € (0,1], where By is the largest ball contained in T such that T is star-shaped with
respect to Bp. The family is said to be non-degenerate if there exists o > 0 such that for all
T € Ty, and for all h € (0,1],

diam(Br) > o diam(T) .

If a family is quasi-uniform, then is is non-degenerate, but not conversely.

Let 73, be a quasi-uniform triangulation of a bounded polygonal domain or polyhedral domain
D C R%, d— 2,3 into triangles of tetrahedra of maximal diameter h > 0. Let N' = {Ny,..., N}
be the functional corresponding to the evaluation at the vertices {Xg}’gzl of Ty, i.e.,

Ne(u) = u(x) uweC(D), Le{l,... .0},

and let
{pe|t=1,...,k}
be the nodal basis for 7. Then the corresponding Lagrange interpolator is defined by

k
Tu:=Y» N(u)s YueC'D).
/=1

Then, for a triangle 7" of maximal diameter h € (0, 1] there holds the following approximation
property, see [14, Theorem 4.4.4|

» d
lu — Zulyyipry < C(m, )R ulympy  form — » > 0.
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for 0 < i < m. Moreover, the following inverse estimate holds

d

iy a_
lollwie < C(m,p, )™ a[v][wms
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